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Preface to the Second Edition

It has been more than 10 years since we sat down to write thefirst edition, Intelligent
Transportation Systems: New Principles and Architectures with great excitement,
back in 1999. Since then a number of significant and encouraging improvements
have been incorporated into transportation systems, worldwide, while a number of
areas are continuing to witness rapid deterioration. One undeniable fact stands clear.
The promise of intelligent transportation systems (ITS) is greater than ever before,
and it isyet to be fulfilled. The congestion, uncertainty, and the lack of a clear direc-
tion for the future of transportation continue to persist. Key impediments include the
absence of acritical mass of ITS engineer-scientists with the right background and
training aswell asthelack of adequate research and devel opment thrusts, worldwide.
This book is intended to serve as a reminder, within the United States, of not only
the development of educational programs focused on ITS directed toward the future
transportation workforce but also the professional capacity building initiatives under-
lying the current transportation workforce. Both of these may betraced to aformidable
challenge that we have already begun to encounter in the twenty-first century in virtu-
ally every field—the need for a completely new mindset that isintimately connected
to interdisciplinary, transdisciplinary, or cross-disciplinary research and education.

Our activities, engagements, and experiences over the past 10 yearsin ITS and
related fields have provided us with afew startling revelations, unique insights, and
meta-level principles, which we have incorporated in this revised edition. We had
already focused on intelligent decision making and efficiency as the hallmark char-
acterigticsof ITS. Inthisedition, we emphasize the fractal nature of both intelligence
and creativity, which serves asagreat inspiration toward analyzing the most complex
ITS problems at incredible depths and subtlety and promises to yield amazing solu-
tions to nearly impossible problems. Properly cultivated, this fractal attribute offers
aviable and practical path toward continuous quantum advancements, ad infinitum.
We aso observe that the efficiency attribute of ITS is analogous to the ubiquitous
“green” color of life on earth in that both ITS and life aim to utilize the least amount
of energy and achieve the greatest degree of order, the antithesis of which is entropy
or disorder. Our research also reveals that efficiency is equally fractal in nature.

We owe immense gratitude to Dr. Frank Kreith, the series editor and a Fellow
of the National Conference of State Legislatures. It was the most pleasant surprise
when he kindly called late April 2009 and suggested that we consider revising the
book, given that thereis significantly greater interest in I TS today than back in 1999.
There is an obvious explanation for the growing interest, namely, the billions of
dollars allocated by U.S. Congress to repair roads, bridges, and infrastructure under
the American Recovery and Reinvestment Act of 2009. There is, however, a deeper
unseen reason. The United States has a rich history of creativity, innovation, and
entrepreneurial commercialization of ideas. Of even greater importance, however,
is that this nation has a history of breaking out of economically distressed times

Xix
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XX Preface to the Second Edition

with incredible explosions of efficiency and innovation. Between 1930 and 1950,
radar, nuclear energy, interstate highways, transistors, and computers had reshaped
the economic landscape of the United States as well as that of the entire world. In
2010, thediscipline of ITSwithitsunlimited scope stands ready to servein this great
tradition.

In this edition, we have included two new chapters. Chapter 1 critically reviews
important developments and implementations of I1TS, worldwide, and presents key
challengescontinuingto confront I TS. Chapter 2 isorganizedinto threeparts. Thefirst
part presents the meta-level principles and insights, while the second part explains
how the insight and meta-principles may be applied to rea-world ITS problems.
The third part poses a number of formidable challenges for ITS, which, if and when
solved utilizing the meta-level and ITS principles, will imply a quantum leap in
technology and unlimited societal benefits. It isour hopethat transportation personnel
in municipalities, counties, and states across the United States as well as in India,
China, and other nations of the world will review the ideas presented in this book
and seriously consider adopting them in their current and planned roads, highways,
bridges, and infrastructure projects. Among the promised benefits, the quality and
operational lives of these projects may be extended far into the distant future. The
fundamental characteristics and principles of ITS systems in Chapter 3 have been
further elaborated in this revised edition.

As an industry, ITS holds tremendous potential for private—public partnership.
However, it is yet to be studied thoroughly as an industry. ITS is vast and its many
dimensionsincludetechnical, operational, policy, privacy, standards, business, financ-
ing, political, and how it can be linked with other industries to foster growth and
wealth creation. This book focuses primarily on the technical and operational issues
and, secondarily, on the policy issues of ITS.

We are deeply indebted and grateful to Dr. Tim Lomax of the Texas Transportation
Ingtitute at TexasA& M University and Prof. ChelseaWhite of Georgia Tech for their
insightful, constructive, and candid reviews of the book.

We are also deeply grateful to Mr. Rgj Ghaman, former manager of research in
the ITS Joint Program Office at the U.S. Department of Transportation, Washington,
D.C.

Finally, our sincerest appreciation to Joe Clements and the entire editorial and
production staff at CRC Press for their continued and enthusiastic support.

Sumit Ghosh
Tony S. Lee
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Preface to the First Edition

The notion of transportation refers to the movement of people and goods across
nontrivial geographical distances, and itshistory isasold asour civilization. Its scope
isenormous, ranging from people walking on the earth’s surface to carts and chariots
driven by animal's, automobiles, trains, airplanes, and ships. Despitethegreat diversity
in the modes of transportation, a unique characteristic emerges—the constant effort
that has continued throughout history to improveits efficiency by providing informa:
tion and guidance to the constituent entities. In the past, information was carried by
peopleand by material in theform of messagesand, asaresult, therate of propagation
of information was closely related to that of the mode of the transportation. With the
emergence of electromagnetic communication, in the last century, the discipline of
transportation experienced a remarkable transformation. Information and guidance
could now be provided much faster than the actual rate of movement of the people
and goods, implying a qualitative improvement in the transportation system. Thus,
in the railway system, it became a standard practice for a station master of a station
A to “wire” ahead to the station master of station B the impending arrival of the
train that has just passed station A. For many reasons, including simplicity and the
desire to maintain consistent control, the information and guidance providers of the
transportation systems evolved as centralized units. A central control would gather
information about every entity within a specific transportation system and provide
guidance and information to them as necessary. When systems were isolated, small,
and few in number, decentralized control was the norm. Ironically, as systems grew
larger due to consolidation, etc., control became centralized.

Toward the end of the twentieth century, the number of the constituent units in
many transportation systems, especially the highway system, have simply skyrock-
eted. In the United States alone, there are more than 200 million vehicles and more
than 4 million miles of paved roads. In addition, during specific times such as “rush-
hour,” the utilization of certain subsets of many transportation systems frequently
exceeds the capacity, leading to gridlock and related problems. Furthermore, the
average person today is far more demanding when it comes to his’her freedom of
choice and flexibility. For many transportation systems, the cost of expanding the
existing infrastructure is prohibitively expensive. Theresult isamajor strategic shift
from building more infrastructure to providing timely information and high-quality
guidance toward improving the quality of transportation within the confines of the
existing infrastructure. That being said, some infrastructure building, where abso-
lutely necessary, must be continued, subject to greater thoughtfulness and guided
scientifically through modeling and simulation. In turn, the centralized paradigm is
confronted with overwhelming challenges, both from the sheer number of entities, the
demand for faster and accurate information, and the need for high-quality guidance.

To serve the needs of the future, beyond the year 2000, transportation systems
must necessarily undergo another radical transformation, namely from the centralized

XXi
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paradigm to the asynchronous, distributed paradigm, which will integrate fast com-
putersand high-performance computer networksthrough novel computer algorithms.
Thisbook focuses on the fundamental principlesin future transportation systemsthat,
in turn, give rise to new system architectures. The book argues strongly the need to
design innovative and creative approaches to transportation problems, utilizing the
fundamental principles, followed by thorough scientific validation. It stresses both
the need for computer modeling and simulation of a representative system to help
design and validate such complex, large-scale systems and the design of new perfor-
mance metrics to estimate the performance of these systems. Although the scope of
transportation systems is very broad, this book focuses in detail on two ubiquitous
transportation modes—highway and railway systems. It presents the basic principles
pertaining to travel-related decision making that includes coordination, control, and
routing. These principles congtitute the core of and apply equally to all transporta-
tion systems, including passenger air travel, air freight, personalized rapid transit,
and so on. While these principles constitute one of several key advances necessary
to usher transportation systems into the next century, other relevant issues such as
driver behavior analysis, human factors, congestion originating in human behavior,
and other traffic factors are beyond the scope of this book.

The development of this book has been motivated by two reasons. The first is
my frequent frustration with the current transportation systems and a sincere belief
that the technology that is needed to alleviate the problem is aready here. Our frus-
trations, which we are certain we share with millions of our fellow human beings,
include traffic congestion, lost luggage during air travel, misinformation about train
arrivals at stations and public bus arrivals at stops, and driving in an unknown city
late at night and getting lost. The General Electric locomotive building unit reports,
according to Carley inthe Wall Street Journal, dated June 29, 1998, that locomoatives
sit idle as much as 40% due to bottlenecks in the rail corridors that stem from poor
information, coordination, and control. We are convinced, through our fundamen-
tal analysis of transportation systems and our own research, that novel distributed
control algorithms constitute the most logical choice for future transportation system
architecture design. In our vision, we see a significant and increasing role for novel
computer control algorithmsand large-scal e, distributed softwarein futuretransporta-
tion systems, providing an entirely new range of personalized, travel-related services,
qualitatively enhancing the efficiency of movement of each entity throughout the sys-
tem, sophisticated control of ramp meters at highway entrances, coordinating traffic
flow in highways and street surfaces, providing personalized rapid transit services,
and fostering a safe environment.

Second, we sincerely believe that to redlize a qudlitative jump toward intelli-
gent transportation systems, the future highway engineer and traffic specialist must
receive interdisciplinary training in civil and electrical engineering, transportation
engineering and planning, human factors, and, most importantly, computer science
and engineering (CSE). Basic knowledge in the areas of distributed systems, algo-
rithm design, networking, computer modeling, and distributed simulation within CSE
are especially important, for they hold the key to understanding the most complex,
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top-level system architecture. In the January 1998 issue of Traffic Technology Inter-
national, while Prof. John Colluraof the University of Massachusetts presented some
details on a new undergraduate and graduate curriculain response to the recent ITS
movement, Prof. Chelsea White of the University of Michigan noted that the nature
of future transportation problems is essentially interdisciplinary. Recently, Arizona
State University has launched a Graduate Interdisciplinary Certificate program in
transportation systems, supported by faculty from planning and landscape architec-
ture, civil and environmental engineering, geography, and aeronautical management
and technology. The ideas and principles in this book also underlie the Autonomous
Decentralized Transport Operation System (ATOS) that controls the world’s largest
transportation system—East Japan Railway Company. Developed by Hitachi, ATOS
includes 5000 autonomous computers that control more than 6200 traing/day [1].
Chapter 3 examines the essential nature of all transportation systems, especially
from the perspective of future needs, and presents the fundamental principles that
emerge from the analysis. This chapter presents key design issues of future systems
including the control algorithms, the nature of the interactions between the different
congtituent entities of the system, and the network that interconnects the entities. It
also underscores the role of modeling and simulation in the design of future systems.
Chapters 4 through 6 present anumber of case studies that encapsulate the principles
outlined in Chapter 3. Chapter 4 describes in detail the first study of a novel, dis-
tributed approach to routing of trainsin arailway network. This chapter begins with
an explanation of the traditional approaches to train control and presents a detailed,
critical review of the literature. It then presents a new, distributed control algorithm,
DARYN. The algorithm is first modeled for a small-scale railway network and then
simulated on Armstrong, a loosely coupled parallel processor to yield performance
measures. Chapter 5 presents a highly sophisticated algorithm, RYNSORD, for effi-
cient scheduling and congestion mitigationin railway networks. In RY NSORD, every
train utilizes lookahead to dynamically replan its route and, at every stage, reserves
one or moretracks prior to utilizing them. The reservation processis characterized as
“soft,” that is, less abrupt and more flexible in negotiation between the trains and sta-
tions, in contrast to the traditional, rigid, “hard” reservations. RY NSORD is modeled
for asubset of the Eastern United States railroad network and simulated on anetwork
of 65+ SUN Sparc 10 workstations. In this chapter, analysis of the performance data
focuseson acomparison of thetraintravel timesand aunique metricintheliterature—
quality of the routing decisions. Chapter 6 introduces DICAF, a novel architecture
for IVHS wherein the overall task of dynamic route guidance and intelligent conges-
tion mitigation is distributed among every entity, that is, automobiles and highway
infrastructure, of the [VHS system. Theterm IVHS s utilized in thelimited context of
vehiclesin highwayswhiletheterm ITS commandsabroader scope and encompasses
all transportation systems. DICAF utilizes a continuous function—congestion mea-
sure, to influence route guidance, and presents anovel metric that contrasts DICAF's
performance, for arealistic highway system, against the absolute best. While DICAF
and RYNSORD share the common goal of achieving efficient allocation of system
resources, they employ different strategies, which, in turn, stem from their basic dif-
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ferences. While trains are confined along tracks, which must be reserved exclusively
prior to use, automobiles enjoy greater flexibility in sharing the road with each other.
Chapter 7 presents a systematic and detailed study of the stability of the novel com-
puter algorithms for transportation in the presence of perturbations. This analysisis
key to understanding the robustness and resilience of the complex transportation sys-
tems. It utilizes RYNSORD to illustrate the basic principles. Chapter 8 presents new
techniques that have been devel oped for the modeling and simulation of I TS designs.

Thus, the organizational philosophy of this book is as follows. While Chapter 3
presents the general principles, Chapters 4 through 6 address actual problems that
serve as concrete examples from thereal world. Thethinking isthat, despitethe basic
underlying similarity, each transportation problem is unique in its nature, character-
istics, and requirements, and needs a custom solution to be devel oped that is subject
to the general principles. It is hoped that the reader will internalize these general and
particular concepts and synthesize innovative solutions to future problems.

Thisbook isintended for graduate studentsin transportation engineering and com-
puter science; researchers in the different disciplines of transportation; practitioners
in railways, highway systems, and aviation; and policy makers for transportation
infrastructure. It may be used as one of alimited number of textbooks in a graduate
coursein advanced transportation engineering. In addition to the theoretical concepts,
computer modeling, and experimental analysis, thisbook providesto the readers exe-
cutable simulators, included in the accompanying CD-ROM, for each of the systems
described in the Chapters 5 through 7. The aim is to enable the reader execute the
simulations on a network of Linux workstations for different choices of parameters,
network configurations, and input traffic datato gain a deeper understanding through
hands-on experimentation and experience. Instructors may also use the simulators
as a part of a laboratory environment for students to work on laboratory exercises.
Chapter 10 describes the use of the simulators. While these simulators are meant for
academic use and are limited in scope, the reader may contact sumit.ghosh@ieee.org
for pointersto industrial grade versions of the simulators.

Theauthorsareindebted to many individualswho have contributed greatly to their
understanding of the transportation systems. They include the first author’s former
students, Rgj lyer, M.D., Noppanunt Utamapathei, and Kwun Han who had pursued
their degrees with him during his tenure at Brown University; Rick Backlund of the
Federal Highway Administration, Boston; and Robert Shauver of the Rhode Island
Department of Transportation. To the many authors of the papersin the transportation
literature that helped us understand the discipline, we express our sincere gratitude.
We are also grateful to the funding agencies of the U.S. Department of Defense for
their continued support. Last, we express our sincere thanksto the staff at CRC Press
for their enthusiasm and meticul ous efforts.
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1 The State of the Art
In ITS

1.1 THE BROAD SCOPE OF ITS

Since 1999, it has become increasingly clear that the issue of efficiently moving peo-
ple and goodsisfar more complex than previously imagined. The problemisnot just
confined to surface transportation, that is, vehicles and roadways; it affects trains,
passenger planes, air cargo, ferries, ships, and all available and currently utilized
mode of transportation. This realization had helped foster the broader notion of intel-
ligent transportation system (ITS), superseding intelligent vehicle highway systems
(IVHS). Two researchers, Kan Chen and Bob Ervin, conceived the acronym IVHS
and were instrumental in expanding its scope and renaming it ITS (Prof. Chelsea
White, pers. comm., 2010). Clearly, to synthesize a genuine and practical solution
at the national level, possibly international level, one must adopt a holistic approach
that takes into consideration complex and asynchronous interdependencies between
the many transportation modes and guided by afundamental goal, namely, minimize
the transit time for al travelers and merchandise in transit, subject to fair distribu-
tion of the available resources. I n the not-too-distant future, space travel to the moon
and other artificial satellites and planetsin our solar system will become routine and
may need to be accommodated within the ITS system. Their unique attributes should
be taken into consideration today, while planning out the fundamentals of the ITS
architecture, so that integration will be seamless in the future.

Underlying the Intermodal Surface Transport Efficiency Act (ISTEA); the Trans-
portation Equity Act for the 21st Century (TEA-21); the Safe, Accountable, Flexible,
Efficient Transportation Equity Act: A Legacy for Users(SAFETEA-LU); andthel TS
America movements is the general belief that the solution to this complex problem
rests on two key scientific and engineering advances. Thefirst isthe increased avail-
ability of computing power in the form of powerful desktop workstations and mobile
laptops, palmtops, and handheld personal digital assistants (PDAS). The second isthe
increasing availability of networking, both wire-line and wireless, for communica-
tionsand control. However, the mere availability of computing power and networking
doesnot automatically guarantee a solution. For instance, Carley [2] from the General
Electric locomotive-building unit reports that locomotives sit idle as much as 40%
dueto bottlenecksintherail corridors stemming from poor information, coordination,
and control. With annual fuel budgetsin the late 1990s for many of the railroad com-
panies running in excess of $800 million, and the need to leave diesel locomotive
engines running even when idle, the extent of fuel wastage is staggering. By any
standards, such an inefficiency is not sustainable. The key to successful solutions to
complex transportation problems, presented in this book, stems from a comprehen-
sive understanding of the control and coordination agorithms. While abstract, these
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agorithms serve to unify the computing and networking resources in a synergistic,
nontangible manner.

1.2 A WORKING DEFINITION OF ITS

ITSisan evolving scientific and engineering discipline whose primary goal isto min-
imize the travel time of all travelers and merchandise while ensuring safety, through
fair distribution of available resources, especially under the scenario of increasing
travel speeds, a significantly large number of travelers, and a high demand for pre-
cise and timely information by travelers. To achieve its goal, ITS must bring about
aseamless and natural integration of the different modes of transportation, including
vehicular traffic, trains, cargo air transport, passenger air transport, marine ferries,
and others through asynchronous distributed control and coordination algorithms,
subject to socia norms, policies, and guidelines. As a result of the integration, the
traveler will (1) gain accessto accurate statusinformation of any transportation mode
from any point in the system, (2) compute the most efficient route or reroute across
al different transportation modes by processing the available information through
personalized decision aids, and (3) be permitted to effect reservations, dynamically,
even while en route, on any transportation system. | TS encompasses the subareas of
transportation management, which subsumes interstate roadways management and
traffic signaling; travel management, whichincludesmultimodal traveler information;
public transportation and transit management; safety management, which subsumes
incidents, railroad grade crossings, and emergency services, advanced vehiclecontrol;
and fare payment and toll collection.

1.3 CURRENT STATUS OF ITS

Despitethe |STEA act of 1991, to virtually al driverstoday, the current interstate and
state highway system continuesto be asource of great frustration, the principal reason
being congestion. The problem isnot new; congestion has been around for avery long
time. In London, the average vehicular speed in 2003 was 17 mph, unchanged from
100 years ago when horse-drawn carriages were around. In Manhattan, pedestrians
today average a speed of 3.3 mph, which ironically is higher than that of vehicular
traffic at 3.1 mph. Based on a ten-year study of the five most congested areas, Los
Angeles, Washington, D.C., San Francisco—Oakland, Miami, and Chicago, Lomax
reported [3] in 2002 that the average travel delay, in the form of idle waiting, equates
to one workweek per year per driver and the cost of wasted fuel from idling totals
$8.6 billion annually in LosAngeles alone. Theworst travel delay equals 75 hours per
year in the San Bernardino—Riverside area while the highest per capita fuel wastage
of $860 occurs in Washington, D.C. The secondary effect of increased congestion
is that the U.S. interstate highway system and mgjor roads in the United States are
crumbling [4]. Disintegrated sections of the pavements are not only leaving behind
potholes that are dangerous to vehicles at high speeds, but the debrisislikely to turn
into flying missiles, causing accidentsand incidents. To avoid congestion, heavy-duty
tractor-trailersin excess of 100,000 pounds are choosing to use rural roads more and
more, which, in turn, are falling apart sooner since they were only designed for light
traffic, under 10,000 pounds.
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Progressin ITS may be viewed from two distinct perspectives. The first perspec-
tive, areview of the scientific literature, reveal s research in the areas of system plan-
ning, vehicular traffic modeling, system evaluation, vehicle tracking, autonomous
driving and GPS-based guidance, signal control, braking, lane detection and steering
control, intelligent cruise control, disseminating road work information to drivers,
noise pollution, platooning, simulators for evaluating I TS systems, and training ITS
personnel. While copper cables are increasingly being replaced with wireless and
optical fibersto improve communicationsin rapid transit systems, the duration of the
red, amber, and green signals in traffic lights are constantly being recomputed and
adjusted to enhancetraffic flow and pack vehiclesmore closely on the roadway. Under
autonomous maneuvering studiesfor lane following and lane changing scenarios, test
results reveal that linear cameras at 1000 Hz are highly effective, providing relative
distance accurate down to 1 mm at a distance of 10 meters, speed of 60 km/h, and
deceleration of 2 m/s?. Perhaps the most important accomplishment in ITS to date
has been in the area of providing consumers with relevant information, under the
rubric of information technology. The availability of arrival and departure informa-
tion of flights and trains through the Internet from homes, businesses, and on mobile
phones, worldwide; automatic notifications of delays and cancellations; facility to
reserve seats and call taxicabs through SM S on maobile phones; and the ability to get
street directions and maps from a starting point to a destination station on the Internet
represents remarkabl e privileges.

The second perspective consists of a critical examination of the products and
services that have been introduced into the market by the ITS industry since 1991.
For example, in many U.S. cities, there are toll-free phone numbers (e.g., Boston)
and public web sites (e.g., Seattle) where one can obtain Urban Mobility Report
(Dr. Tim Lomax, pers. comm., 2010) with up-to-date information on the congestion
states of the roadways. These services areimmensely valuable but there are three key
problems. First, theinformation islimited to the major roadways, which are generally
few in number, while that for the many more secondary roads is either missing or
outdated. Second, the time necessary to broadcast complete information on al of
the highways is usualy so long that its usefulness to any given driver is severely
limiting. Third, the information is not dynamic in that it may change substantially
dueto accidents or incidents while the driver isin transit. Today, a number of trucks,
airport shuttle service vans, and luxury automobiles are equipped with GPS-based
navigation aids. The principal difficulty again is the lack of accurate and dynamic
information regarding congestion and road closures in a timely manner. A number
of highway authorities have turned to AM radio to broadcast ramp closures, lane
constrictions due to construction, and other relevant highway conditions. This effort,
while of great value, has encountered problems where drivers are unable to listen to
the broadcast in atimely manner due to electromagnetic interference. Among many
transportation communities, thereis a strong drive to mount cameras along highways
and freeways, feed the signal s back to acentralized traffic control center, and monitor
congestion. While installation and maintenance costs are high, the cameras can be
immensely valuable in zooming onto accident sites and guiding en route police and
paramedics or reading license plates of vehicles under suspicion. However, relative
to the issue of congestion monitoring and control, other devices including optical
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fibers embedded underneath the pavements are far superior in that they are relatively
inexpensive and highly reliable. There is a growing private sector travel speed data
market. Electronic toll collection systems such as the E-ZPass in the eastern United
States and along the Interstate 95 corridor have been viewed by many in the ITS
community asamajor achievement. Delaysare reduced significantly asvehicleswhiz
by at speeds of 15 mph, avoiding the need to come to acomplete stop to conduct cash
transactions. In reality, however, E-ZPass's benefits are realized only when roadways
are uncongested. Under realistic road conditions, its performance has been, at best,
mixed. On any given weekday in some parts of the country, especialy during rush
hour, thousands of cars hurl toward thetoll booths, dangerously zigzagging their way
from their current lanes toward the appropriate toll 1anes, some slowing down, others
coming to a dead stop, in effect creating a highly stressful and unsafe environment.
Whilethequeuesat the cashtoll boothsaresignificantly long, E-ZPasstoll lanesbarely
register average vehicle speeds of more than 2 or 3 mph. Beyond the toll booths, the
combination of the abrupt reduction of 10 toll lanes down to 3 or 4 highway lanes
plusdrivers accel erating quickly trying to make up for lost time creates an even more
dangerous environment. The concept of toll collection, electronic or otherwise, as
currently deployed, isinefficient in that it slows down traffic unnecessarily, is unsafe
inthat it fostersadangerousdriving environment, and isenvironmentally unsound, all
of whichfundamentally contradictsthebasicgoalsof | STEA andtheobjectivesof ITS.
Our research into railroad algorithms had revealed, as early as 1992, that the idle-
waiting times of trains under centralized scheduling is a factor, between 5 and 40
times, higher than that under distributed scheduling. In 1998, Carley had written that
ashigh as40% of thelocomotives standidle at the siding stations, stemming from lack
of instructions. Yet, as recently as January 2010, we learned from aleading US DOT
official that railroads continueto rely on centralized control. For exampl e, throughout
the eastern seaboard, CSX trains are centrally controlled from Jacksonville, Florida,
and, at any given time, long tracks, stretching 20 miles in the rura parts of the
Carolinas, contain only asingle train. The result is inevitable congestion and delay.

1.4 A CRITICAL REVIEW OF THE STATE OF THE ART IN ITS

Extensive, engaging, and candid discussions with leading officials from the U.S.
Department of Transportation (DOT), the U.S. Federal Highway Administration, and
the state-level departments of transportation, followed by subsequent careful analysis
have revealed that the lack of tangible progressin ITS may be traced to a handful
of formidable and persistent challenges. It is very important that policy makers and
transportation personnel discuss, debate, and consider these continuing issues. Oth-
erwise, progressin ITS may remain stalled, which may eventually cause the public
to become disillusioned and abandon ITS prematurely.

The first challenge is that there is a strong inherent barrier to envision how ITS
can bring to fruition revolutionary changes that will yield quantum improvement to
our quality of life and exceptional benefits to society today and well into the future.
History teaches usthat the single greatest obstacle to our progressisour own inability
to envision the future and our tacit refusal to believe in the promises. Where belief
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is lacking, there is little motivation to expend the enormous effort that is required
for success. As aresult, even the greatest idea will fizzle. One fact that may help us
immensely in our struggle is as follows: great teachers and thinkers, across nations,
cultures, and time have always stressed theimportance of imagination. Today, most of
the mainstream scientists and engineers dismissiit as a soft science, in contrast to the
hard sciences, namely, physics, mathematics, and so on. Today, imagination has no
placein any formal higher educational curriculum anywhere in the world. Ironically,
however, every great concept and principle, without exception, in any field including
science, mathematics, and engineering has begun itsjourney in the world of intuition
and imagination. It is only through great effort that these concepts had emerged to
become the foundation and pillars of society. The wheel of the chariot; weapons that
could be hurled at a distance; the entire field of number systems; grammar in natural
languages; rhythms in music; Fourier analysis; phasor analysis, which has been one
of the most difficult concepts in electrical engineering; transistors; discrete digital
computers; the Dolby noise reduction system; dynamite; and even the mighty U.S.
dollar, which rivaled and defied gold to become the world'sfirst fiat reserve currency,
all started out their lives as figments of imagination. This phenomena has been the
sourceof the phrase, “humblebeginnings.” Can any one of usimaginetheworldtoday
without these invaluable concepts and the products that they had helped create? In
Chapter 2, we will make a strong effort to elaborate on this phenomena and explain
how we can embraceit. FIAT isaLatin term, implying, let it be done. FIAT money is
currency whose value is derived solely from the corresponding government’s decree
that themoney islegal tender. It bearsnointrinsic value; it isnot based on any tangible
commaodities, including gold, silver, and precious metals; and confidence in it stems
from the faith and trust in the nation’s economy and stability.

The second challenge may be characterized as a self-fulfilling prophecy. Leading
transportation personnel have come to believe that the real-world problems are so
complex that they can never be solved by ITS. Many transportation officials have
shared their frustrations with us in different contexts and flavors. A representative
remark came to us a few years earlier, when one of the top DOT officials made the
following observation, which is paraphrased here. It is not possible to obtain realis-
tic traffic demands for any ITS project; thus, the knowledge of the necessary design
decisions and options is elusive and, therefore, the pursuit is pointless. Consider the
following real anecdote. In 1995-1996, the section of Interstate 10 (1-10) from the
Phoenix airport to Queen Creek in Arizona had only two lanes each way and was
often severely clogged during rush hours. Arizona was experiencing phenomenal
growth and new communities were popping up everywhere along the section of 1-10.
At agreat expense and inconvenience to al, the Arizona Department of Transporta-
tion embarked on an ambitious project to widen I-10 to three lanes each way. After
approximately one year of work, the freeway was finally reopened with all six lanes.
At first, it was an amazing improvement. Congestion had virtually disappeared and
commute along 1-10 became a breeze. Within six months, congestion had returned
with avengeance and the situation was back to sguare one. The population explosion
in barely a year and a half had brought the six-lane 1-10 to a grinding halt. Thus,
the frustrations of the transportation officials are clearly understandable. Fortunately,
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however, we had introduced a new principle [5], the indirect determination of input
stimuli; or the stability criterion, to mitigate this precise problem. It is based on
sound engineering and logical principles and reflects new and practical thinking. The
principle is explained in this book.

The third challenge relates to education. In late 2000, a top research official from
the DOT explained to us that the DOT urgently requires sophisticated simulators to
study and assess I TS projects. They had commissioned a leading research ingtitute
to evaluate the 51 top-rated I TS simulators that were avail able from top commercial
vendors and one leading academic institution. Following extensive testing, both the
institute and the DOT concluded that none of the simulators were acceptable. This
incident vindicated our long-held professional opinion, namely, athorough simulation
study of any project requires a team of individuals with genuine knowledge and
expertise to develop asimulator from scratch, tailored to the needs of the project. No
“canned” simulator can be expected to offer the level of flexibility necessary for an
ITS project. By definition, the full dimension of a complex problem may never be
known apriori, implying that it is very difficult, if not impossible, for a*“precooked”
simulator with a limited set of options to anticipate al of the sophisticated needs of
a given problem. The U.S. Department of Defense, especialy the U.S. Army, has
spent hundreds of millions of dollars, if not billions, over the past 30 years to perfect
canned software simulators that may be used in both the planning and operational
phases of the battlefield. Candid discussionswith leading military officialsreveal that
progress can be, at best, described as sputtering. It is our belief that if modeling and
simulation expertise had been prevalent in the military at al levels, operational plans
would bethoroughly studied prior to engaging the enemy and the many occurrences of
mission failures and painful fratricides could have been averted. The DOT s finding
relative to the precooked simulators strengthens our thinking; namely, in order to
maintain leadership in I TS research and high-tech industry, the United States needs a
serious and extraordinary initiative to (1) bring behavior modeling and asynchronous,
distributed simulation into mainstream research and education, and (2) cultivate real
talent in thisfield through training students at the BS through PhD levels and beyond.

The fourth challenge is manifest through the absence of proper nurturing of ITS
research and development and, worse, the unwitting imposition of self-defeating
incentives and priorities on transportation personnel. Since 1997, enormous sums of
money and effort have been poured into installing cameras at traffic light intersec-
tions, for the purpose of monitoring congestions and detecting accidents. In redlity,
automated devices and mechanisms to monitor congestion have been available for
along time that cost, relative to the deployment of the overhead cameras, only 1%
to install and whose operational cost is less than 0.01% over the life of the system.
While these facts are not unknown to transportation officials, the key reason for such
expense isthat afalse sense of accomplishment and progressis created. While cam-
eras by themselves do not represent true | TS advancement, their obsessive nationwide
deployment definitely servesto distract usfrom thereal and necessary improvements.
In this era of extreme competition for high-tech industrial dominance, we must pro-
vide true freedom to I TS engineer-scientists so that they can diligently and patiently
pursue the real and formidable challengesin ITS.
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2 New Meta-Level
Principles for an
Untapped ITS
Technological Mine

2.1 META-LEVEL PRINCIPLES

Over the past 10 years, we have acquired aunique insight and have cultivated anum-
ber of new meta-level principles, which we present here. The insight stems from an
observation that virtually all great inventions and discoveries, exceptions notwith-
standing, have been serendipitous in nature, where the inventor or discoverer had
accidentally stumbled upon it, as if through pure chance. Examples include the dis-
covery of penicillin, invention of thetransistor, dynamite, and others. We also observe
that great inventions and discoveries have been few and far in between and that we
have merely played a passive role in the evolution of nature. Today, we stand at a
unique crossroad in the history of human civilization. For thefirst timein history, we
have the wherewithal to enable deliberate discoveries and inventions. All we need
is the will. The enabler we refer to here is the computing engine, of which today’s
digital discrete computer is one of the best known manifestation.

To understand how computers will help vindicate our claim, we will examine the
fundamental nature of the computing engine that yields the following set of meta-
level principles. First, the computing engineis, in essence, an amplifier of the human
mind, with the amplification factor at a billion (and increasing). The human mind is
characterized by two fundamental, high-level functions, namely, the ability to make
decisions and to communicate. The computing engine embodies both of these char-
acteristics, except that it can execute them very, very quickly. Second, any idea that
we canimagine, any ideaat all, may now beimplemented in the abstract world of the
computer and studied in great detail through behavior modeling and asynchronous
distributed ssimulation. It does not even matter if the idea contradicts the known laws
of the physical and social world. It can still be realized in the abstract world of the
computer, atotally new dimension that werefer to as cyberspace. Since modeling and
simulation can execute extremely fast, we can examine, explore, and study the most
complex ideasin our own lifetime and bring them to fruition in the real world. Third,
instead of patiently waiting for nature to confront us with problems such as SARS,
AIDS, or a super volcanic eruption, and then trying to find a solution, reactively, we
canimaginethekinds of challengeswe arelikely to facein the future and proactively
start on our journey to find the right solutions. We will have time to assess the qual-
ity of the solutions, refine them, and explore the unintended consequences, if any.
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Prof. C.V. Ramamoorthy, Emeritus Professor at University of California, Berkeley,
believesthat we need to create an entirely new subdisciplinein our scientific and engi-
neering curriculum and label it “Needs Engineering.” He believes, and we concur,
that properly conceived conveniences of today will evolve into tomorrow’s societal
needs. Thefourth meta-level principleisthat success can only be achieved if we seri-
ously and passionately embark on awhole new paradigm—transdisciplinary research
and education.

2.2 THEITS MINE AND NEW MINING IMPLEMENTS

Although the meta-level principles, introduced earlier in Section 2.1, may bring about
explosive growth in any field, we will limit our focus to intelligent transportation
systems (ITS) in this book. In essence, ITS is a mine, which does not yield any
material product such as coal, gold, or diamonds and also does not have a bottom.
Itisafountain of abstract intellectua ideas that can amaze and transform the world
for the better. The recognition of the ITS mineistimely, given that our civilization's
aspiration is rapidly shifting from the material to the abstract. The idea of building
tall skyscrapers and long bridges no longer captures our imagination. We have been
there, done that, and there is nothing new. We are looking for new challenges that
will help us grow; and these lie primarily in the abstract world. One example that
probably sounds ridiculous today but will surely come to fruition in the future is
the desire to carry out a meaningful conversation with Panini on why and how he
invented Sanskrit grammar so that we can design a whole new language for awhole
new kind of computer. Another example, equally ridiculous today, is to inquire of
Archimedeswhat were his reasonsto invent the odometer and lay down mile markers
along Roman highways, beyond the obvious goal of planning troop movements and
logistics to quell rebellions in the Roman Empire. A third example is our desire to
genuinely discuss with Thomas Jefferson and obtain his insights regarding some of
the contemporary troubling issues involving the Bill of Rights. In composing the
Bill of Rights, what were his and his colleagues’ concerns, fears, joys, and hopes for
the future of United States? Such insights can be invaluable for a brand new nation
that may be about to come together in the near future. We have in mind, of course,
sophisticated reasoning techniques, new computer memory models, nonlinear left
and right brain interactions, and modeling and simulation; not time-travel back into
the past.

Our implementsfor mining will include the familiar principles, concepts, theories,
and laws from science; mathematics; computing; electrical engineering; biology and
medicine; mechanical, civil, and aeronautical engineering; economics, business, and
accounting; and humanities, arts, and philosophy, with the exception that they will
be blended and synergized in never-before-seen ways. Our mining techniqueswill be
built on the foundation, namely, that intelligence and creativity are fractal; the deeper
we dive, the more subtle possibilities, finer knowledge, and intricate subprinciples
appear before us, ad infinitum; the higher we climb, the more encompassing, tran-
scendental, increasingly holistic, and vastly expansive principles arise in our mind,
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ad infinitum. We characterize this new approach as the transdisciplinary research and
education mindset. While a detailed treatment of the transdisciplinary paradigm is
beyond the scope of this book, we present here afew examples of how the approach
islikely to work. The reader is also referred to References 6, 7, and 8 for additional
relevant discussions.

Consider the following under Example 1. Although J.C. Bose is well known for
his pioneering discovery of wireless[9] in 1895, less is known about his contribu-
tions that had set the stage for the invention of the transistor at Bell Labs, some
60 years later. Bose had become fascinated by Maxwell’s postulate of the existence
of high frequency el ectromagnetic waves and Hertz's demonstration of their creation,
in the 10-60 GHz microwave range, but little was known about how to detect their
presence. Today, every mobile cell phone has a microwave detector, but back in the
1890s microwaves were a sheer wonder. Bose pioneered an unprecedented approach
to detect microwaves at 60 GHz. He fabricated junctions consisting of different met-
als and materials, wired them into an electrical circuit, and connected it to a very
sensitive galvanometer. When he exposed the junctions to microwaves, the circuits
registered minute current traces. His sensitive instrument design had been spurred
by his scientific curiosity whether plants react similar to human beings and may be
considered “aive.” While the history of science does not reveal why he chose this
approach, a logical explanation is presented here. The use of bimetallic strips had
been known from time immemorial and it was widely used for constructing robust
chariot wheels. Thetwo metal stripsexpand and contract differentially when exposed
to heat and cold. Bose, agenius, must have argued within himself, asfollows. No two
materials have the exact same property. Since metals conduct electricity and given
that electromagnetic fields and currents relate to one another, it is very likely that
the constituent components of a junction will exhibit differential electrical behavior
when exposed to microwaves. Clearly, Bose was atransdisciplinary scientist, perhaps
one of thefirst onesin the modern era. He had fused in his mind concepts and prin-
ciples from electromagnetics, radiation, electricity, chemistry, metallurgy, and plant
physiology.

Example 2 focuses on an unusual problem[10,11]. Inthemid-1990sin California,
State highway 71 needed repair. Traffic would have to be diverted from highway 71
onto another highway, State Route 83, for the duration of the repair, estimated at
6—12 months. The maximum estimated increase in the traffic volume in the afternoon
was from 580 to 1460 vehicles per hour. This would increase the noise level by
3to4dB. TheU.S. Fish and Wildlife Service voiced their concern that an endangered
songbird species, least Bell’s vireo, that lives along Route 83 on a stretch of 200 feet
would be adversely affected by the increase in the ambient noise level. The adult
birdswould probably be scared away, leaving the eggs and young chicks vulnerable,
eventually jeopardizing the entire population. Also, the increased road noise was
thought to interfere with the auditory signals used by the birds to warn each other of
danger, detect predators, and monitor their young. The U.S. Fish and Wildlife Service
and the California Department of Transportation (DOT) were deadlocked. A brilliant
individual, with a deep understanding of signa (S), noise (N), and the true meaning
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of the S/N ratio, reflected on the problem and proposed a unique plan. Theindividual
reasoned that, despite the presence of the ambient noise (N), the songbird is able to
survive, implying that the S/N ratio, where Srepresentstheir auditory signal strength,
iswell within the limits of tolerance. Clearly, highway construction may proceed if
the S/N ratio can be maintained at the present level. The following plan of action was
developed. First, the current ambient noise level aong Route 83 would be measured
and recorded, say, N1. Clearly, the bird species had learned to tolerate N1. A few
years earlier, in 1987—-1988, biologist John Rieger had computed the tolerance level
at 60 dB. Next, the highway department would reduce the posted speed limit from 55
to 35 mph; erect noise barriers along Route 83 to abate the increase in the road noise
level; and continuously monitor the noise level on the other side of the barrier, as
traffic is diverted away from State highway 71, making certain that it never exceeds
N21. The plan worked beautifully.

The third example represents an experiment that had been carried out in a class-
room setting in Arizona. First, agroup of student were provided a number of reading
assignments, one of which related to Example 2. In the final take-home exam, the
students were assigned the following problem, a real-world anecdote. The Kansai
airport [12], built by Japan, is an artificial isand in Osaka bay, deliberately located
faraway from the Japanese mainland so that the airport could be kept operational 24
hours, 365 days a year, without driving the inhabitants of Osaka deaf or to insom-
nia. The decision to locate the airport so far away from the mainland implied that
underwater construction would haveto confront both alluvial and diluvial soil. While
the properties of alluvia soil were well understood, especially when subject to heavy
loads, those of thediluvial layer wererelatively unknown. As construction proceeded,
significant problems surfaced. The entire island was sinking faster and deeper than
expected and, more critically, the sinking was uneven acrosstheisland. The net result
was cost overrun of several billion dollars, a delay of a year in opening the airport,
and the precipitous fact that the island is continuing to sink into the ocean, even at
the present time. The students were asked to examine every available document on
the topic, which in itself was a challenge since the Japanese government had been
attempting to systematically erase all available records to avoid public panic; study
the problem of sinking; reflect deeply on the fundamental issues; and present recom-
mendationsfor both corrective actionsaswell asdesign guidelinesfor building future
island-airports. The students returned with asimple yet remarkabl e recommendation.
Asinthe example of the endangered bird species along State Route 83 in California,
the Kansai project team should have started by first measuring the ambient noise gen-
erated by airports for different traffic volumes and its decline as one moves outward
from the airport, in aradial direction. Second, the average noise level that is deemed
tolerable by people, during the day and at night, should have been determined through
acombination of actual measurements, surveys, and computer modeling. Asan exam-
ple, New York state law categorically limits any noise level to 90 dB. Armed with
these two sets of measurements, the project team should then have calculated how
far out into the sea should the airport be located. Conceivably, the airport would have
been placed lot closer to the mainland and the problem of confronting the diluvial
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layer could have been avoided completely. While this recommendation may appear
simple, in hindsight, it is not trivial. For, otherwise, the Japanese team would have
certainly utilized it and avoided the incredible difficulties they had encountered.

To gain insight into possible ways in which we can exploit the ITS mine, consider
the following example, also atrue anecdote. If one drives to the Dallas—Forth Worth
airport to receive avisitor arriving from abroad, he would normally park in the inter-
national arrivals terminal (D) and walk up to the lounge, where arriving passengers
would be led after they had successfully completed the customs and immigration
formalities. Just outside the set of doors leading into the lounge from the customs
and immigration hall is an electronic information board displaying information on
the international flights and their scheduled times of arrival. The lounge is full of
friends and family members who have come to receive their friends or loved ones.
After alittle while, many of them become very impatient; sufficient time has passed
since the scheduled flight arrival time but there is no sign of their friends or loved
ones. The electronic board never caresto display whether agiven flight is delayed or
landed, information that is readily available to the airport authorities and accessible
at the respective airlines’ web site. Consider a second example, also atrue anecdote.
Anindividua, Mr. Jones, takes a flight from London to New York and lands at JFK
airport after seven tiring hours. Mr. Jones is eager to go home in the city but, unbe-
knownst to him, it is snowing hard. He rushes through customs and immigration,
runs outside the terminal to get a taxi, and then spends the next eight hours on the
road, while the entire city is paralyzed in a gridiock. Having just arrived at New
York, it is not reasonable to expect Mr. Jones to be aware of the driving conditions
in the city; however, the information had been known to key transportation officials.
If only Mr. Jones was updated on the situation, he would have probably checked in
at a hotel within walking distance, spent the night at the airport lounge, or he might
have simply sat down for along dinner at the airport, and certainly refrained from
contributing to the gridiock. These two simple examples reveal a serious underlying
problem. Today, information technology (1T) is quickly degenerating into a mindless
information-providing service. There is little to no thought invested into how the
information could be best used by the target audience, let aloneif it may mislead the
audience or be misused. This, in turn, opens up a tremendous opportunity, namely,
develop aninvaluable collaboration between transportation officials, who are familiar
with the meaning of thetraffic-related information, and I T specialists, who aretrained
to access the most recent data and can determine the best form in which to present
the information timely, and to those who need it the most. The final outcome can be
highly beneficial and constitute genuine service to society.

2.3 EXAMPLES OF FORMIDABLE CHALLENGES AND
AMAZING OPPORTUNITIES

This section presents a few of the ITS problems, under a vastly expanded scope of
ITS, that may bejustifiably labeled very challenging to nearly impossible. In the true
spirit of human innovation, they most certainly can be solved. Furthermore, if and
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when they are successfully conquered, unprecedented benefits will flow from them.
Theintention of this section isto inspire and guide us in the right direction.

e All gasoline and diesel engines, manufactured and in use today, whether
in automobiles, diesel locomotives, airplanes, or consumer electric gener-
ators, are based on the principle of controlled explosions, which was dis-
covered more than a hundred years ago. Except for new materials includ-
ing aloys and a limited few improvements, stemming primarily from the
use of electronics and computer chips, the technology today is virtually
unchanged from that hundred years earlier. The current technology reflects
only an incremental improvement. Fundamentally, none of the new princi-
plesthat have been invented and discovered in the past 100 years have been
truly integrated and fused to facilitate radically new engine designs. This
implies unlimited opportunities for unprecedented new engine designs of
exceptiona capabilities, with entirely new attributes and quantum jump in
efficiencies.

e From ancient times, bridges have been built to span streams, canals, rivers,
and even mini-oceans. While the scientific bridge design principles have
not changed over the years, our engineering understanding has steadily
improved to the point that today much of the analysis may be carried out
by automated computer programs, called finite element analysis. Recent
efforts include the use of strain gauges on bridges with appropriate data
collection and transmission technology as dynamic weight stations (Prof.
Chelsea White, pers. comm., 2010). To date, however, al of the bridges,
small or large, wooden or steel, suspension or otherwise, share one common
and easily visible attribute. They are all stagnant, stationary, and passivein
the sense that they are inanimate, that is, they cannot react dynamically to
changing environmental parameters. While it may sound astonishing, there
isabsolutely no logical reason why we cannot impart intelligenceto bridges,
whichwill enablethem to sense and adapt to rapidly changing circumstances
and protect, up to a point, themselves and their occupants or dependents. As
an example, consider that in many of today’s computer processor chips, a
sensor continuously monitors the residual heat in the core during operation
and in the event the temperature exceeds a predetermined threshold the CPU
shutsitself down. Theincorporation of intelligence hel ps the computer chip
save itself from catastrophic destruction.

e Electric cars, especialy hybrid cars that feature both gasoline engines and
electric drives, appear to be gaining popularity because of their practicality.
A major advantage of these carsistheir ability tolimit the pollutionin highly
congested metropolitan cities. During stop and go driving, whichiscommon
in urban environments, the use of electric drives eliminate emissions from
prolonged periods of idling among conventional gasoline engines. Lim-
ited field assessment tests in Colorado (Jim Himelick, pers. comm., 2009)
show that plug-in hybrid electric vehicles (PHEV), when charged overnight
from the electric power grid, can considerably reduce greenhouse gas
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(GHG) emissions [13,14]. Unresolved issuesrelate to variability in electric
consumption and the difficulty in directly connecting fuel and electricity
consumption. For non—plug-in hybrid electric cars, however, the ultimate
source of energy is still gasoline, while that for battery-operated electric
carsiselectricity from the power grid, whose primary energy source may be
fossil fuel. In essence, these vehicles help redistribute the pollution, away
fromurban areasandinto rural areaswherethe power-generating plants may
be located. The net pollution remains unchanged. Of course, if the world's
electrical energy could be derived entirely from nuclear and hydroelectric
sources, the emission of carbon dioxide, carbon monoxide, sulfur dioxide,
and other poisonous gases from burning fossil fuels would be eliminated.
Thus, the challenge to design vehicles that can lower the total emissions
continues to remain at the forefront.

e Our lack of precise depth perception is well documented in the field of
psychology and is amajor factor behind many accidents, especially involv-
ing vehicles and locomotives. A large percentage of vehicular accidents
that occur at night and that involve the elderly may also be attributed to
our inability to precisely gauge the distance of an object directly ahead
of us, either receding away or approaching toward us. Along very busy
roads in highly populated cities around the world, a primary cause of acci-
dents between vehicles and pedestrianstrying to cross the streets, especially
at night or when visibility is impaired, may be traced to this flaw in our
vision system. As the world’s popul ation continuesto age, the problem will
only get worse, implying an enormous challenge to study and mitigate the
problem.

¢ Roadshavebeenbuilt sincethedawn of civilization. Theroadsinthe Roman
Empire had extended hundreds of miles, the Autobahn in Germany spans
thousands of miles, whilethe Interstate in the United States runs for tens of
thousands of miles. While the building materials and style of construction
has evolved over thousands of years, paved roads, by definition, have been
built uniformly throughout their entire length. The millions of miles of rail-
road tracks, worldwide, are aso built along the same principle. Naturally,
the cost of building the roadway infrastructure is computed and expressed
per unit length, and the cost today is staggering. Cost estimates for U.S.
Interstates range from a low of $1 million per mile [15] to $1 billion per
mile [16] for afour-lane highway rated for a 20-year life. Of much greater
importance, the cost of maintenance has escalated beyond reach, and even
the United States is faltering. As a result, 50 years after being launched,
the current U.S. Interstate roadway system is beginning to crumble [4]. In
reality, asthey age, concrete pavements devel op tiny cracks, through which
water from melting snow and rain seeps in and amplifies the cracks. This
leads to bigger and wider cracks with the passage of time, ultimately dis-
integrating the pavement into smaller pieces of harmful debris and flying
missiles. Lacking the enormous funds necessary to completely overhaul the
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thousands of miles of pavements, transportation officials are choosing to
superficialy repair select sections of the pavements under the “patch and
pray” mode. The situation is very serious, for it threatens to undermine the
nation’s ability to compete in the world. The challenge confronting us is
whether starting from basic physics and mathematics and employing all of
the scientific advanceswe can conceive amuch deeper principleand achieve
astonishing efficiency in pavement design, namely, reduce both the cost of
building and maintain the roadway infrastructure by an order of magnitude
or better while greatly lengthening thelife. Following in the footsteps of the
United States, both India and China are presently engaged in massive con-
struction effortsto expand their roadway infrastructure at enormous expense
and will very likely face the same problems 50 years into the future. They
would benefitimmensely from aradically new thinking at this early stage of
their projects.

e While cars, in general, are built to be driven at sustained speeds of 100—
120 mph, the average speed of cars on U.S. highways is generally below
60 mph for a number of different reasons. The U.S. DOT uses a rule of
thumb, namely, 10,000 carg/h for afour-lane highway, which yields, assum-
ing a three-car length safety rule, an underlying average vehicle speed of
30 mph. On one hand, higher speedsimply shorter travel times, whichimply
a competitive edge for business and also greatly increased quality of life.
Onthe other hand, posted signsalong U.S. highways, “ speed kills,” reminds
us of asimple physics law that the probability of being seriously injured or
even killed increases with speed. In the United States, speeders are rou-
tinely prosecuted and fined and, in extreme cases, arrested for driving too
fast. The Autobahns in Germany have no posted speed limits, citing the
greatly improved pavement conditions, strict driver training, and superior
car saf ety parameters. Clearly, speed and saf ety i ssues appear to oppose each
other. The challenge for us is to come up with new thinking and extraor-
dinary design principles that will permit cars to travel, no less safely than
today, at speeds of 250 mph or more. Much greater distances, say a 1000
mile trip, may be traversed in a reasonable 4 hours, implying exceptional
accessibility to the farthest corners of a contiguous land mass and a truly
viable dternativeto airline travel, except for those routes that require ocean
crossing.

e |t is common knowledge that improved braking, especialy on dlippery
and icy pavements, may significantly lessen the impact of many accidents
involving automobiles, trucks, trains, and even planes. For some of the
high-performance racing cars, under normal dry pavement conditions, the
powerful brakes can bring the vehicle to a complete stop from a speed of
120 km/h in approximately 60 metersor 10 seconds. A formidable challenge
would consist in developing aradically new braking principle, based on an
extraordinarily deep understanding of the principles of deceleration, that
would reduce the braking distance to a mere 5 meters or stopping time of
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1 second, while ensuring the same degree of safety for the occupants asin
the present cars. Thiswould imply an order of magnitude improvement and
may even preempt many accidents.

The effects of vehicular accidents throughout the world range from fender
benders to minor injuries, long-term medical incapacitation, and, some-
times, painful death. Accidents affect individual and family lives and rep-
resent a curse of modern advances. Of far greater importance is the rise
of unseen and hidden medical wounds that cannot be reliably detected by
the most sophisticated diagnostic medical instruments. While the introduc-
tion of safety cages, collapsible engine components, seat belts, airbags, and
other advances have done much to increase occupant safety, the number
of fatalities, according to a senior U.S. DOT official, continues to hold at
40,000 annually. A key contributing factor is collisions at the street inter-
sections. Furthermore, with respect to pedestrian safety, the commensu-
rate improvement has been slow. The challenge for us is to understand the
cause and nature of accidents at a much deeper level and yield revolution-
ary new techniques to mitigate or preempt them. As starters, we may begin
with the idea that accidents represent a violation of a basic physics prin-
ciple, namely, no two pieces of matter can occupy the same space at the
same time, and contemplate on the fact that this law applies only to matter,
not energy.

Given that well over two-thirds of the world is covered by water, boats,
aquatic vessels, and ships have been around forever. Their travel speeds
have generally ranged from 10-15 knotsin the ancient timesto 2040 knots
in modern ocean liners and nuclear powered battleships and submarines and
upwards of 70-80 knots in specially designed, small, high-speed boats. A
challenge that appears impossible would be to conceive an entirely new
thinking and bring to fruition ocean going vessels rated at speeds of 400
knots or higher. The benefits would be so immense that there may arise a
fundamental shift in our mindset. Access to virtually every corner of the
earth, in reasonable time, would become an everyday reality. Given that
vast areas of the earth are covered by oceans, most of the population centers
located by the water, and that most of the world’swaters are interconnected,
transportation routes and even our living environments are likely to incur a
gualitative change.

Although the basic idea of personalized rapid transit (PRT) first surfaced
in the 1970s to 1990s [17,18,19] and exploratory studies had been carried
out in Sweden and the United States [20], PRT has not yet been embraced
by policy makers and transportation officials around the world. Under PRT,
upon arrival at a city, a traveler climbs onto a two- or three-seater pri-
vate automated car at designated stations at the airport and then punches
in his or her desired destination from a series of choices around the city
including hotels, convention center, shopping malls and eateries, museums,
government complexes, and major downtown office buildings. The car
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glides on an above-ground guideway and automatically and safely switches
within the loop guideway to reach the destination station. Following the
traveler’'s disembarkation, the car may either be immediately reutilized by
another traveler already waiting at the station or the empty car may beled to
the nearest depot under algorithmic control. PRT promisesto greatly reduce
congestion in highly populated urban centers. The challenge has been the
lack of practical PRT architectures and, more importantly, the absence of a
scientific approach to assist policy makers in systematically analyzing the
needsof aPRT network, determining whether or not to build PRT networksin
agiven environment, and, where affirmative, to lay down detailed engineer-
ing parameters and synthesize the underlying asynchronous decentralized
algorithms for coordination and control.

e During their initial deployment in commercial aircrafts, black boxes had
been invaluable in determining the cause of incidents and accidents. This
helped greatly in incorporating appropriate safety features and redesigning
theaircraft controls and protocols. Lately however, black boxesfrom airline
disasters seem to be less and less useful. The problems may be organized
into two broad categories. First, where airline disasters have occurred over
theworld’s oceans, the black boxestend to sink deep into the abyss, defying
easy retrieval. Given that two-thirds of the earth is covered by water and that
many of theinternational routesinvolve crossing the oceans, new thinkingis
needed in black box redesign. Second and more important, many of today’s
disasters appear to occur so abruptly and quickly that either the black box
dataistoo little, the information is less than valuable, or the cockpit voice
recording datais utterly irrelevant to the accident investigation. It appears
that the crew had very little time to react to the threat. Unlike in the past,
today’saircraft controlsare significantly more sophisticated, stemming from
the use of fast computers and complex software. When a problem causes
aplane to crash, despite the fast computer controls, one thing is clear. The
threat is extremely complex and is beyond the realm of scenarios that log-
ically flow from the present understanding of the technology. Thereis also
astrong possibility that the current black box designs are unable to identify
and record the right set of aircraft operational parameters at the correct res-
olution. The challenge for usisto develop awhole new approach to aircraft
safety, focusing more on rapidly detecting and automatically neutralizing
the threat while deemphasizing the tradition of capturing flight data and
cockpit voice recording for after-the-fact analysis.

* An excess of water at the wrong place and wrong time can cause signifi-
cant damage to life and property. When ariver continues to rise because of
excess rainfall upstream, it may begin to threaten the levees and embank-
ments. Whenwater accumulatesfrom flooding, excessrainfall, storm surges,
or failed levees, it can destroy homes, crops, communities, and our very
livelihood. Under these circumstances, we have relied on the mercy of
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gravity and other natural forcesfor the past thousands of years. A formidable
challenge for us is to conceive an entirely new thinking and synergize sci-
entific principles toward an extraordinary approach to drain water away at
incredible speeds. The benefits would be indescribable, especially against
the backdrop of the irrecoverable damage from Hurricane Katrina back
in 2005.
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3 Fundamental Issues in
Transportation Systems

By their very nature, transportation systems span nontrivial physical distances. Goods
and people are transported from one physical location to another utilizing routes that
pass through one or more interchange points, also known as hubs or route points
in the literature. The organization of the interchange points facilitates the sharing
of resources and offers other conveniences such as refueling, and so on. Thus, the
constituent entities of transportation systems include the goods and people being
transported and the interchange points, all of which are geographically dispersed.
Prior to thediscovery of €l ectromagnetic communication, information on thetransport
of goods and people was propagated along with the transported material itself or was
physically carried by some other means, the speed of which was similar in scale to
the rate of movement of the goods or people. Thus, in essence, the transit speeds of
the good and people and the information about their transport were similar.

The first major revolution in transportation coincided with the introduction of
el ectromagneti c communi cation, which enabled the propagati on of information about
the movement of goods and people significantly faster than the actual transport of
the material at limited speeds. Thus, amodern transportation network may be viewed
conceptually as consisting of two principal components: an information network that
transports pure electromagnetic energy and a material transport network that carries
goods and people. While the information network is optional but highly beneficial,
the material transport network is afundamental requirement.

The availability of computing enginesfuel ed the second major revolutionin trans-
portation systems wherein fast and precise computers were exploited to efficiently
control and coordinate the transport of goods and peopl e across the system. Excellent
examples of computer usage in transportation in use today include the centralized
control for railways [21], centralized air traffic controllers, and traffic management
centers [22] for automobiles. For simplicity and ease of comprehension, the coordi-
nation and control functions, from the start, have been consolidated into centralized
units, which continues to dominate to this day. The significant cost and bulk associ-
ated with the earlier computers had reinforced the decision to centralize. Under the
centralized paradigm, first relevant information is acquired from every constituent
entity of the system at the centralized unit. The information may include the origin
and target destinations of the units being transported; the transport-related prefer-
ences, if any, of every unit; the state of occupancy of the transport paths between
the interchange points; and the state of the information network. Next, the central-
ized unit executes a complex, decision-making program that aims to achieve over-
all efficiency, subject to specific preestablished criteria. The program computes the
movement-related decisions for each of the units that needs to be transported, one
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at atime. Then, the decisions are propagated to the respective units, which, in turn,
realize them.

Conceptually, the generation of the decisions by the centralized computing engine
may be slow, especialy where the number of units in the system is large. Further-
more, thetasks of reading theinformation from all of theremote unitsand relaying the
respective decision to each of the distant units, one at a time, may greetly diminish
the speed of decision making as well as the realization of these decisions. Slower
decision making impliesinaccuracy and imprecision. Furthermore, centralized units
are highly susceptible to natural and artificial disasters. In reality, many of today’s
transportation networks are witnessing a dramatic increase in the number of the con-
stituent units, faster rates of movement of goods and people, and a sharp increase in
the demand for faster and more precise coordination and control. As a result, it has
been projected that for some transportation systems even the use of today’s fastest
supercomputers may not be adequate. Recently, the U.S. Federal Aviation Author-
ity (FAA) has initiated the concept of “free flight” [23] to enhance the safety and
efficiency of the National Airspace System (NAS). The concept moves NAS from a
centralized command and control system between pilotsand air traffic controllerstoa
distributed system that allows pilots, whenever practical, to choose their own routes,
dynamically, for efficiency and economy. To achieve safety within “free flight,” the
FAA must establish guidelinesto control theflight routes. Fundamentally, therequire-
ment in the current centralized approach that the decision making for the constituent
units, X, Y,..., be sequential, is unnecessary. Where the resources pertaining to the
transit of X are relatively independent of those pertaining to Y, the decision making
for X and Y, in theory, may occur independently and simultaneously.

Today, the transportation disciplineis on the brink of experiencing the third major
revolution and possibly the most complex—the transformation from the centralized
paradigm to the asynchronous, distributed paradigm that will integrate fast comput-
ers and high-performance computer networks through novel computer algorithms.
The discipline of intelligent transportation systems (ITS) [24] encompasses all of
the advances in transportation and calls for the design of innovative and creative
approachesto the transportation needs, utilizing the fundamental principles, followed
by thorough scientific validation.

3.1 PRINCIPAL CHARACTERISTICS OF ITS

The principal characteristics of TS, which promises to gain increasing importance
in the future, include the following:

1. Information dispels and wears out ignorance: The single biggest cause
of driver impatience that leads to reckless driving, incidents, road rage, and
accidentsisignorance. When atraveler encounters an obstacle and does not
know what lies ahead, a rational or irrational fear may arise in that he or
she might not succeed in reaching the destination on time, which, in turn,
may have untold consequences. The I TS architecture’s greatest contribution
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may consist in providing logically relevant and accurate information in a
timely manner to needy travelersin aform that they can utilize to determine
alternatives and recompute their plans. For example, consider that a busy
executive, say Joe, in some city, scheduled to be on aflight, say XY Z, from
anearby airport, islatein leaving the office. Joe panics and drives reckless,
nearly running over apedestrian, and barely makesit totheairportintimeto
catch theflight, only to find out that XY Z has been delayed for 2 hours since
the incoming aircraft had developed an unexpected mechanical problem.
If under ITS, the flight delay information, as soon as it becomes available,
is automatically transmitted to every passenger scheduled for XYZ, in this
case Joe's cell phone, most if not al of Joe's driving-related problems may
disappear immediately.

2. Automated computation: Unlike in many transportation systems across
the world where the decision making and the computation of the arrival
times are still estimated manually, future system architectures must employ
automated decision-making computer systemsto yield accurateinformation
and achieve precise control and coordination.

3. Accuracy of information is crucial: Information must be accurate, timely,
relevant, and consistent. Otherwise, driverswill begin to question the value
of thel TStechnology and may even abandonit prematurely. Any out-of-date
piece of data can quickly assume the form of misinformation with severe
unintended consequences. Consider a recent event, intended to serve as an
example of what must not occur under ITS. As recently as in June 2002, a
programmabl e overhead el ectronicinformation board on I nterstate-10 warns
driversthat the air quality between Phoenix and Tucson is poor. The driver
reading the sign finds it informative but irrelevant since he or sheisdriving
west toward Los Angeles and is just about to leave behind the Phoenix city
line. The information should have been displayed on the opposite side of
Interstate-10 between Phoenix and Tucson.

4. Respect for drivers’ freedom is of paramount importance: Except under
true emergency conditions, the ITS architecture should neither attempt to
control nor dictate a driver’s behavior for two reasons. First, no central-
ized authority [25] can ever know with certainty the goals, objectives, and
thinking of every driver and, therefore, any attempt to control him or her
will invariably be based on erroneous assumptions. Second, in the long run,
driverswill resent theintrusion on their freedomto maketheir own decisions
and will ultimately abandon ITS. Thekey principleisto providedriverswith
as much relevant information as possible and equip them with appropriate
networking and computing resources so that they can determine and freely
choose the right course of action under the given circumstances.

5. The demand for flexibility and freedom of choice: The frequent lack
of flexibility, the absence of personalized services, and the availability of
mostly inaccurate estimates areincreasingly being rejected by the customers
of transportation systems. There is strong unwillingness to accept the

© 2010 by Taylor & Francis Group, LLC


metrovoice
T&F 2010


22 Intelligent Transportation Systems

traditional excuses of limited computational ability and network bandwidth.
There is an increasing demand for flexibility, freedom of choice, and per-
sonalized service, and the trend is likely to continue into the future.

6. The demand for accurate, that is, precise and up-to-date, information:
In the traditional approach, data are first collected at a centralized unit, pro-
cessed, and the resulting information is disseminated to the geographically
dispersed customers. Given the geographical distance and thefinite speed of
propagation of el ectromagnetic radiation, when a customer interceptsinfor-
mation relative to the transport of aunit in transit, afinite time interval has
elapsed since the information was originally generated. For dynamic sys-
tems, this delay implies that the information received by the customer has
incurred latency and is, in essence, inaccurate and imprecise. The degree
of the error due to latency is a function of the length of the delay, rela-
tive to the dynamic nature of the system, and the resolution of accuracy.
Thus, latency is fundamental to every transportation system, and future sys-
tem architectures must focus on distributed schemes that aim at eliminating
all unnecessary sources of latency, where possible, and realizing efficient,
accurate, and timely decisions.

7. The individual traveler must constitute the focus: The ITS architecture
must be fundamentally centered around each individual driver or traveler,
subject to safety and fair resource availability for all. That is, while gross
metrics such as pavement utilization, average travel time, network band-
width usage, and compute horsepower are important to the planners and
operational managers, concern for theindividual traveler’s parameters must
remain at the forefront.

8. A fundamental, enabling characteristic of transportation networks:
Although it is an obvious fact that matter in the form of goods and peo-
pleis transported in a transportation network, the implication is profound.
Thematerial unitsbeing transported may carry with them their own comput-
ing engines, which, at the present time, are necessarily matter. In contrast,
in acommunications network, the units of information constitute pure elec-
tromagnetic energy, and they cannot carry with them their own computing
engineswhilein transit. While carried along with the goods and people, the
computers, in turn, may facilitate dynamic, travel-related computations and
decision making. Also, since the constituent units of atransportation system
may communicate with each other while in motion, utilizing wireless or
infrared techniques, thereis hope that the need for centralizing the informa-
tion gathering and decision-making functions may be eliminated. The trend
of decreasing physical size and cost, increasing capability, and lower power
consumption in computer designsis encouraging and will likely render their
use in transportation networks increasingly practical.

9. The design of asynchronous, distributed algorithms for control, coor-
dination, and resource management: Since the constituent units and the
resources of any transportation system are geographically dispersed, it is
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logical for future system architecturesto exploit distributed algorithms. The
unitsto betransported acrossanetwork arelikely torequest for service, inde-
pendent of one another and at irregular intervals of time. Thus, the interac-
tionsinthe system, in essence, will be asynchronous, requiring the design of
asynchronous, distributed algorithmsfor control, coordination, and resource
allocation.

By design, an asynchronous, distributed, algorithm for atransportation sys-
tem must necessarily reflect the highest, meta-level purpose or intent of
the system. The algorithm manifests itself in the behavior of every con-
stituent unit. It will hold the potential of exploiting the maximal parallelism
inherent in the system. Furthermore, local computations must be maximized
while minimizing the communications between the entities, thereby imply-
ing high throughput, robustness, and scalability. The key properties of such
agorithms are asfollows:

a. ldentification and definition of entities: From the perspective of con-
trol, coordination, and resource allocation algorithm, entities constitute
the basic decision-making units and define the resolution of the deci-
sion behavior of the transportation system. From the perspective of the
physical system, entities correspond to its natural, constituent elements
and include the resources and the unitsto be transported. An entity must
be self-contained, that is, its behavior, under every possible scenario,
is completely defined within itself. Every entity exists independent of
al other entities and, therefore, its behavior is known only to itself.
Unless the entity shares its behavior with a different entity, no one has
knowledge of its unique behavior. Conceivably, an entity will interact
with other entities. Under such conditions, its behavior must include the
scope and nature of the interactions between itself and other entities.

b. Asynchronous nature of entities: In general, units requesting trans-
port are incident on the system at irregular intervals of time. A unit may
consist of asingle traveler or a group of individuals traveling together
under a specia event. Since the units are incident at different geograph-
ical points of the system, they are unaware of the presence of each other,
their ratesof progressarelikely to be different, and their destinationsare
likely uncorrelated and different, the interactions in the system will be
asynchronous. Time constitutes an important component in the behavior
of the entities and their interactions. Although every entity, by virtue of
itsindependent nature, may possessits own unique notion of time, when
anumber of entities F1, F>,... chooseto interact with each other, they
must necessarily share acommon notion of time, “universal time,” that
enables meaningful interaction. The universal time is derived from the
lowest common denominator of the different notions of time and reflects
the finest resolution of time among all of the interacting entities. How-
ever, the asynchronicity manifests as follows. Where entities A and B
interact, between their successiveinteractions, each of A and B proceeds
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independently and asynchronously. That is, for A, the rate of progress
isirregular and uncoordinated (with respect to B) and reflects lack of
precise knowledge of the rate of progress of B, and vice-versa. At the
points of synchronization, however, the time values of A and B must
beidentical.

c. Concurrency in the entities: Since every entity exists independent of
others, except for the necessary interaction with other entities, every
entity must necessarily be concurrent. That is, the progress and rate
of its execution is independent of those of other entities and, at any
given instant during execution, the states of the entities are unique. In
an implementation of the algorithm, every entity may be mapped to
a concurrent process of a host computer system. The recognition that
entities are concurrent is important for two reasons. Firdt, it reflects
the correct view of an actual transportation system and, as a result, the
control and coordination algorithm represents reality closely. Second,
when the algorithm is executed on a host computer system that contains
adequate computing resources, the concurrent entities may be executed
simultaneously by dedicated computing enginesto achievefaster overall
execution. Faster execution will enable, realistically, the execution of
the algorithm alarge number of times, for different parameters, yielding
insight into the system design issues.

d. Communication between entities: Clearly, an entity may not possess
total and accurate knowledge of everything it may need for its continued
functioning at every instant of time due to the geographical distances
and the finite speed of propagation of information. Therefore, the shar-
ing of data and knowledge through interaction with other entities may
constitute an important and integral component of the algorithm. Enti-
ties may interact with one another, and the nature of the interaction may
assume different forms. First, each set of entities that interact between
themselves are identified, and they reflect the corresponding real-world
system exactly. In an extreme case, any entity may interact with any
other entity. Second, the necessary data and information must be shared
between theinteracting entities and appropriate message structures must
be developed. Third, the information may be shared on a need-to-know
basis, to ensure privacy and precision. Fourth, all message communi-
cation is assumed to be guaranteed. That is, once a sender propagates
amessage, it is guaranteed to be received by the receiver(s). Thus, the
sharing of dataand information among entitiesimpliesacommunication
network that interconnects the entities and is an integral component of
the algorithm. The topology of the network is determined by the nature
of the interactions.

e. Proof of correctness of the algorithm: By their very nature, the control
and coordination algorithms, involving hundreds of autonomous entities
executing simultaneously and asynchronously with no centralized agent
responsiblefor controlling their activities, are difficult for the sequential
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human mind to comprehend. To ensure accuracy, correctness, and saf ety
of areal-world transportation system under algorithm control, it isthere-
fore crucial to develop aproof of correctness. Fundamentally, the proof
of correctness must guarantee that the system operates correctly, that
is, the execution of the algorithm must accurately reflect reality, there
is the absence of any inconsistency such as accidents, and that the sys-
tem progresses toward its unique objective. The proof of correctnessis
especially important since each decision-making entity utilizes a subset
though arelevant fraction of the system-wide information and the data
from other entitiesis subject to latency.

f. Robustness: The asynchronous, distributed algorithm is expected to
yield arobust system, which, unlike a centralized system, is much less
susceptible to natural and artificial disasters. Each geographically dis-
persed entity is a decision-making unit, and the likelihood of a disas-
ter affecting every entity is remote. Thus, even if one or more of the
asynchronous entities fail, the remaining entities are not likely to be
completely affected and the system is likely to continue to function in
a degraded mode. For the algorithm to operate under partia failures,
exceptional handling must beincorporated into the design of the entities
and their asynchronous interactions.

g. Performance: The use of multiple processors executing concurrently
under algorithmic control implies superior performance. The degree to
which the algorithm is able to exploit the parallelism inherent in the
underlying system is reflected in its performance metric. While every
specific transportation system is likely to require its unique set of met-
rics, two criteriamay be applied uniformly across all algorithms. First,
“performance scalability,” detailed in Chapter 4, reflects the ability of
the algorithm to continue to function, that is, achieve the primary per-
formance objective, despite increasing system size, that is, increase in
the number of entities constituting the system. Since the computation
underlying the system-wide decision making is distributed among every
entity, as the system size increases, both the demand for increased com-
putational power and the number of computational engines increases.
Assuming that the communication network experiences proportional
expansion, the ratio of available computational power to the required
computational power is expected to decrease only by a marginal frac-
tion, implying that theachievement of the primary performance objective
will be affected only marginally. Second, consider a hypothetical mech-
anism that is capable of determining the absolute performance of any
given real-world problem, which, in turn, may serve as the ideal met-
ric against which the performance of any algorithm may be evaluated.
Chapters 5 and 6 present this metric in detail. Performance measures
can play an immense role in investment and operational decisions of
transportation agencies.
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h. Stability: Where the algorithm constitutes an implementation of areal-
world transportation system, it is likely to be subject to unexpected
changes in the operating conditions. The property of stability refers to
the behavior of the algorithm under representative perturbations to the
operating environment and is detailed in Chapter 7.

10. Simulation is indispensable: For many of today’s transportation systems,
given the increasing size and complexity, which implies alarge number of
variables and parameters that characterize a system; the wide variation in
their values; and the great diversity in the behaviors, the results of the ana-
lytical efforts have been restrictive. ITS systems are likely to be complex,
implying that modeling and large-scale asynchronous distributed simula-
tion may be the most logical and, often, the only mechanism to study them
objectively. Key benefits of modeling and simulation are many. First, they
enable one to detect design errors, prior to developing a prototype, in a
cost-effective manner. Second, simulation of system operations may iden-
tify potential problems, including rare and otherwise elusive ones, during
operations. Third, analysis of simulation resultsmay yield performance esti-
mates of the target system architecture and potential for growth.

11. Continual checking for operational errors: By their very nature, com-
plex systems may contain design errors that manifest irregularly during
operations and elude detection but are severely damaging. To address this
weakness, | TS architectures must i ncorporate automatic mechanismsto con-
tinually accept any errorsreported by usersand bubblethem up tothe system
architect level so that corrections and refinement may berealized in atimely
manner.

12. Continual checking for inconsistencies between ITS principles and soci-
etal norms: Any I TSarchitecture must be based on sound logical principles,
and where established norms pose inconsistencies, they must be carefully
analyzed. For example, virtually everywhere in United States, high occu-
pancy vehicle (HOV) lanes, where present, are located at the extreme |eft.
Since pavements to the left are designated fast lanes, the immediate conno-
tation isthat the HOV isafast lane. Thisisreinforced by the fact that, often,
fast non-HOV cars use the HOV lane to pass slower cars in the left lane.
Furthermore, to get to thislane, an HOV entering the highway from aramp
typically located on the right must maneuver through fast-moving carsinthe
left lanes, if at all possible on acongested day, |eading oneto infer an under-
lying assumption that HOV driversintend to drivefast. The assumption may
be seriously wrong since many of the HOV vehicles may represent families
traveling together who would prefer to drive at the speed limit and avoid
accidents. As a second example, consider the nature of many of the high-
ways whose origins date back to the 1700s before the union was formed. To
drivefromtown Sto T, oneis advised to follow highway H, which will lead
straight to amajor interstate freeway. Although H appears as a straight line
road on the map with no major intersecting highways except the interstate
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freeway, adriver unexpectedly encounters forks at three different locations.
The peculiarity of theseforksisthat if one follows the most obvious branch
of the fork that has the same make and feel of the road that he or she was
on that would be a mistake. To continue on H, one would have to make a
sharp turn, left or right, on the less obvious branch of the fork. There are
signs posted at the forks but worn out and obscured by years of overgrown
vegetation. Presumably, pieces of the road date back hundreds of years and
when consolidated into highway H the sharp jogs were | eft in place to avoid
running through people’s homes, places of worship, and so on. Clearly,
thousands of drivers following H must have gotten delayed or lost, and the
cumulative delay over the past fifty decades has run into hundreds of thou-
sands of hours. To justify such waste today is very difficult, and for ITS to
make a genuine difference, these problems must be addressed scientifically
and objectively.

3.2 SCIENTIFIC VALIDATION OF ITS DESIGNS THROUGH
MODELING AND SIMULATION

The traditional approach to understanding the behavior of real-world transportation
systems has been to develop analytical models that attempt to capture the system
behavior through exact equations and then sol ve them using mathematical techniques.
This has been adequate in the past and may continue to serve effectively in many
disciplines. However, for many of today’ stransportation systems, giventheincreasing
size and complexity that implies a large number of variables and parameters that
characterize a system, the wide variation in their values, and the great diversity in
the behaviors, the results of the analytical efforts have been restrictive. For example,
Partners for Advanced Transit and Highways (PATH) researchers, at the University
of California, Berkeley, have proposed an architecturefor intelligent vehicle highway
systems (IVHS) [26], wherein one or more automobiles are organized into discrete
platoons that move through special lanes, similar to HOV lanes, on existing freeways
at very high speeds. When avehicle entersinto the network and announcesitsultimate
destination, the system assignsit anominal routethrough the network. Intheir attempt
to develop an analytic model of the architecture, utilizing the principles of control
theory, PATH researchers encounter a system with a formidable number of states.
Tomorrow’s systems are expected to be far more complex, implying that modeling
and large-scale simulation may be the most logical and, often, the only mechanism
to study them objectively.

Modeling refers to the representation of a system in a computer executable form.
The fundamental goal isto represent in a host computer a replica of the target trans-
portation systems architecture including all of its constituent components, as accu-
rately and faithfully as possible. Simulation refersto the execution of the model of the
target system design on the host computer, under given input stimuli, and the collec-
tion and analysisof thesimulation results. The benefitsof modeling and smulation are
many. First, they enable oneto detect design errors, prior to devel oping aprototype, in

© 2010 by Taylor & Francis Group, LLC


metrovoice
T&F 2010


28 Intelligent Transportation Systems

acost-effective manner. Second, simulation of system operations may identify poten-
tial problems, including rare and otherwise elusive ones, during operations. Third,
analysis of simulation results may yield performance estimates of the target system
architecture. Unlike in the past, the increased speed and precision of today’s comput-
ers promises the devel opment of high-fidelity models of transportation systems, ones
that yield reasonably accurate results, quickly. This, in turn, would permit system
architectsto study the performanceimpact of awide variation of the key parameters,
quickly and, in afew cases, even in real time or faster than real time. Thus, a qual-
itative improvement in system design may be achieved. In many cases, unexpected
variations in externa stress may be simulated quickly to yield appropriate system
parameter values, which are then adopted into the system to enable it to successfully
counteract theexternal stress. In simpleterms, simulation permitsthe playing of “what
if” games. Thiswill allow designers and operatorsto conceive hypothetical, yet real-
istic, scenarios that may arise in the future; devel op solutions and strategies; and test
them off-lineg, i.e., non-operational mode, in a cost-effective and safe environment.
Last, the design of new performance metrics may be facilitated to gain abetter under-
standing of the nature of the system behavior. The issue of determining appropriate
input traffic demand patternsis discussed in each of the Chapters 4 through 8.
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4 DARYN: A Distributed
Decision-Making
Algorithm for Railway
Networks

4.1 INTRODUCTION

A railway network typically consists of thousands of miles of tracks and hundreds to
thousands of locomotives carrying goods and people from one place to another. For
efficiency and modularity, usually, the tracks are divided into individual units, each
of which may be controlled exclusively by the system. Thus, atrain in propagating
from alocation A to another location B may travel over several tracks. Given that two
or moretrains may need to use, at some timeinstant, the same track and that only one
train may occupy atrack at any time, the principal goal of the railway system isto
allocate tracks to trains such that (1) collisions are avoided and (2) the resources are
utilized optimally.

Traditional approaches utilized the principles of centralized scheduling to achieve
these objectives. In centralized scheduling, the destination of every train is known a
priori by the dispatcher—a uniprocessor computer. In addition, adispatcher receives,
at regular intervals of time, the current position and speed of every train and the sta-
tus, that is, whether occupied or empty, of every track in the system. The dispatcher
analyzesthese data sequentially and based on a cost function and computes the subse-
guent subroute that every train must execute. Thus, the dispatcher controls the status
of every track and the subsequent movement of every locomotive to achieve overall
optimal efficiency of resource usage.

Consider arailway network, shownin Figure 4.1, where the four tracks T through
T, connect the four stations A through D. The centralized scheduler is represented
through the block DPU in Figure 4.1 that is connected to each of the tracks T}
through T, through solid lines implying permanent communication link fixtures.
Each line represents bidirectional flow of information. The track statuses are fed to
the DPU, and the DPU, in turn, propagates new instructions to the tracks. Where a
train R, is propagating from the originating to the destination station, a temporary
communication link (perhaps aradio-link) is established with the DPU. Thislink is
canceled following the arrival of thetrain at its destination. Assume that at sometime
instant, trains R; through R3 occupy the tracks 75, T3, and 15 respectively. Thus,
temporary links, shown through dotted linesin Figure 4.1, represent the bidirectional
flow of information between the trains and the DPU. At certain time intervals, each
of R; through R3 and T} through T, propagate relevant information to the DPU.

29
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FIGURE 4.1 Centralized scheduling in traditional approaches.

The time interval is determined based on the length of the tracks, speed of trains
and information processing by the DPU, communication link delays, and the desired
accuracy of the decisions. The DPU reads the data sequentially, analyzes them, and
computes the subsequent tracksfor R; through R3 based on acost function. The cost
function may take into consideration the actual cost of using atrack, the priority of
the train, and future implications. The DPU propagates these decisions to the trains
R, through R3 sequentially and permits them to make appropriate movements. This
process continues until al trains reach their ultimate destinations when the systemis
said to haveterminated. For simplicity, thechoiceof thetimeintervalsmay correspond
to the time instants when all trains have arrived at a station.

A description of the centralized algorithm, using pseudocode, is presented in
Figure 4.2.

Graff and Shenkin [27] describe asimulation of atraditional algorithm, subject to
aset of predetermined objectives, where the decision subroutine of the dispatcher is
executed whenever atrain arrives at anode (i.e., an intermediate station). This algo-
rithm is also utilized by the Southern Pacific Transportation Company. The authors
note that the CPU time required on an IBM PC remains manageable, provided that
the number of tracks and trains is limited to 15 and 25 respectively. Fukumori [28]
provides an artificial intelligence approach to address the scheduling problem for a
partially ordered set of events utilizing the timetable as a given specification. Recent
improvementsto thetraditional algorithm include sophisticated strategiesto commu-
nicatetrain and track information to the di spatcher-computer. Rao and Venkatachalam
[29] present an experimental system that uses microprocessors to interlock control
points, monitor track circuits, and interact between the track circuit and the locomo-
tive currently occupying the track. The overall objective is to reduce the probability
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main ()
{
open file to read information on all statiomns;
open file to read information on all tracks;
open file to read information on all randomly generated train information;

interval = 1;

while not (all trains arrive at destinations) {
for this interval, read speed and position of every train;
for this interval, read status of every track;
determine subsequent tracks for every train through cost function evaluation;
permit the trains to move to the the next tracks;
interval <- next interval;
verify whether all trains have reached destinations;

}

}

FIGURE 4.2 Algorithm for centralized scheduling.

of accidents. Coll, Sheikh, Ayers, and Bailey [21] present a detailed description of
the North American advanced train control system (ATCS), where the alocation of
tracks to trains is controlled exclusively by a dispatcher. ATCS is hovel in its use of
transponder-computers that are embedded along the tracks to monitor the necessary
data, onboard computers that enforce the allocations issued by the dispatcher, and
a sophisticated computer-to-computer communications architecture. Kashyap [30]
describes the role of telecommunications in the management of tracks in the con-
text of Indian Railways. Vernazza and Zunino [31] present a distributed intelligence
methodology for railway traffic control, which is described as follows: the entire
system of tracks is divided among a few decision centers (DCs) exclusively. When
atrain R; occupies atrack that is under the jurisdiction of a decision center DC,
DC; assumes the role of the dispatcher for R;. When R; needs to use a track that
is controlled by another decision center DCy, DC; must negotiate with DC, for
the temporary privilege of using the track in question. A principa limitation of the
approachesin[21] through [30] isthat they arelimited to centralized scheduling, and,
asaresult, such systemsareboundto be slow for large systems. Furthermore, thismay
imply that the control mechanism isineffective as area-time system. Evidently, the
need to send information from every train and track to the dispatcher will imply slow
communication. This results from the large signal propagation delays over the links
and the time necessary for the dispatcher to read every piece of data. Conceivably,
such delays may forcetrainsto unnecessarily idle[2] at stationsawaiting dispatcher’s
decisionsor lead to collisions. The approach [30], while representing animprovement
over the earlier approaches, islimited inthat (1) it resortsto alimited number of DCs
and (2) lacks realistic modeling and detailed simulation study.

Theremainder of thischapter presentsanovel approach, DARY N, that addressesa
number of limitationsof theearlier approaches. Section 4.2 presentsadetail ed descrip-
tion of the DARY N a gorithm and the issue of modeling on aloosely coupled parallel
processor. Section 4.3 describes the implementation of DARYN on ARMSTRONG,
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Section 4.4 presents measurements from the modeling and simulation and details an
analysis of performance of DARY N.

4.2 THE DARYN APPROACH
4.2.1 ALGORITHM

An analysis of the centralized algorithm reveals that the primary reason for the dis-
patcher to compute the routing for every train liesin the fact that the same track may
berequired by two or moretrainsat aninstant of time. If thedecisionsfor thetrainsare
computed by agents that are completely independent and noncoordinating, this may
lead to collisions that are unacceptable. DARY N proposes a solution that attempts
to eliminate collisions, or equivaently, maintain consistency in all of the decisions
while distributing the overall decision process among concurrently executable, nat-
ural entities that execute with a minimum of synchronizations. Thus, under these
circumstances, the maximal inherent parallelism may be utilized. The word “ natural”
refersto the physical entities that are inherent in the system.

In DARY N, the decision process is distributed among the processors embedded
in the stations and locomotives of the system. Every train and station executes its
share of the decision making concurrently and independently, subject to necessary
synchronizations, such that consistency is maintained and the overall system exe-
cutes much faster. A processor, associated with a locomotive, possesses complete
knowledge of the track layout of the entire network. Since the frequency of changes
in the actual layout of the tracks is likely to be extremely low, it is redlistic for the
train-computer to store this information as a part of its initialization. This chapter
assumes that a train-computer has accurate knowledge of the entire track layout at
al times. Although the electronic storage requirement may seem significant, it is
easily and economically achieved through the use of inexpensive USB thumb-drives
whose capacities are rated at 32 GB (and increasing). While most of the track layout
may be assumed stable, the relatively few dynamic changes in the track layout due
to faults, maintenance repair, and others, may be easily read by the trains from the
neighboring station-computers. The train-computer, T'C; for train R; is also respon-
sible for evaluating the cost function and thereby determine an optimal route for R;.
In order to achieve its objectives, the train-computers must interact with the station-
computersthat control the tracks exclusively. Each track is controlled exclusively by
asingle station-computer. For obvious reasons, the tracks in the vicinity of a station
are controlled by that station-computer.

Initially, every track is unoccupied and every train, located at the originating sta-
tion, is uncommitted with respect to its route. Following initialization, every train is
fully aware of the entire network, that is, the locations and owners of the tracks and
every station-computer is aware of the tracksit owns. A train R; utilizesits ability to
evaluate the cost function and determine an optimal route. Thereafter, it propagates
arequest to the station-computer that controlsthefirst track in its optimal route. This
reguest is implemented in the form of a message and is sent by R; to the current
station S;, where S; isthe owner of the track in question, it examines other similar

© 2010 by Taylor & Francis Group, LLC


metrovoice
T&F 2010


DARYN 33

requests and arrives at aresolution, utilizing the notions of first-come-first-serve and
priority. That is, a station determines the lowest time of all times of requests by trains
corresponding to a particular track. The request corresponding to the lowest time is
approved and al othersare denied. Theresponseto the original request is propagated
by S; to R;, where S; is not the owner of the track in question; the request is routed
to the appropriate station-computer, Sy, and a response from it is sent back to R;
via S;. Where the train R;’s request is approved, the train may physically proceed
on the track toward the subsequent station that constitutes a subset of its optimal
route. However, if the request is denied, the train-computer must reevaluate the next
best route and repeat the process for the first track of this new route; where atrain’'s
requestsfor tracks are repeatedly denied, either at the originating or any intermediate
station, the train-computer must continue to issue requests. It is likely that such a
scenario refers to a potential problem. In addition, until atrain is given permission
to occupy a subsequent track, it may not move from the station where it is currently
located. Thisguarantees absol ute consistency of decisions. When thetrain reachesthe
subsequent station, it repeats the same negotiation process. Every station-computer
performs two functions—(1) issuing permission or denials to requests for tracks that
it owns and (2) routing requests from trains to appropriate station-computers as well
as responses in the opposite direction. This process continues until all trains reach
their destinations.

Thus, in DARYN, a train-computer may issue a request only when it is physi-
cally located at a station. Conceivably, the train-computer interacts with the station-
computer through optical, infrared, or other means, and the communication process
isinitiated as soon as the train enters the station. Given that trains may travel at a
maximum speed of 200 km/h and that the length of atypical station is 200 meters, the
minimum contact time between a station and a train may be approximately 3.6 sec-
onds. Thisis, at least, several timeslarger than the CPU time (milliseconds) necessary
for negotiations by the digital computers underlying the trains and stations and, as a
result, in most cases, atrain may not even need to physically stop at a station during
the negotiation process. Also, atrain-computer necessarily recomputes anew optimal
path at a station once its request for access of a track, based on an earlier optimal
route computation, is denied. Logically, one may argue in the favor of permitting a
train to request reservation on two or more consecutive tracks of its optimal route
prior to permitting it to move. While this might facilitate efficient long-term plan-
ning, it hasthe potential to degrade overall performance by reserving trackstoo soon,
thereby locking out tracks and leading to poor routing for other trains. DARYN is
restricted to looking ahead and requesting reservation only up to theimmediate track.
Furthermore although the nature of the cost function may be complex, in this chapter,
asimple cost function is assumed. Every track has the same cost associated with it
and every train has the same priority. Assuming an X-Y coordinate system for the
train network, where a train has to move M and N unitsin the X (horizontal) and
Y (vertical) directions respectively, the cost function forces the train to first movein
that direction given by the larger of the values M and N. When M = N, either of
the X or Y directions may be chosen.
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FIGURE 4.3 The DARYN approach.

A necessary condition inthe DARY N approach isthat every station and train must
possess clocks that conform to an absolute standard clock. At initialization, all such
clocks are synchronized and reset to 0. This ensures consistency of timing of al
reguests, responses, and decisions.

As an example of the DARY N approach, consider the network in Figure 4.3. In
Figure 4.3, the stations A through D are connected by the tracks 73 through T}.
Assume that the station-computer for A controls the tracks 77 and 7, while each of
the station-computers for B and D control the tracks 7> and T3 respectively. Thus,
the station-computer for C owns no tracks. The station-computers communi cate with
each other through communication links that are laid alongside the tracks. Assume
that, at atime instant, the system containsfour trains Ry, Ro, R3, and Ry4. Trains R,
and R areasserted at stationA at timesgivenby ¢ = 0 unitand ¢ = 5 unitsrespectively.
Both are destined for C. Trains R3 and R, are asserted at station C at times given
by ¢t = 0 unit and ¢t = 5 units respectively. Both are destined for A. In DARYN,
assume that trains Ry, R3, Ro, and R4 determine their optimal routes as {7y, 15},
{T, T\ }, {T1, T}, and {75, T4} respectively. Thus, R, requests station-computer
A for reserving track T, while R3 sends a similar message to station-computer B via
station-computer D. Both the requests will be granted and the trains will move on
their respective tracks. Assume that the length of the tracks and the trains' speeds
are such that R; reaches station C at t = 7 unitsand R3 reaches B at t = 4 units. At
this point, that is, ¢t = 4, R3 will issue arequest to and receive an approval from the
station-computer A with regard to track 73 . Assumethat train R3 arrivesatAatt =6
units. Att = 5, train Ry will issuearequest to A for track 7, and will be denied. Train
Ry may then reevaluate its routing and assume that it decides to issue arequest to A
for track Ty. This track, Ty, is aso occupied until ¢ = 7 and, therefore, the request
will be denied. Train R, may then revert to itsfirst choice and re-request node A for
track T4. This process will continue until A grants the request of Ry at ¢t = 6 units.
Then, R, will moveonT; toB att = 8 units. Similarly, at ¢t = 5 units, train R4 issues
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arequest to D for track T3 and the request is granted. Therefore, R4 movestoward C
viaTs and will reach C at, say, t = 8 units. Meanwhile, train R, arrivesatCatt =7
units and issues a request to D via C for track 7. This request is denied. Since R;
has no aternative, it has to wait at node C until a subsequent request to D for track
T3 is granted at t = 8 units. This process continues until all four trains reach their
destinations. It may be observed that the routing decisions are made by the individual
train-computers while the track allocations are performed by the station-computers
and, as aresult, the overall throughput islikely to be significantly higher than that of
the traditional algorithm.

Decisions are compute-intensive and as DARY N distributes decisions onto every
physical entity of the railway network namely, locomotives and stations, that execute
on independent processors, the overall throughput islikely to be significantly higher
than the traditional algorithm executing on a uniprocessor. Also, trains communicate
with local stations, at best, and with neighboring stations, at worst. Thus, communi-
cation time is significantly less than the traditional approach, where every train and
track must send information to the fixed dispatcher-computer. Finally, as the num-
ber of trains and tracks increase, implying an increase in the size of the system, the
computational requirement and the number of computational engines both increase.
Thus, it is likely that the total CPU time will increase much more slowly than the
corresponding traditional system, implying superb performance for DARY N.

4.2.2 Proor oF FREeEbom FROM DEADLOCK

DARY N is an asynchronous, distributed approach and it is deadlock-free.

Multiple trains may propagate requests to compete for a single track; all such
requests are ultimately routed to a single station-computer that ownsthe track exclu-
sively. Upon receiving one or more requests, a station-computer must arbitrate, based
on the time of arrival, and then generate and propagate a response—approval or
denial, withinafiniteamount of time—to every requesting train. A station-computer’s
response is computed based on the total number of outstanding requests that it has
received and is independent of all other entities in the system. Thus, the deci-
sion making by the station-computer is centralized, as opposed to distributed. A
station-computer al so merely routes messages directed to and from trains and station-
computersin finite time. Between the origin and the final destination, every train will
continuously issue requests to the stations and await responses. Until a response is
received from a station, corresponding to a request, a train will not issue a second
request to any station. Every train’s decision to propagate a request for a specific
track isindependent of any other train or station-computer. When a station-computer
grants permission to a requesting train, the train then becomes the exclusive owner
of the track for the duration of itstravel. Thus, there is a complete absence of cyclic
dependency and, therefore, the (1) possibility of deadlock is eliminated and (2) the
issue of safety, that is, two or more trains may not travel and collide on the same
track, is guaranteed. Moreover, for a system with a finite number of trains and the
existence of aset of track between the origin and destination for every train, DARYN
guarantees that every train will reach its destination in finite time. The proof is
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contingent on the assumption that every station-computer handles a finite number
of trains.

4.2.3 MobeLiING DARYN oN A LooseLy CouPLED
PARALLEL PROCESSOR

Toanalyzeitspropertiesin detail, the DARY N algorithm ismodeled on aloosely cou-
pled parallel processor, ARMSTRONG [32]. Thistest bed is appropriate because its
architecture—concurrent processors communicating over explicit protocols—closely
resembl es the geographically distributed and concurrent train- and station-computers
that communicate via explicit messages. ARMSTRONG [32] consists of 68 high-
performance MC68010 (10 MHz) processors that are connected through high-speed
communication links in the topology of a hypercube. Each processor is capable of
executing an application program asynchronously and concurrently. Furthermore,
processes executing on unigque processors may communicate through explicit, high-
level communication primitives. In this investigation, for a given railway network,
every station-computer is represented through an ARMSTRONG node. The com-
muni cations channel between two station-computers is modeled through a software
protocol established between the corresponding ARMSTRONG nodes. Ideally, one
would like every train-computer in the system to be represented also by an ARM-
STRONG processor. This would imply that a protocol must be established dynam-
ically between an arriving train-computer and the station-computer where the train
has just arrived. In addition, the protocol previously established between the train-
computer and the previous station-computer must be del eted because, most probably,
it will never be used again. The dynamic allocation and deallocation of protocols,
while theoretically supported by ARMSTRONG, is unreliable and, therefore, unus-
able. Inthisresearch, train-computersare conceptually represented through migratory
processes. When atrain, R;, resides at astation A, the corresponding train-computer
isimplemented through aconcurrently executable process, along with the processfor
the station-computer, on the underlying ARMSTRONG node. When the train moves
from A to B, the process on the previous node is disabled and the vital parameters
for the train-computer are propagated in the form of a message to B. At B, a new,
concurrently, executable processisinitiated along with the station-computer process
on the underlying ARMSTRONG node. The train-computer process is customized
with the parameters of R; propagated to B. Thus, a train’s functional behavior is
executed successively on the ARMSTRONG nodes corresponding to the stations
that the train visits until it arrives at its destination. That is, the train’s parameters
are successively updated and propagated from node to node as the train propagated
through the network. A disadvantage of this model is that the train-computers may
not be model ed through independent, concurrent, ARM STRONG processors. Further-
more, a hode representing a station has to divide its computational ability between
the station- and the train-computer processes. This dua role of the ARMSTRONG
node evidently reduces the performance of the DARY N approach. Anideal model of
DARY N would implement every train on a concurrent processor of ARMSTRONG,
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At every ARMSTRONG node corresponding to astation of the railway network, a
complete knowledge of the entire network is stored. When atrain arrives at a station,
the train-computer process reads this information. Every station-computer is fully
aware of the rightful owners of every track in the system. This assumption is based
on the idea that the frequency of change of the track layout is very small and any
such change information is quickly propagated through the network. A request for
a track, issued by a train-computer, is initially propagated to the station-computer
wherethetrain currently resides. Then, the messageis routed to the station-computer
that actually owns and controls the track. Upon receiving two or more requests for
a track, a station-computer determines the lowest of all request times and grants
approval to the train-computer with the lowest time of request. At this point, al other
requests for the track are denied. Where more than one train-computer qualifies, the
station-computer issues the approval to only one of them arbitrarily.

Since DARYN is asynchronous, each train-computer maintains its own time
counter. Initialy, al of thetrain-computers start with their time countersinitialized to
zero. Asthe simulation progresses, the train-computers increment their counters both
asthey compute train requests and asthey move, that is, thetimeit takesto traversea
track isthe distance of that track divided by the speed of the train. Consequently, the
advantages of asynchrony are concurrency and lack of complexity associated with
synchronizing alarge number of trainsin alarge system.

In ARMSTRONG, the communication process utilizes nonblocking primitives.
Once aprotocoal isestablished, datamay be passed between the nodes asfollows. The
sending node sends the data to the receiving node via an ipc_send (information_path,
data 1, data 2, ..., data_n) command. The sender process receives an immediate
response from the operating system with regard to the message; where the messageis
sent successfully, the sending node receives a 1. Otherwise, it receives a0, implying
that the attempt failed. It is the sender process’ responsibility to attempt to send the
message againinthefuture. Given that the systemisasynchronous, the receiving node
may not know the exact time when the sender has sent data. It executes an ipc_select
(information_path), once every so often, to check if data has been transmitted along a
particular information path. If the result is positive, the receiving node may read that
data with an ipc_receive (information_path, data_ 1, data 2, ..., data_n) command.
Otherwise, the receiver does not execute an ipc_receive command. The ipc_select
command isa so nonblocking in that it will return immediately with either a positive
or negative response.

For simplicity, the tracks are laid out in X (horizontal) and Y (vertical) directions
with the nodes laid out in a rectangular matrix. This ensures that the track request
algorithm for each train remains as simple as possible. Each train calculates its track
request by first computing the difference, in the X-Y coordinate system, between its
current location and the final destination. If theY-difference exceedsthe X -difference,
thetrain attemptsto moveintheY-direction so asto movecloser toitsfinal destination.
Similarly, where the X-difference is greater than the Y-difference, the train attempts
to move in the X-direction. Thus, the train determines the appropriate track request
and submits it to the corresponding node processor, which controls the track. Once
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FIGURE 4.4 A potential timing problem in the distributed simulation.

it receives a response—confirmation or denial, the train considers its next move. If
atrain is confirmed, it moves along the confirmed track. Where the train’s request is
denied, it recomputes a second track choice and resubmitsit. A train’s second choice
consistsin its attempt to move in the direction other than itsfirst choice. This process
continues until the train is granted approval on atrack.

Given that the simulation on the ARM STRONG system is also asynchronous, two
or more messages sent from individual nodes at the same time instant may arrive at
their destinations at times that differ greatly. This phenomenon introduces a“timing”
problem in the simulation that may be described asfollows. Assumethat, in arailway
system shown in Figure 4.4, two trains are both headed towardsthe New York station.
Whiletrain A istraveling on track 2, train B is moving on track 3. Also, assume that
upon arrival at New York, both A and B would wish to travel subsequently on track 1.
In the real world, the following should occur. Where track 2 is much longer in length
than track 3, assuming that both trainstravel at the same speed, train B would arrive at
New York prior totrain A. Thus, the station-computer at New York would most prob-
ably grant approval of track 1 totrain B. However, inthe simulation, thetimerequired
to travel is not modeled because the authors intend to measure only the CPU times
required by the decision processes. As a result, the following problem may occur.
The message containing the parameters for train A arrives at New York prior to train
B. That is, given that messages are propagated asynchronously in ARMSTRONG,
train A may “electronically” travel faster than B. The station-computer at New York
would, therefore, first grant approval to train A, thereby creating an inconsistency. It
may be stressed that this problem is purely the result of the hardware limitations of
ARMSTRONG.

To address this timing problem, the time required by a train to travel from one
station to the next is modeled through a scaled delay. Thus, the actual propagation of
atrain’s parameters to the subsequent node is physically delayed on ARMSTRONG
by this delay amount.

4.3 IMPLEMENTATION OF DARYN ON ARMSTRONG

This section presents the data structures and pseudocodes for the different functional
units that constitute the implementation.
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Each ARMSTRONG node that model s a station contains unique information such
as the node’s unique identifier number, the identifier assigned to the node by the
ARMSTRONG operating system, the number of tracks to which it is connected to,
the protocol connectionsfor the node, and the delaysthat are used to simulatereal-life
computation times. This information is stored in a structure—node_info. Each node
must al so storeinformation on the communication pathssuch astheir uniqueidentifier,
theidentifier assigned to them by the ARM STRONG operating system, and two link-
lists. Thefirst link-list contains the complete set of input protocols to this node while
the second link-list maintains the details of all of the output protocols from this node.

It has been assumed in this implementation that a station-computer controls all
tracks to the west and south of itself. It may be noted that, since the track network
is rectangular, some station-computers may not control any track at all. For each
track that it controls, each node maintains two lists. Thefirst list contains the current
reservation requestsfor that track. Thislist isprocessed in every processing cycle and
then cleared. The second list stores a single entry corresponding to the train, if any,
that currently occupies the track.

Finally, two structures are used by the node for communications. Thefirst structure
corresponds to the message between any two nodes. ARMSTRONG requires every
message to extend to a finite standard length regardless of the type of message.
Since more than one type of message is utilized in the simulation, the structure is
necessarily a superset of all of the messages. Conceivably, a message between two
nodes may contain a few blank fields depending on the type of the message being
propagated. The second structureis utilized by the output buffer for each node. Since
nonbl ocking message communication primitivesare utilized, itispossiblefor message
transmissions to fail occasionally. Under these circumstances, the message must be
stored in the output buffer to attempt retransmission at a later time. The buffer holds
the message until transmission is successful, at which point its copy isremoved from
the output buffer.

The implementation also utilizes a structure to store the parameters of a train-
computer. Giventhat atrain existsonly through its parameters, that is passed between
theARM STRONG nodes, every nodemaintainsan array of thetrainscurrently located
at the node.

The host processor, outside of the ARMSTRONG processor, initiaizes the
simulation and loads a copy of the executable program on each of the corresponding
ARMSTRONG processors. In the “main” routine, a node first reads-in its numerical
identifier that is propagated to it by the host processor. Each node then executes the
function “initial” that reads its information from an external input file. The function,
initial, performstwo actions. First, it establishesthe appropriate communication paths
with the neighboring nodes. To achieve this, it places a function call to the initial-
ize_protocol s subroutine. This subroutine readstheidentities of all of the neighboring
nodesfromtheinput file. It then recallstheARM STRONG operating system assigned
identifier for the neighbor nodes and comparesthem with its own corresponding iden-
tifier. As per assumption, where its identifier is numerically lower than that of the
neighbor’s, this node sends the path identifier to the neighbor node. Conversely, if its
identifier exceeds that of the neighbor’s, this node waits to receive the path identifier
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main ()
{
initial(train_array); initialize protocol connections, node information,
& originating trains

k_get_uptime(&starttime); initialize starting time of simulation

simulating = 1;

while (simulating == 1) {
if (counter == end_value) stop simulation;
train_function(train_array); compute train requests for this track
read_inputs; scan input protocols for incoming messages
track_function; process reservations for all tracks controlled by node
clear_buffers; send output messages to other nodes
traveling_trains; verify whether trains have arrived at the node

initial(train_array)
{
open external input file;
initialize_protocols;
read group, node identifier, track coordinates and update structure node_info
read track direction, identifier, length, nodes connected to track for every
track and update sub-structure node_info.tracks_connect[ti].
if (track direction == 3 or 4) update sub-structure node_info.tracks_control.
read train destination, speed for any train originating at node & update
the link-list train_array.

FIGURE 4.5 Themain and initia routines.

from the neighbor node. This process ensures an unambiguous and uniform mode
of establishing the protocol connections. Second, the function initial reads-in other
relevant information with respect to the node such as the neighbor tracks and the
trains, if any, that originate at this node. The pseudocode is shown in Figure 4.5.
Following the completion of the initialization routine, each node then initiates a
cyclicexecution processthat terminatesat the end of simulation. Thecycle, embedded
in a while loop, consists of five functions, namely, read_inputs, train_function,
track_function, clear_buffers, and traveling_trains. They are detailed as follows.

1. Function read_inputs: Thisfunction (Figure 4.6) continually checks every
input protocol for any incoming messages. It utilizes a for loop to scan
through the link-list of input protocols. Thefirst step in the loop is to check
for, viaan ipc_select command, any outstanding data on the protocol. If the
result is positive, the message is read through an ipc_recv command. Fol-
lowing execution of the ipc_recv command, the message is sorted with a
switch with regard to its message type. Three types of messages are recog-
nized: (i) atrack request from atrain at another node, (ii) a confirmation or
denial of arequest sent from atrain at this node, and (iii) a train moving
into thisnode. Based on the nature of the message, subfunctionsareinvoked
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read_inputs{)
{
while (searching for each input protocol) {
check for any incoming message with ipc_select;
if yes, read the message with ipc_receive;
switch(message_type) {
message_type = 1: this is a request for a track controlled by this node
call add_request to include request in the reservation list
message_type = 2: this is confirmation/denial of a request sent by train at th
call receive_confirmation to inform the appropriate train
message_type = 3: a new train moved into this node
call new_train to put the train on traveling trains link-lis

FIGURE 4.6 Theread_inputs routine.

to perform appropriate tasks of message processing. The subfunctions are

described as follows:

(i) add_request: This subfunction adds a request, generated by a train
outside thisnode, to the appropriatetrack’sreservationlist. It achieves
thisby using afor loop to scan through the tracksthat are controlled by
thisnodeand addsthenew request at theend of thereservationlink-list.

(ii) receive_confirmation: Thissubfunction updatesthe confirmation sta-
tus for atrain currently at this node, upon receiving a response from
another node. A whileloop is utilized to scan through thetrain link-list
and change the appropriate confirmation field.

(iii) new_train: This subfunction adds atrain’s parameters to the link-list
of trains currently at this node. A while loop is first utilized to deter-
minethe end of the train link-list, and then the new train’s parameters
are attached at this point.

When all new messages have been read-in and processed appropriately, the

node waitsfor alength of time equal to comm_delay. Thisrefersto the com-

munication delay that has been discussed earlier. Following the delay, the
node checks each input protocol again for new messages. If the result is
positive, they are sorted by the message type, as discussed earlier.

2. Function train_function: Thisfunction (Figure4.7) simul atesthe actions of
thetrainscurrently located at thisnode. Utilizing awhileloop to scanthrough
thetrainlink-list, eachtrain’sconfirmation statusisreviewed. Therearethree
possible values for the confirmation status, and, corresponding to each of
the values, different subfunctions are executed as described subsequently.

(i) The value of confirmation is —1. This implies that the train’s sec-
ond choice has been rejected most recently. Thus, the train needs to
recompute itsfirst choice and resubmit it. The subfunction compute_1
computes atrain’sfirst choice track request as described earlier. After
the track request is computed, it calls the subfunction send_request to
resubmit the request. If the train has requested a track to the west or
south of the node, evidently the current node controlsthetrack and the
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train_function(train_array)
{
initialize train_ptr to the dummy entry of train link-list, train_array;
initialize prev_ptr to the pointer prior to train_ptr;
while (searching through entries, if any, in the train link-list) {
if (train has not completed its travel) {
call check_if_done to verify whether train has reached destination;
if (train not located at this node) {
switch (train’s confirmation status) {
confirmation = -1:train is ready to compute its first choice
call compute_1
call send_request to submit request for track

confirmation = 1: train is ready to compute its second choice
call compute_2
call send_request to submit request for track
confirmation = 2: train has received confirmation for a track
call move to simulate propagation of train
¥

1
advance train_ptr and prev_ptr to subsequent items in the link-1list;

¥

FIGURE 4.7 Thetrain_function routine.

request isfiled inthe node. Where thetrain requests atrack to the north
or east of the node, the request is propagated to the node that controls
the requested track. The subfunction send_request calls the function
send_message_to_buffer once send_request is ready to send a request
to another node. Send_message_to_buffer places the track request on
the output buffer link-list.

(if) The value of confirmation is 1. In this case thetrain’sfirst choice has
been denied. Thus, it must compute the second choice and resubmit the
request. The subfunction compute_2 calculates atrain’s second choice
and places on the appropriate track’s reservation list by executing the
subfunction send_request. Conceivably, atrain may not possess a sec-
ond choice where the possibility of movement isin asingle direction.
In such cases the second choice track request is not computed and the
train continues to periodically submit its request for the first choice
of track.

(iii) The value of confirmation is 2. Thisimplies that the train has been
confirmed for its track request. The subfunction move is executed
to propagate the train’s parameters to the subsequent node via the
send_message_to_buffer function.

3. Function track_function: This function processes the track reservations
that are included on the reservation list. First, a check is made to ascertain
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whether the track in question is currently occupied by another train. If the
result is positive, the track is declared unavailable until the train com-
pletes its movement. When the track becomes available, the lowest time
of request among the requests in the reservation list is determined and the
corresponding train is confirmed. All other requests are denied. Then, the
corresponding trains in the reservation list are informed of their confirma-
tion status. A whileloop is utilized to scan through the train link-list. Where
the train is located at this node, the train link-list is updated. If the train
is located at a different node, an appropriate confirmation/denial message
is propagated to the corresponding node. Given that the output protocol
of the return path is included with the track request message, the func-
tion uses this information to send the confirmation/denial message back to
the requester. The subfunction send_message_to_buffer is utilized to send
the message.

4. Function clear_buffers: Thisfunction (Figure 4.8) isresponsiblefor flush-
ing any outstanding, unprocessed messagesin the output buffer. A whileloop
is used to scan each output protocol in the output protocol link-list. Where a
message is outstanding at the output buffer, the function attempts to propa
gateit viatheipc_send command. When the message is sent successfully, as
indicated by areturn code value of zero, the message is removed from the
output buffer. Where the propagation fails, it is retained for future attempts
to propagateit.

5. Function traveling_trains: When atrain is allocated a track of its choice,
it executes a move toward the subsequent station. However, the propaga
tion of the train parameters to the subsequent node must be delayed by an
amount that is proportional to the actual length of the track divided by the
speed of thetrain and ascaling factor. Thisfunction (Figure4.9) achievesthe
desired effect in the following manner. The train's parameters, propagated
to the subsequent node in the form of a message, remain unprocessed, that
is, thetrain’s subsequent routing is not evaluated, until the train has actually
waited at the node for the scaled delay amount. The function first reads the
value(e.g., v1) of theARM STRONG node’stimer when thetrain parameters
arrive. At alater time, when the timer’s current value, v,, exceeds v, by the
scaled delay amount, the train’s existence is recorded in the node and it is
permitted to recompute its forward route.

clear_buffer ()
{
while (processing every entry in the output buffer) {
send message on appropriate output protocol;

}
}

FIGURE 4.8 The clear_buffer routine.
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traveling_trains ()
{
if a train’s parameters are received, record the real time of the processor’s clock;
read the current real time of processor’s clock;
subtract the real time of the train’s arrival from the current time to
obtain the time for which the train has already been delayed;
compute the scaled time for which the train must be delayed based on the
length of track and train speed;
if (the train’s actual delay exceeds the required value) {
search for the end of the link-list for trains at this node;
append this train to the end of the list;
¥
¥

FIGURE 4.9 Thetraveling_trains routine.

DARYN iswrittenin C and is approximately 1500 linesin length. The pro-
gramis compiled on a SUN 3/60 workstation under the compiler optimiza-
tiondirective“-04" (level 4) and is executed on theARM STRONG system.

4.4 PERFORMANCE OF DARYN

This section details a number of experiments, implemented on the ARMSTRONG
system, to evaluate the performance of the DARY N algorithm. A total of four railway
networks, consisting of 4, 6, 9, and 12 stations, modeled as ARMSTRONG nodes,
respectively, are used inthe experiments. The simulation of larger networksisdifficult
because the ARMSTRONG hardware limits the number of protocols and open file
pointers associated with any node at any time instant. The four networks are shown
in Figure 4.10. This section also notes the limitations of DARY N.

To evaluate the performance, three measures are proposed. First, the CPU time
required for the simulation is compared against that of the traditional centralized
approach and speedup factors are computed by varying the size of the network, num-
ber of trains, and speed of trains. The speedup factor isdefined astheratio of the CPU
time necessary for completion of distributed simulation to that for a corresponding
uniprocessor simulation. Given that DARY N is asynchronous the detection of ter-
mination is complex. As an approximation, a special train with a very long travel
path is included in the system. Its speed is deliberately chosen to ensure that al
other trains reach their destinations prior to itself. Thus, the overall CPU time for
completion is given by the time the specia train takes to complete its journey. The
special train originates at a processor and reaches its destination at a different ARM-
STRONG node. At the originating node, the value of the node timer is included as
a parameter—start_time, of the train. Although the nodes are asynchronous, their
clock-timers are al reset to zero at initialization and, presumably, the difference in
their frequenciesis very small. The difference between the start_time and the value
of the timer of the destination node when the special train arrives there constitutes
the required CPU time.
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FIGURE 4.10 Four railway networks to evaluate DARY N's performance.

The rationale for the second measure is expressed as follows:. if the DARYN
algorithm were to exhibit performance scalability, the CPU time required by a
train traveling a fixed distance at a fixed speed should not be significantly affected
by either the number of trains in the entire system or the size of the network,
because any increase in the network size and number of trains must be accom-
panied by a proportionate increase in the number of computational engines. The
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CPU time will be affected somewhat where the number of trains, but not stations,
are increased because of the fact that the increased number of train-computers
will interact with a fixed number of station-computers. This measure for the dis-
tributed simulation is contrasted against that for a corresponding uniprocessor
implementation.

The third measure consists in the measurement of the total “idle time,” that is,
the cumulative time for which a train remains stationary at al of the nodes that it
encounters while it interacts with the station-computers to receive track allocation.
Theidle time also includes the times it requires to perform the unsuccessful optimal
route computations. Thismeasurefor the distributed simul ation caseisal so contrasted
against that for a corresponding uniprocessor implementation.

A significant communication delay isrequired for reading, periodically, the position
and speed of every train and the status of every track by the centralized dispatcher in
thetraditional approach. Thisis modeled in the uniprocessor implementation through
adelay of 0.7 millisecond.

Recall that, in order to address the timing problem in the distributed simulation,
the actual travel timewas modeled asadelay. |n both the distributed and uni processor
simulations, these delays slowed down the simulation in a consistent manner. While
thisimplied consistency, the CPU times, so obtained, reflect thetraveling timein addi-
tion to the decision times. That is, the measurements no longer reflect the decision
times only. Since the primary goal of this research is to measure the performance of
distributed decisionmakingin DARY N, thefollowing was performed. The CPU times
for both simulations were obtained by varying the scaled traveling delay and plotted.
For both cases, the graphs were observed to be linear, implying that the existence
of the traveling delay linearly slowed down both simulations proportionately. From
these graphs, the CPU times for the case of traveling delays equal to zero is obtained
through extrapolation. For the uniprocessor case, the extrapolated datais observed to
be consistent with that from another implementation wherein the traveling delay is
not modeled at al.

Furthermore, the uniprocessor implementation is executed on a Sparc 1+ work-
station, which is observed to be approximately 8.56 times faster than each processor
of the ARMSTRONG [32] system. Thus, al uniprocessor raw data are scaled up by
afactor of 8.56 and then compared against the data from the distributed simulation.

First, a railway network consisting of four nodes and four tracks is considered.
The variable, number of trains, is assigned values ranging from 2 through 11, and
the corresponding CPU execution times are recorded. In the second, third, and fourth
cases, hetworks consisting of 6 stations and 7 tracks, 9 stations and 10 tracks, and 12
stations and 17 tracks are considered respectively. For each of these cases, the vari-
able, number of trains, is assigned values in the ranges {3, 24}, {4, 36}, and {6, 48}
respectively. Also, for all of the experiments, the origin and destination of the trains
are chosen to reflect uniformity of distribution. The speed of the trains are assigned
at random. The nature of variation of the CPU execution timesis observed to be con-
sistent across all the cases. The graphsin Figure 4.11a present the extrapolated CPU
timesrequired for distributed simulation asafunction of the number of trainsfor all of
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FIGURE 4.11 Graphs of CPU times versus number of trains: (8) DARYN algorithm,
(b) traditional approach.

the four networks. The graphsin Figure 4.11b describe similar datafor the traditional
approach. It may be observed that the slopes of the graphs for DARYN are much
smaller than those of the traditional approach. The CPU timesfor Figure 4.11b refer
to the scaled datawith respect to the Sparc 1+ workstation, that is, they reflect thefact
that the original dataare multiplied by 8.56 before comparing with the corresponding
numbersin Figure 4.11a.
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FIGURE 4.12 Graph of speedup factor versus number of trainsfor all four railway networks.

The graph in Figure 4.12 presents the speedup factor of the distributed over the
traditional approach for varying number of trains and for each of the four networks.
The speedup factor is computed as the ratio of the CPU time for uniprocessor simula-
tion to that for distributed simulation. A significant speedup factor of 43 is observed
for the case of 48 trainsand 12 stations. This speedup, obtained through utilizing only
12 processors, does not violate any of the principles of thermodynamics. It merely
reflects the fact that, as the problem size increases, the uniprocessor implementation
isincreasingly slowed down due to the increasingly larger communication delays.

The graphsin Figure 4.13 present the second measure of performance. The CPU
timesrequired by asingletraintotravel afixed distanceat afixed speed arenoted under
different conditions, that is, wherein the number of trainsand the network sizeare both
varied. While Figure 4.13arefers to the distributed simulation, Figure 4.13b refersto
the uniprocessor approach. It may be observed that while the slopes in Figure 4.13b
are significantly large those in Figure 4.13a are, relatively, very small, implying the
advantage of distributed decision making over centralized decision making. Further-
more, as the railway network grows in size, as would be expected over time, the
performance degradation is relatively minor, implying DARY N’s growth potential.

Finally, the cumulative idle time of the special trainis plotted for varying number
of trains and for all of the four networks. The idle time is determined as the time for
whichthetrainisidle at astation whileit computesthe optimal path, makes decisions,
and interacts with the station-computers to receive permission to use its choice track.
Theidletimeisalso ameasure of the efficiency of DARY N, for it reflects awastage
of valuable resources—trains. The graphs in Figure 4.14a refer to the distributed
algorithm and those in Figure 4.14b refer to the traditional approach. Although the
graphs do not reveal an easily observable pattern, it is obvious that an idle time in
Figure 4.14ais significantly less than the corresponding value in Figure 4.14b.
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FIGURE 4.13 Graphs of CPU times for atrain versus number of trains for all four railway
networks: () DARY N algorithm, (b) traditional approach.

Limitations of DARYN

The present implementation of DARY N islimited in that it does not assign priorities
to the trains. The station-computers discriminate the trains' requests based solely on
the arrival times of the requests and not on the importance of the trains. In the real
world, superfast trains or those with critical or perishable cargo may require higher
precedenceover those carrying nonperishablecargo. Thelimitationiseasily addressed
by introducing the notion of prioritiesin DARYN. DARY N also lacksin-line control
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FIGURE 4.14 Graphs of cumulative idle times versus number of trains for all four railway
networks: () DARY N algorithm, (b) traditional approach.

for managing crossings and emergencies. To address this problem, additional input
signals may be provided to DARYN at the crossings or other critical points in the
tracks and emergency information may be issued at the stations. The mechanism of
asserting signals at the crossings may be anal ogous to those that are presently being
utilized at the stations. A significant limitation of DARY N is that it fails to include
the notions of congestion and bottleneck ahead of its current position, which, in turn,

may affect its performance.
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RYNSORD: A Novel,
Decentralized Algorithm
for Railway Networks
with Soft Reservation

5.1 INTRODUCTION

Railway networks are ubiquitous in today’s world, and they continue to play a dom-
inant role in transporting freight and people since 1825, when the first common
carrier railroad was introduced. While larger countries such as the United States,
Russia, China, India, and the EEC benefit most from extensive and cost-effective
railway networks, in many smaller but densely populated countries with large finan-
cial resources such as Japan, railway networks contribute significantly to the well
being of the national economy by efficiently moving workers and goods. As of 1987,
the United States[33] maintainsatotal of 249,412 miles of railway tracks. It supports
atotal of 1,249,075,534 locomotive unit milesin one year to carry freight utilizing
5,989,522 | oaded cars. For passenger services, thetota unit milesstandsat 3,782,470
while carrying the gross ton-miles of 1,357,097. In Japan, the East Japan Railway
Company (Ryuji Sakamoto, pers. comm., December 1987) carriesatotal of 16 million
passengers each day on 12,000 scheduled trains and 7,500 km of railway track. For
efficiency, modularity, and safety, in general, the tracks are divided into individual
units, each of which may be controlled exclusively by the system. Thus, atrain in
propagating from a location A to another location B may travel over severa tracks.
Given that two or more trains may compete at some time instant for the same track,
and that only one train may occupy atrack at any time, the principal goal of therail-
way network management systemisto allocatetracksto trains such that (1) collisions
are avoided and (2) the resources are optimally utilized.

A detailed analysis of the existing literature in centralized scheduling for railway
networks occurs earlier in Chapter 4. In addition, the ASTREE [34] railway traffic
management system maintains a distributed database of up-to-date, accurate, and
comprehensive representation of route layout and train progress; it uses the infor-
mation in the database to either automatically make decisions or assist human oper-
ators with decisions, relative to route settings and train control. The settings are
then downloaded to the wayside equipment and locomotives. Hill, Yu, and Dunn
[35] report their effort in modeling electromagnetic interference in railway networks.
Ayers [36] presents the use of error-correcting codes to achieve reliable radio-link
communication in the advanced train control system (ATCS). Sheikh, Call, Ayers,
and Bailey [37] presentstheissue of signal fading in mobile communications. While
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Hill [38] presents coding issuesto facilitate the communication of train positions effi-
ciently, Shayan, Tho, and Bhargava[39] report of the use of Reed—Solomon Codec to
improve the ATCS. The Association of American Railroads (George H. Way Jr., pers.
comm., February 1992) notes that distributed algorithms can enhance the efficacy of
train scheduling and that several socioeconomic factors, including ownership, track
capacity, speed capability, grades, curvatures, clearances, crew districts, and operating
agreements, may influence the choice of alternate paths. As noted earlier in Chapter
4, DARY N consgtitutes anovel, distributed algorithm but islimited in that it employs
unit lookahead. That is, at any time instant, it reserves only one track beyond its
current position. Consequently, it is unable to utilize congestion information beyond
its current position to plan its future route, and this may lead to inefficiency.

This chapter presents RY NSORD, which addresses key limitations of the tradi-
tional approaches, described earlier, and marks a significant advancement. RY N-
SORD studies the concept of lookahead, that is, reserving N tracks ahead of its
current position to improve the utilization of the resources, tracks, and mitigate con-
gestion. It also introduces a new concept, soft reservation, which is characterized
by greater flexibility in reservation as opposed to the conventional, hard, reservation
technique wherein areservation reguest for a specific time instant is either approved
or disapproved.

The remainder of this chapter is organized as follows: Section 5.2 presents a
detailed description of the RYNSORD approach while Section 5.3 describes the
modeling of RYNSORD on an accurate and redlistic test bed constituted of a net-
work of 70 SUN Sparc 10 workstations, configured as a loosely coupled parallel
processor. Section 5.4 presents key implementation issues. Section 5.5 first reports
the performance data from executing a ssmulation of RYNSORD for redlistic rail-
way networks under stochastic input traffic stimulus, and then presents a detailed
performance analysis.

5.2 THE RYNSORD APPROACH

The RYNSORD approach for railway networksisnovel and defined by the following
characteristics: first, it is decentralized in that the overall task of routing all trains
through the network is shared by all entities in the system—trains and station nodes.
Therouting is dynamic, that is, the choice of the successive tracks asatrain proceeds
toward itsfinal destination takesinto account the actual demand of the tracks by other
trainsin the system. What makes RY NSORD unique among all disciplinesincluding
modern communications networksisthat every mobile agent, or the train—possesses
intelligence, information-gathering facilities, and autonomy to solely and compl etely
determine its own routing. Trains ride on tracks, and safety concerns demand that
atrain first gains exclusive reservation guarantee from the owner node of a track
prior to propagating on it. Conceivably, a train can insist on reserving every track
from origin to destination along its chosen route before starting its journey. Such an
approach may lock the train to faraway trackstoo soon, based on old information, and
thereby fail to take advantage of better route choices, which may become available
as time progresses. On the contrary, the RYNSORD approach utilizes a lookahead
N wherein every train requests reservations at intervals of N tracks and a specific
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reservation entails the acquisition of approvals of N subsequent tracks along its route
toward its destination before it resumes its travel. Within the reservation process
for N subsequent tracks, RY NSORD proposes a novel concept—soft reservation. In
the traditiona hard reservation, atrain issues N consecutive requests for N tracks at
specific time instances. The owner stations for the corresponding tracks will either
approve or disapprove the reservation, depending on whether the respective tracks
arefree at the requested time instances. Thus, when atrain requests atrack from time
t; to to and even if the station notes that the track is occupied up to time ¢, + 1 but
free thereafter, it will still refuse approval. Then the train will have to try an aternate
track. Assume that the alternate track is aworse solution than if the train had waited
idly for 1 time unit and then utilized the original track. If the train had been aware of
the knowledge possessed by the station, it could haveidled 1 time unit and opted for
the better solution. Thus, with regard to reservation, the nodes' behaviors are binary
and rigid. In contrast, RY NSORD proposes soft reservation, wherein atrain specifies
monotonically increasing timeinstants to the successive station nodes corresponding
to the N subsequent tracks. In turn, anode grants approval at either the requested time
instant or the earliest time instant beyond the requested time instants when the track
isavailable. These characteristics are expected to endow RY NSORD with efficiency,
robustness, and reduced vulnerability to catastrophic system-wide failures.

InRYNSORD, arailway network isassumed to consist of aset of railroad stations,
also termed nodes, that are connected by lengths of railroad tracks. Every station is
equipped with a computing engine and communications facilities. For every pair of
stations that are connected by a track, there exists a bidirectional communication
link between the stations. Every track is bidirectional. Furthermore, every train is
equipped with an onboard computing engine and facilities to initiate communication
with the computing engine of the corresponding node when it islocated at a station.
RY NSORD does not require train-to-train communication or train-to-station commu-
nication while the train is moving. Every track segment is characterized by itslength
and the station node that ownsit exclusively. A track between nodes X and Y isowned
either by X or Y, and the owner is solely responsible for negotiating the use of the
track with the competing trains. This characteristic is crucial to guaranteeing saf ety
and collision avoidancein RYNSORD. Consider Figure 5.1, which presentsasimple
railway network with station nodesA through F that are connected through apartially
connected network of track segments. The owners and lengths of the respectivetracks
are shown in Figure 5.1.

Trains can be asserted into RYNSORD asynchronously, that is, at any arbitrary
time, and at any station. Every train is characterized by its originating station, des-
tination station, and its maximum speed. In general, the exact route (the sequence
of tracks from origin to final destination) and the consequent arrival time is deter-
mined dynamically by RYNSORD. However, where specific intermediate stops are
mandated, the overall path is organized into multiple sets of smaller paths, and RY N-
SORD is applied to each set successively. Thus, if the desired pathis A — C — E,
it isequivaent to first traveling A — C, under RYNSORD, and then from C' — E,
also under RYNSORD. Excessive use of intermediate stops can lead to poor perfor-
mance since RY NSORD’s strength liesin the dynamic routing of trainsto maximize
efficiency and resource allocation, and to avoid congestion.
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FIGURE 5.1 An example railway network in RYNSORD.
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Asindicated earlier, akey concept in RY NSORD isthe notion of lookahead, which
is defined as the number of track segments that a train negotiates for future use at
reservation time. Lookahead reflects how far into the future atrain attemptsto reserve
resources, and these include the subsequent track segments that the train may need to
reach its destination, starting with the immediate, next track segment.

Upon entering the RYNSORD system, every train-computer first determines the
shortest path betweenitsorigin and destination. Thisistermed the“ primary path” and
is based on the mileage between the stations. The determination of the primary path
does not take congestion into account. A “secondary path” isthen determined, whose
component tracks are mutually exclusive relative to those of the primary path, with
one exception. In arelatively few scenarios, the primary and secondary paths may
share one (or more) common track segment if it isthe only segment that connectsone
part to another part of the network. For instance, in Figure 5.1, the £ — F' link isa
necessary component of any path originating or ending at station F and will therefore
occur in both the primary and secondary paths.

Next, atrain extracts the stations corresponding to thefirst N tracks (lookahead =
N) from both the primary and secondary paths, synthesi zes reservation request pack-
ets, and initiates them. A reservation request packet consists of a list of successive
stations and the expected arrival timesat each of the stations. Thearrival timesare cal-
culated based on the current time, the speed of thetrain, lengths of the track segments
adjoining the stations, and the assumption that trains do not wait at the intermediate
stations. That is, the departure time from station X isidentical to the arrival time at
station X. Of course, atrain may be subject to waiting at the originating station and
other stations where it initiates reservation requests for the subsequent N tracks. The
arrival and departure times determine the time interval for which atrack reservation
isdesired. Thus, for atrack segment X — Y, the train must reserve the track for the
interval (departure time from X, arrival timeat Y).

The train propagates the reservation packet to the first station in the list. If this
station isthe owner of thefirst track segment, it will negotiate for reservation for this
track. Assume that the train requests reservation for theinterval (¢4, t2). If the station
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determines that the track is not occupied for this interval, reservation is granted. If,
on the contrary, the requested interval is already occupied by another train, clearly
reservation cannot be granted for the requested interval. The station then computes
the earliest time interval, beyond t,, and reserves the track for this new interval, say
(t3, t4). The length of the interval is computed utilizing the length of the track and
the train speed. It overwrites the first interval entry in the reservation packet, and the
subsequent intervalsfor the corresponding tracks are al so modified. If thefirst station
is not the owner of thefirst track segment, the reservation packet is forwarded to the
second station, which must bethe owner of thefirst track. Following the completion of
reservation for thefirst track segment, the reservation packet is sent to the subsequent
station that owns the subsequent track segment. A reservation process, similar to the
one described earlier, is initiated, culminating in a reservation time interval for the
second track segment. This process continues until reservation intervals are obtained
for al N track segments. The modified reservation packet isthen returned to thetrain
located at the station node from where it had initiated the reservation process. This
process is executed simultaneously for both the primary and secondary paths.

When atrain receives responses to both of its reservation requests along the pri-
mary and secondary paths, it may not select asits best choicetheroute (e.g., R1) that
yieldsthe smallest value of timeto reach the station at the end of N subsequent tracks.
Thereason isthat although the primary and secondary paths both lead to the ultimate
destination, reaching the end of the N tracks along route R1 earlier does not automati-
cally guaranteethat thetrain will reach itsfinal destination faster. Therefore, for each
of the primary and secondary paths, the train adds the arrival time at the end of the N
tracks to the time of travel from the end of the N tracksto the final destination along
the shortest path. Assumethat thesetimes are represented through 177 and T'T5 along
the primary and secondary paths. The train selects the route that yields the smaller of
the TTy and T'T» values. Where T'T; = T'T5, thetrain arbitrarily selects the primary
path. Then, the train generates a reservation removal request and propagatesit to the
stationsalong theroutethat isnot selected to free the corresponding track reservations.

Asatrain proceeds from one station to the subsequent station along the N tracks, it
is guaranteed the use of the corresponding tracks in accordance with the reservation
times approved earlier. However, should a train arrive at a station earlier than its
expected arrival time and if the track is available for a sufficiently long time interval
the station may permit the train to proceed immediately. Thetrain, in turn, withdraws
the original reservation time interval for the corresponding track segment and mod-
ifiesitstime interval of use of the track. The reason atrain, upon arrival at a station
node, may find a track available sooner than its requested time interval is because
tracks are often freed through reservation removal requests when a train that origi-
nally requested reservation decides to select an alternate route. Thus, the previously
approved reservation timeinterval for atrack isan upper bound on thetravel timefor
thetrain. Intheevent that thereare multipletrainscompeting for atrack freed by atrain,
thetrain that hasbeen waiting thelongest at the station is given the highest preference.

To understand the operation of RYNSORD, consider the railway network in
Figures 5.2a and 5.2b that is identical to that in Figure 5.1 except that node F is
missing. Assume that two trains, Taand Tb, are asserted into the system at the same
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FIGURE 5.2 Computation of primary and secondary paths in RYNSORD: (@) for train Ta,
(b) for train Th.

time, t = 0, a nodes A and B respectively. Both Taand Tb are destined for station E.
Figure 5.2a describes the computations of the primary and secondary paths for Ta,
from the origin A to the destination E. Figure 5.2b describes the computations for the
primary and secondary paths for Tb, from origin B to destination E. In both Figures
5.2a and 5.2b, the solid and dotted lines represent the primary and secondary paths
respectively. Assume that the lookahead N = 2.

Assuming the value of lookahead, N = 2, trains Ta and Tb extract the stations
relative to N = 2 tracks from both primary and secondary paths. For this example,
assume that the primary path for Th is selected based on the number of tracks, not the
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mileage from the source to the destination. The stationsfor the primary and secondary
paths are:

Train Ta:
Primary path station list: A->C->E
Secondary path station list: A->B->D

Train Tb:
Primary path station list: B->D->E
Secondary path station list: B->A->C

Assuming the speeds of the trains at 1 mile/min, the reservation regquest packets
generated and initiated by Taand Tb are:

Train Ta:
Primary path:
arrival at A at time
departure from A at time
arrival at C at time
departure from C at time
arrival at E at time
[no departure since E is the final destination]

S NN OO

Secondary path:
arrival at A at time
departure from A at time
arrival at B at time
departure from B at time
arrival at D at time
[no departure since D is the last station in the station list]

W == OO

Train Tb:
Primary path:
arrival at B at time
departure from B at time
arrival at D at time
departure from D at time
arrival at E at time
[no departure since E is the final destination]

W NN OO

Secondary path:
arrival at B at time
departure from B at time
arrival at A at time
departure from A at time
arrival at C at time 3
[no departure since D is the last station in the station list]

= = O O
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Figures 5.3a through 5.3d describe the operation of RYNSORD relative to the
reservation packet propagation by the trains and their processing by the respective
stations. In Figure 5.3a, Ral and Ra2 represent the reservation packets propagated by
Taaong the primary and secondary paths. Rb1 and Rb2 represent the corresponding
packetsfor Th. In Figure 5.3a, Ra2 requests station A to reservethetrack A — B for
time (0,1). Therequest is approved successfully sincethetrack A — B isfreefor the
time interval (0,1). Since station A does not own track A — ', Ral cannot utilize
station A to accomplish its goal. Neither Rb1 nor Rb2 are able to utilize station B
since the latter neither ownstrack B — D nor B — A.

Figure 5.3b representsthe propagation of the reservation packetsto the subsequent
stations. Here, Ral and Rb1 successfully reserve thetracks A — C and B — D for
time intervals (0,1) and (0,1) respectively. Ra2 fails to accomplish anything since
B is not the owner of track B — D. When Rb2 attempts to reserve track B — A
for the time interval (0,1), it fails since train Ta has aready reserved that interval.
Therefore, station A reserves the next available time interval (1,2) for train Th. Train
Tb updates its reservation packet for the secondary path as shown through the com-
pact representation—[B@0/1][A@2/X][C@X/X], which implies that train Th waits
at station B from time O to 1, then proceeds to station A at time 2, and then departs
from A at time 2 to arrive at station C at time 4. Train Tb is restricted from reserv-
ing tracks beyond station C by the lookahead value of 2, and this is reflected by
the subfield “[C@4/X],” where X implies unknown. Each subfield of the compact
reservation packet represents [station name@arrival time/departure time (X implies
unknown)]).

Figure 5.3c represents the subsequent propagation of the reservation packets. Ral
and Rbl successfully reserve the tracks C — E and D — E for time intervals
(2,4) and (2,8) respectively. Ra2 fails to reserve the time interval (1,3) on track
B — D as train Tb has aready reserved the interval (0,2). Train Tb is allowed
reservation for the time interval (2,4), and its compact reservation representation
is[A@O0/0][B@L/2][D@4/X]. Rb2 succeeds in reserving track A — C for the time
interva (2,4).

All of the reservation packets Ral through Rb2 have successfully reserved the
last track under lookahead = 2 and are returned to the respective trains Taand Th
at stations A and B respectively. At node A, train Ta notes that the total time to
reach the destination E through the primary path is 4. The secondary path requires
4 time units to reach D, and the extra travel time to destination E will demand at
least 6 time units, implying a total travel time of 4 +6 = 10 time units. Clearly,
train Ta selects the primary path, that is, A — C' — E, as the best choice and then
propagates a reservation removal request to the stations contained in Ra2. For train
Tb, the primary path requires 8 time units to reach the destination E. The secondary
path requires 4 time units to reach C and the extra travel time to destination E will
demand at least 2 time units, implying a total travel time of 442 = 6 time units.
Therefore, train Tb selects the secondary path, that is, B — A — C and propagates a
reservation removal request to free reservationsthat it had earlier acquired along the
primary path.
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Figure 5.3d represents RYNSORD when the trains Ta and Tb have started to
travel and the reservation removal requests have been processed. It may be noted that
following the removal of the reservation for train Ta on track A — B, conceivably
train Th may be permitted to travel earlier than its reserved timeinterval of (1,2).

5.3 MODELING RYNSORD ON AN ACCURATE, REALISTIC,
AND PARALLEL PROCESSING TEST BED

The key contribution of RYNSORD is in distributing the overall task of routing all
trains through the network among all the entities in the system—trains and station
nodes. Thus, in reality, for a given railway network with N trains and S stations, the
total number of coordinating computing enginesis (N + S). To understand its perfor-
mance and its dependence on different factors, RY NSORD isfirst modeled and then
simulated on aparallel processing test bed that is constituted of anetwork of worksta-
tions configured as aloosely coupled parallel processor. The simulation coupled with
thetest bed virtually resemblesareal implementation with one exception. Tofacilitate
the simulation of aredlistic system, that is, with a reasonable number of trains, while
every station node is represented by a workstation, the trains are modeled as tasks
and executed by the workstations underlying the stations. When atrain is located at
a host station, its computations are performed by the underlying workstation and its
communications with other stations are also carried out through this station. When a
traintravelsfromthe current station (say A) to another station (say B), the correspond-
ing train-task in the underlying workstation for A is encapsul ated through a message,
propagated to B, and remanifested as a train-task in the underlying workstation at
B. Thus, trains move in the simulation at electronic speeds instead of their physical
speeds and a train’s computation and communication subtasks are executed on the
host station's underlying workstation.

Whiletrains propagate at approximately 120 mph, the underlying, fast, computing
engines of the test bed enable the simulation to execute many timesfaster than reality.
This, inturn, facilitates the rapid performance evaluation of RY NSORD for different
values of the parameters. The basic unit of timein the simulation istermed atimestep
and it defines the finest resolution of train movements. Thus, while the smallest dis-
tance traveled by any train is limited to that within the interval of 1 timestep, atrain
must also wait at a station for at least 1 timestep if it has not received the neces-
sary reservations to commence travel. In the current implementation of RYNSORD,
the timestep value is set to 1 minute of actual operation. The principal reasons for
this choice are that (1) the distance traveled by the fastest train, namely 2 miles, is
significantly smaller than the shortest track of length 50 miles and (2) relative to
processing a reservation for N tracks, all necessary computing and electronic com-
munication between stations and trains may be accomplished within 1 minute. While
atrain requires a period of minutes to travel a single track, a message propagation
and computing function only requires of the order of 10 milliseconds. RY NSORD
permits trains to be introduced into the system asynchronously, that is at irregular
intervals of time. In addition, the trains themselves are autonomous and, therefore,
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their decisions are executed asynchronously with respect to each other. Furthermore,
the test bed consists of heterogeneous workstations that may have differing clock
speeds. Therefore, for consistency and accuracy of the propagation of thetrainsin the
system, RYNSORD requires that the timestep values of every station node and train
be synchronized. Thisguaranteesthat if two trains, Taand Th, reach their destination,
station E, at actual times12:01 PM and 12:05 PM, for example, in the corresponding
RYNSORD model, Ta must arrive at E prior to Th, despite differing processor and
communications link speeds. Synchronization is achieved in RY NSORD through an
asynchronous, distributed, discrete event simulation technique utilizing null messages
[40,41] and is not detailed here.

The previously stated assumption that all message communications and decision
processesrel ativeto areservation request must be completed within atimestepimplies
thefollowing. If atrain Ta, at astation A, initiates areservation packet at timestep ¢,
and propagatesit to other appropriatestations(X, Y, Z, ... .), thereservation packet must
be processed at the appropriate stations and returned to Ta at A prior to advancing
the timestep value at A and every one of the workstations underlying the stations
(X,Y, Z,...)totimestepvaluet; + 1. To achieve this objective, RY NSORD employs
aspecial, synchronizing nodethat isconnectedto all station nodes. It monitorswhether
all necessary communi cations and responses corresponding to all reservationsthat are
launched out of the stations, if any, are completed before permitting the station nodes
to increment their timestep values. The special, synchronizing node in RYNSORD
is an artifact of the parallel simulation on the test bed and has no counterpart in
reality. In an actual railway network, electronic communication and computations
will require approximately 10-100 milliseconds within which the fastest train will
havetraveled amere 18 feet of track. Thus, for all practical purposes, communications
and computations are instantaneous.

Thebasic functionalities of every station node and the special, synchronizing node
are encapsulated in pseudocode, as shown in Figures 5.4 and 5.5 respectively.

RYNSORD requires four types of communications messages—first to represent

while simulation is not finished {
send out reservation requests
while not done {
process incoming trains
process incoming reservation requests
process incoming reservation responses
if received responses to all reservation requests
send done to synchronization node
if received update from synchronization node
set done to true
by
update internal time

}

FIGURE 5.4 Functionality of a station node in pseudocode.
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while simulation is not finished {
while not done {
if received done from station node
increment count
if count is equal to number of stations
set done to true
}
send update to all stations
update internal time

X

FIGURE 5.5 Functionality of the special, synchronizing node.

“reservation packets’ that are initiated and launched by trains, second to model the
encapsulation of and propagation of trains from one station to the subsequent station,
third to allow atrain to negotiate with the owner station for earlier than scheduled
travel onthe subsequent track if it arrives early at astation at the head of thetrack, and
fourth to allow a station grant permission to atrain to travel on atrack immediately.
Reservation packets are assumed to propagate without any delay, that is, within the
sametimestep. Oncereceived at astation, they are processed immediately and within
the same timestep. The final, approved reservation packets are also returned to the
originating trains within the same timestep. At the originating station, initially a
train lacks a reservation packet. It creates and then launches the reservation packet.
Upon receiving the approved reservation packets, the train selects one of them asits
best choice, which thereafter becomesiits reservation packet. The reservation packet,
however, is only good for N subsequent tracks, and the train will need to repeat the
process until it reaches its final destination. A reservation packet is characterized by
five fields that are enumerated and explained as follows.

Reservation packet:

1. Station list: The complete station list, including the station id, arrival time,
and departure time, for each station.

2. Status: The status of the reservation—(1) RESERVING if the reservation
packet istraveling forwardthroughitsstationlist attempting to makereserva-
tions, (2) REMOVING if the reservation removal packet is propagating for-
ward whilereleasing the previously granted reservations, or (3) ACCEPTED
if the reservation packet is returning to the originating train.

3. Train id: The unique identification number for the train. The id = (origi-
nating station * 100,000) + time at which the train is introduced into the
system.

4. Train speed: The speed information is necessary when the station must
modify the reservation timefor thetrain since the original request cannot be
satisfied. The speed information is used to compute the travel time over the
track.

5. Reservation id: The unique identification number for the reservation.
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Sinceatrain may require asubstantial amount of travel timefrom one stationto the
subsequent station, the “train packet” isnot assumed to propagate instantaneously. In
fact, every train packet islabeled with atimestamp value that represents the timestep
at which it is expected to arrive at the destination station. Upon receiving a train
packet, a station node stores it in a buffer until the timestamp value of the packet
equals the station’s own timestep value. Then the train is assumed to have arrived at
the station node and further processingisinitiated. A train packet consists of six fields
that are enumerated and detailed subsequently.

Train packet:

1. Timestamp: The expected arrival time of the train at the receiving station.

2. Train id: The unique identification number for the train. The id = (origi-
nating station * 100,000) + time at which the train is introduced into the
system.

3. Origin: The originating station of the train.

4. Destination: The final destination station of the train.

5. Path: A sequential list of the tracks traveled by the train for the purposes of
data collection and analysis.

6. Reservation: The reservation packet associated with thistrain.

Since a train may request cancellation of previoudly approved reservations for
tracks along a path when it decides to select an alternate path, conceivably, a train
upon arrival at a station may find its subsequent track unoccupied. For efficient use
of tracks, the train must be alowed to travel aong the track, if possible. To achieve
this objective, when a train arrives at a station before its scheduled departure time
from that node, it generates and propagates a “waiting packet” to the station that
owns the track. Upon receiving the waiting packet, the corresponding owner sta-
tion queues the train. At every timestep, the station examines whether the track is
free and notes the number of timesteps (say Q) for which the track is unreserved.
The station then selects from the queue a train, if any, that may successfully com-
plete the travel within Q timesteps and that has been waiting the longest. The sta-
tion sends a “permission packet” to the train, alowing it to use the track imme-
diately and removes the corresponding entry from the queue. The waiting packet
consists of four fields, as shown below, and the permission packet contains a single
field.

Waiting packet:

1. Train id: The unique identification number for the train. The id = (origi-
nating station * 100,000) + time at which the train is introduced into the
system.

2. Train speed: Thetrain's speed, which is needed to calculate the travel time
over the subsequent track.

3. Wait start time: Thetimestep at which thetrain arrives at the station earlier
than its scheduled departure time and is queued.
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4. Location: The station, at the head or tail of atrack, whereatrainiswaiting.
This information is used by the station that owns the track to direct the
permission packet, if and when necessary.

Permission packet:
1. Train id: The unique identification number for the train. The id = (origi-
nating station * 100,000) + time at which the train is introduced into the
system.

Tofacilitate understanding the distributed, dynamic routing of trainsin RY NSORD
and the impact of different parameters on the performance of RY NSORD, a visual
display of the operation of RYNSORD is achieved through the use of a graphical
front end. The graphics supports the following characteristics:

» Developing and editing arailway network.

e Viewing areplay of asimulation run.

* Monitoring and interacting with the simulation, at runtime.

e Viewing statistical information related to the input traffic, results, and
runtime performance of asimulation run.

FIGURE 5.6 A screen shot of the graphical interface.
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The runtime display also shows the following parameters:

e Thelocation of train.

¢ The cumulative number of reservations processed at each station.

e The number of trainswaiting at each station.

e The cumulative number of reservations propagated along every segment,
categorized by type—Reserving, Removing, or Accepted.

e The cumulative number of trains that have propagated over each track.

Figure 5.6 presents a screen shot of the graphical interface that displays the
50-station railway network detailedin Figure5.8. In Figure 5.6, each stationislabeled
by thefirst three characters of its name and its unique identification number. Stations
and links are easily added or deleted directly through this interface and the graphi-
cal program will reconfigure RY NSORD, automatically and correctly, to execute the
simulation accurately. Figure 5.7 presents a screen shot of an actual simulation run.
Thetrains are described through circles and are located on top of the tracks on which
they aretraveling. They areidentified by their respective identifiers, origins, and des-
tinations. During an actual simulation run, auser may interactively communicatewith

FIGURE 5.7 A screen shot of an actual simulation run.
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any of the stations, retrieve any desired data structure and information, and generate
and introduce trains into the system at any timestep and at any station.

5.4 IMPLEMENTATION ISSUES

The RYNSORD model and simulator is written in C and designed to execute on a
heterogeneous network of Unix-based workstations, connected through a 10 Mbit/s
Ethernet and configured asaloosely coupled parallel processor. The workstation mix
includes SUN Sparc 1, Sparc 2, and Sparc 10 under SUN 0S4.1.2 and SUN Solaris5.3
operating systems and Intel 486DX2/66 and Pentium under the freely available and
copyrighted Linux operating system. Station nodes and trains are modeled through
processes, and they communi cate through TCP/I P. The code segment for every station
including the trains located at it is approximately 1700 lines of C code while the
networking code is approximately 1000 lines of C code. The simulator is complied
by the public domain GNU C compiler, gcc, and executed at a low priority in the
background, utilizing the “nice” utility. It may be noted that the workstations may
be executing primary jobs for the users at the consoles. With 50 SUN Sparc 10
workstationsexecuting concurrently, theaverage execution timeof asinglesimulation
experiment is approximately 2 hours of wall clock time.

RYNSORD is an application program that is built on top of the transport payer,
TCP/IP. By definition, the layers in the ISO-OSI model starting with the session
and beyond are responsible for any required data conversion while communicating
between two or more machines. Since Intel 80X86 machines employs Little Endian
model whilethe SUN Sparc machinesutilizethe Big Endian model [42], the necessary
conversion of datain the heterogeneous network of workstations is achieved through
the use of n-to-h | (network to host long integer), n-to-h s (network to host short
integer), h-to-n | (host to network long integer), and h-to-n s (host to network short
integer) utilities [43].

In this chapter, a subset of the eastern United States railroad network is selected,
based on the existing primary railroads in the eastern United States, as shown in
the 1994 Rand McNally Commercial Atlas. A few additiona tracks are added to
represent a few secondary railroad segments. Figure 5.8 presents the representative
railway network that consists of 50 major stations, 84 track segments, and a total
length of 14,469 miles of track. A model of the network in Figure 5.8 is devel oped
in RYNSORD and the simulation is executed on a network of 50 workstations, with
one station being executed on a workstation.

To obtain representative performance results, a number of experiments are exe-
cuted with input trains generated stochastically and asserted into RYNSORD. Guid-
ance relative to the choice of density of train traffic, that is, the number of trains
introduced into the system per unit timestep is obtained from the actual number of
freight trains per 365 daysin ayear that utilize the tracks of the eastern United States
railroad. For the experimentsin this chapter, threetrain traffic densities are sel ected—
low, medium, and high. For low, medium, and high traffic densities, the probabilities
that a train is generated within a timestep, that is, 1 minute of real time, are set at
0.075, 0.15, and 0.30 respectively. For every train originating at astation, train speeds
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TABLE 5.1
Input Train Traffic Parameters

Input Traffic Cumulative Trains Estimated Cumulative Distance
Density Introduced in RYNSORD Traveled by All Trains (miles)
low 484 288,860

medium 869 497,658

high 1,772 1,033,123

are generated stochastically, and they range from 60 mph to 100 mph. The final des-
tination is also generated stochastically by assigning equal weight to every station,
except the originating station, and selecting a station at random. Geographic prox-
imity plays no part in the selection process. Since major stations, corresponding to
major urban cities, are more likely to encounter high traffic densities, a set of nine
“high traffic” stations are selected from Figure 5.8. They include Chicago, Detroit,
St. Louis, Philadelphia, New York, Washington, Pittsburgh, Columbus, and Cincin-
nati. For the stations corresponding to these cities, the input train traffic densities are
assumed to be doubled. Also, during the process of selecting final destinations of
trains, these cities are assigned twice the weight of other stations.

The representative railway network is ssmulated in excess of 150 times, under
different scenarios and for different parameters. Every simulation is executed for
10,080 timesteps that corresponds to one week of real time operation. As indicated
earlier, while atypical simulation experiment executes for approximately 2 hours of
wall clock time, thelongest running of the 50 workstations often executesfor 7 hours.
Input trains are introduced throughout every simulation run at a constant and uniform
ratethat is set at the start of the simulation. Table 5.1 presents the cumulative number
of trains introduced into the system and the estimated cumulative miles traveled by
thetrains, for each of the low, medium, and high input train densities. The estimateis
based on the assumption that every train actually travels along the shortest path from
the origin to destination, which may be not be true in every case.

5.5 SIMULATION DATA AND PERFORMANCE ANALYSIS

To understand the performance of RY NSORD, first the independent parameters and
key performance measures are identified and anumber of simulation experiments are
executed on the realistic railway network, presented in Figure 5.8. The independent
parameters include the (1) number of trains asserted into the system, (2) the den-
sity of trains, that is, the frequency with which the trains are input into the system,
and (3) the lookahead utilized. To evaluate the role of soft reservations objectively,
this chapter also implements acompeting distributed routing algorithm, referred to as
approach B. Approach B issimilar to RYNSORD inall respects except that it employs
the traditional, hard reservations policy. A train first sends out hard reservation
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requests for the primary path. The stations, in sequential order, will try to reserve
the requested track at the desired timesteps. If successful, the train uses the approved
tracks of the primary path. Otherwise, if any of the tracks are busy, the reservation
request is denied and immediately returned to the train at the originating station.
Under these circumstances, the train then sends out hard reservation request on the
secondary path. If this also fails, the train must wait a minimum of one timestep
before initiating a request again to the primary path. This process continues until
the train is able to acquire reservation and move forward. Conceivably, atrain may
have to wait at a station prior to succeeding in acquiring reservation approval. If the
reservation request is successfully approved, thetrain moves along the N consecutive
tracks.

The key performance measuresinclude (1) the travel time of trains, averaged over
all trainsarriving at their destinations, (2) the percentage of trainsreaching their desti-
nations, (3) thedistribution of the number of hops (tracks) utilized by thetrains, (4) the
average number of hops traveled by the trains as a function of the lookahead, (5) the
travel time of individual trains as functions of the times of their assertion into the
simulation, and (6) the track utilization. Furthermore, to understand the importance
of distributing the overall computation and communication tasks among all entities,
three additional performance measures are defined. They include (7) the distribution
of computations performed by thetrains, (8) the distribution of the numbers of reser-
vations processed by the stations, and (9) the maximum communication rate of the
interstation links.

Figure 5.9apresentsaplot of the (actual travel time of atrain minusitsidea travel
time), averaged over all trains, asafunction of thelookahead size. Theideal travel time
of every train isused as areference, and it refers to the travel time that atrain would
requireif it wasthe only onein the entire system and could proceed to its destination
along the shortest path, unhindered by any other train. Clearly, in the presence of
other trains in the system, a specific train may not succeed in acquiring reservation
for and traveling on the tracks along its shortest path. Figure 5.9a shows six graphs,
corresponding to RY NSORD and approach B for each of the three densities. For low
and medium input traffic densities, RY NSORD's performance consistently exceeds
that of approach B. Figure 5.9arevea sthat the average travel time of trainsincreases
modestly with increasing lookahead size. For high traffic density, the relatively poor
performance of RYNSORD compared to approach B is an aberration that may be
explained by the graphs in Figure 5.9b. Figure 5.9b plots the percentage of trains
reaching their destinations prior to the termination of simulation, for both RY NSORD
and approach B and for all three densities. As the density increases, the consequent
greater congestion is responsible for lowering the percentage of trains that are able
to finish their journeys. Also, in every case, a greater percentage of trains reach
their destinations under RYNSORD than approach B, implying the superiority of
soft reservations. Furthermore, since significantly less number of trains reach their
destinations in approach B under high traffic density, relative to RYNSORD, the
corresponding travel time graph for approach B in Figure 5.9afailsto include trains
that run to farther destinations and is therefore skewed.
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FIGURE 5.10 Distribution of actual number of hops for trains in RYNSORD versus
approach B versusideal distribution.

Figure 5.10 showsaplot of the hop (track) distribution of trains, that is, the number
of tracks, ranging from 1 to 20, that are utilized by the trains to reach their destina-
tions, corresponding to low input traffic density. Figure 5.10 shows five graphs, one
corresponding to the ideal scenario, two relative to RY NSORD for lookahead values
of 2 and 4, and two corresponding to approach B a so for lookahead values of 2 and 4.
Theideal scenario, described earlier, refersto the computation of the ideal paths that
trains would take if every train was assumed to be the only one in the system. Under
actual conditions, simulated on the test bed, it is highly probable that most trains
will fail to acquire reservations for every track of their ideal paths since there will be
demand for them from other competing trains. In sharp contrast, the graphs obtained
from simulation show that the hop distribution closely follows the ideal scenario.
That is, despite 484 trains competing for tracks, RYNSORD'’s distributed, dynamic
routing with soft reservation yields results that are close to ideal. The graphs are
specially revealing for the following reason. Thereisabelief in thetechnical commu-
nity that while distributed algorithms may yield faster results, in general, the quality
of the distributed solution cannot approach that obtained from centralized algorithms.
This belief is fueled by the fact that in distributed algorithms local agents execute
the decision making but are allowed access to only a fraction of the system-wide
data. The results from the rigorous RYNSORD simulation unguestionably refutes
the generality of the belief. RYNSORD shows that under certain circumstances dis-
tributed algorithms may yield very high-quality solutionswhile generating them fast.
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The authors are currently engaged in studying a new mathematical framework to
extract distributed algorithms from centralized descriptions of problems. The graphs
also revea the superiority of RYNSORD's soft reservation over approach B’s hard
reservations.
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FIGURE 5.11 Distribution of actual number of hops for trains in RYNSORD versus ideal
distribution under (a) low input train density, (b) medium input train density, and (c) high input
train density.
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FIGURE 5.11 (continued)

The graphs in Figures 5.11a through 5.11c contrast the hop distribution of RY N-
SORD under different lookahead valuesrel ativeto theideal scenariofor low, medium,
and high traffic densities. The RYNSORD graphs in each of Figures 5.11a through
5.11c differ dightly from one another, implying that the impact of lookahead on the
hop distribution is modest. Furthermore, with increasing traffic densities, the hop
distributionsincreasingly deviate from theideal scenario, implying that the increased
competition for the tracks causes individual trains to select tracks other than those
along their shortest paths from the origin to the destinations. In each of Figures5.11a
through 5.11c, the graphs corresponding to lookahead 2 reveals that a small, yet
nontrivial, number of trains require excessive number of hops. Thisis due to double-
backs, that is, where a train oscillates back and forth between two or more stations,
while attempting to negotiate a suitable route to its destination. Despite the fact that
this normally implies inefficiency of track usage, results from Figure 5.9a show that
trains under lookahead 2, in general, reach their destinations faster. The occurrence
of double-backs decreases substantially with higher lookahead values.

Figure 5.12 reports on the effort to study the impact of lookahead size on the
average number of hops (tracks) for RY NSORD and approach B for each of the three
input traffic density values. Once again, for every train, the ideal number of hopsis
computed and utilized as the standard against which actual number of hops utilized
by the train is contrasted. The graphs for all three density values in RYNSORD
appear to converge to a small value that is dightly lower than the corresponding
value for approach B, once again demonstrating the superiority of soft reservations.
Furthermore, for lower lookahead values in every case in Figure 5.12, the average
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FIGURE 5.12 Averagehopsminusideal number of hopsaveraged over all trainsasafunction
of lookahead.

number of hopsrelativeto theideal hop count issignificantly higher. Thiscorroborates
the earlier finding that lower lookahead encourages frequent switching of tracks in
the course of routing and trains traverse more tracks in the process.

Figures 5.13athrough 5.13c present the tuples [ (actual travel time of atrain minus
itsideal travel time), time of assertion of the train into the system] for al trains that
reach their destinations. Figures 5.13a through 5.13c correspond to low, medium,
and high input traffic densities, respectively. In general, as more and more trains
compete for tracks, trains will require longer time to reach their destinations. This
is reflected by the increasing timestep scales along the Y-axes from Figure 5.13a to
5.13c. For low input traffic density, most trains reach their destinations regardless of
their time of assertion into the system, and thisis reflected by the relatively uniform
distribution in Figure 5.13a. While the plot in Figure 5.13b exhibits modest cutoff at
high values of assertion time, that is, 10,000 timesteps, that for Figure 5.13c is quite
severe. Thisreflects the fact that under higher input traffic densitiesatrain, Ta, that is
asserted later into the system relative to another train, Th, may require more time for
travel than Taand, under certain circumstances, it may not succeed in completing its
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journey within the maximum allowed simulation time. Clearly, to achieve a stable,
continuous running system with minimal cutoff, one must select an appropriate input
traffic density.

Figures 5.14a and 5.14b present track utilization results, that is, the cumulative
number of times every track is utilized by trains, for approach B and RYNSORD.
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FIGURE 5.14 Track utilization for low input traffic density and lookahead 6, (a) approach B,
(b) RYNSORD.

© 2010 by Taylor & Francis Group, LLC


metrovoice
T&F 2010


RYNSORD 77

Track segments are identified by unique identifiers 1 through 84. While most of the
tracks are utilized reasonably, reflecting efficient resource utilization, a few tracks
exhibit high utilization, which merely reflectsthe stochastic destinations of trainsand
the choice of the “high traffic” stations. The track utilization plot in Figure 5.14b is
observed to be, in general, higher than that in Figure 5.14a, implying the superiority
of RYNSORD's soft reservation over hard reservation in approach B.

Figures 5.15a and 5.15b present the track utilization for high input traffic den-
sity, and, clearly, it is significantly higher than that for low input traffic density in
Figure5.14b. However, thetrack utilizationin RY NSORD isnot significantly affected
by the choice of the lookahead value.

Figure 5.16 presents the distribution of a part of the overall computation task of
routing the trains among the stations. A principal component of the overall computa-
tion task is reservations processing. While Figure 5.16a corresponds to lookahead 2,
Figure 5.16b relates to lookahead 4. The computational load distribution among the
stationsis slightly higher for lookahead 2 than lookahead 4. Although the individual
trains, under low lookahead, execute the Dijkstra’s [44] shortest path computations
more frequently, they reserve fewer stations at any given time. Both Figures 5.16a
and 5.16b underscore the achievement of the original goal of efficiently distributing
the overall task among the stations nodes. The nonuniform distribution of thereserva-
tions processing is due to the stochastic destinations of trains, which, in turn, affects
their routing.

Figure 5.17 presents the distribution of the remainder of the overall computation
task, among thetrains. A principal component of theoverall task isthe Dijkstrashortest
path al gorithm execution by thetrainsfor computing the primary and secondary paths.
While Figure 5.17a corresponds to lookahead 2, Figure 5.17b relates to lookahead 4.
Both Figures 5.17a and 5.17b underscore RYNSORD's original goal of efficiently
distributing the overall task among the trains. In both Figures 5.17aand 5.17b, with
the exception of afew trains, the computational burden isuniform among most trains,
which underscoresthe achievement of equitabledistribution of the overall task among
al trains. The computational load in Figure 5.17ais significantly higher than that in
Figure 5.17b since, under low lookahead, trains perform shortest path computations
more freguently.

Tables 5.2 and 5.3 present data collected from the simulations to assist in the
understanding of theimpact of lookahead on key performancemeasures. The" average
time” referstothetravel timeof trainsrelativetotheideal travel timesand iscomputed
asequal to {[sum overall trainsof (actua travel timeof atrain — itsidedl travel time)]
+ by the total number of trains}. While Table 5.2 presents data for low input traffic
density, Table 5.3 corresponds to medium input traffic density. In Table 5.2, for high
lookahead values, the average travel time of trains increase, and it correlates to the
commensurate increase in the average waiting time. The latter, in turn, is due to the
fact that to reserve more tracks for increasing N, trains must wait longer at the host
stations where they initiate reservations, while engaged in communicating with more
stations. However, the average number of hops decreases with increasing lookahead
whilethe decreasein the number of double-backsiseven moredramatic. The contrast
between low and high lookaheads is more pronounced in Table 5.3.
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FIGURE 5.15 Track utilization in RY NSORD for medium input traffic density for (a) |ook-
ahead 2, (b) lookahead 4.
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FIGURE 5.16 Distribution of reservations processed by stationsin RY NSORD for medium
input traffic density as afunction of stations for (a) lookahead 2, (b) lookahead 4.
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FIGURE 5.17 Distribution of computation among thetrainsin RY NSORD for medium input
traffic density for (a) lookahead 2, (b) lookahead 4.

For low lookahead, the average travel time of trains and average waiting time
are significantly lower. However, the average miles traveled by trains, the average
number of hops, and the link usage are higher. In addition, the number of double-
backs is particularly high. Trains under low lookahead have a restricted view of
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TABLE 5.2

Comparative Impact of Lookahead on Performance Parameters in RYNSORD
under Low Input Traffic Density

Lookahead  Link Total Total Average Average  Average Average

Value Usage No. of No. of No. of Hops  Time Miles Waiting
(%) Hops  Double-backs per Train per Train Time

(timesteps)

1 27 2313 321 5.039 122.11 620 13

2 27 2053 17 4.483 151.91 627 119

3 27 2026 5 4.443 164.24 619 137

4 27 2029 3 4.450 170.56 627 136

5 27 2046 2 4.458 182.01 620 151

TABLE 5.3

Comparative Impact of Lookahead on Performance Parameters in RYNSORD
under Medium Input Traffic Density

Lookahead  Link Total Total Average Average  Average Average

Value Usage No. of No. of No. of Hops  Time Miles Waiting
(%) Hops  Double-backs per Train per Train Time

(timesteps)

1 52 4656 1274 6.151 545.94 647 615

2 48 3428 144 4.565 688.95 619 647

3 46 3194 12 4.357 759.77 610 711

4 45 3186 9 4.341 769.62 604 728

5 45 3137 3 4.274 780.01 603 737

the system-wide congestion and are more likely to make poor long-term choices.
However, they make routing decisions more frequently, and although this increases
their computational burden, their decisions are up to date and superior as reconfirmed
by the shorter averagetravel times. In contrast, trains under high lookahead arelocked
into tracks for longer periods of time and fail to take advantage of rapid dynamic
changes in the system-wide track usage, as reflected by their longer average travel
times. Nevertheless, their routing is more organized, requires less hops and distance
traveled, and virtually eliminates double-backs. Thus, where shorter travel times are
of paramount importance and the cost of track usage is negligible, low lookahead
values are logical. Where the cost of using tracks is appreciable relative to the idle
waiting of trains at stations, high lookahead value is recommended.

A principal objective of RY NSORD isto minimizetheintra-network communica-
tions by distributing the overall computational task to the local entities. Figure 5.18
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FIGURE 5.18 Maximum communications rate (bytes/min) of interstation links.

presents a plot of the maximum communications rate for every interstation commu-
nication link. Given that the resolution of the simulation is 1 timestep or 1 minute of
real operation, the resolution of the data presented here is also limited to 1 minute.
A maximum of 500 bytes/min of data propagation is observed in Figure 5.18, which
is easily realizable through commercial wireless modems rated at 9,600 or 19,200
baud. Thus, one of the principal objectives of RYNSORD is achieved. In contrast,
a centralized a gorithm would theoretically require a much higher communications
rate, implying expensive interfaces.

Limitations of RYNSORD

One limitation of the current RYNSORD implementation is that it does not model
abrupt track failures. Conceivably, track failures may cause severelocal congestions,
which may spread to other parts of the network. While RYNSORD allows trains to
utilize congestion information to replan their routes, its performance in the event of
track failures warrants further study, and is reported in Chapter 7.
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6 DICAF: A Distributed,
Scalable Architecture
for IVHS

6.1 INTRODUCTION

According to the Intelligent Transportation Society of America (ITS America) [24],
surface transportation in the United States is at a crossroads. While the nation’s 4
million miles of paved roads are badly clogged with 200 million cars and congestion
continues to increase, the conventional wisdom of building more roads will not work
for both financial and environmental reasons. While congestion costs 100 billion dol-
lars (Frank Kreith, pers. comm., May 16, 2000) annually in lost productivity, energy
wastage, vehicledeterioration, road rage, and increased emissionsfromvehicleidling,
traffic accidentsin 1993 al one caused 40,000 deathsand 5 millioninjuries. Inresponse
to these problems, the U.S. Congress passed the Intermodal Surface Transportation
Efficiency Act (ISTEA) of 1991, whose basic goal isto develop anational transporta-
tion system that is economically efficient, environmentally sound, and moves peo-
ple and goods in an energy efficient manner. The U.S. Department of Transportation
(DOT), led by the Federal Highway Administration, haslaunched the Intelligent Vehi-
cleHighway System (IVHS) program to meet the demands of the ISTEA. IVHS does
not aim to addressthe capacity problem. It aimsto assist in steering driversaway from
bottlenecks and in introducing and managing reasonabl e enforcement measures such
as congestion pricing. Surface transportation-related problems are not unique to the
United States. Infact, in countrieswith higher popul ation densities such as Europeand
Japan, the problem ismore acute. The Programmefor aEuropean Traffic with Highest
Efficiency and Unprecedented Safety (PROMETHEUS) [45] project in Europe and
the Advanced Mobile Traffic Information and Communication System (AMTICS)
program [46] in Japan closely parallel the IVHS program in the United States.

To virtually every driver today, the current interstate and state highway systemis
often a source of frustration, the principal reason being congestion. King [47] notes
that driver navigational waste is equal to 6.4% of al distance and 12% of all time
spent in travel by noncommercial motorists, amounting to millions of dollars. The
Rhode Island Department of Transportation (RIDOT) [48,49] estimates that 60% of
all vehicle-hours lost is due to accidents, stalled vehicles, and other road mishaps,
which are dynamic and unpredictable. Similar findings are reported by other State
DOT agencies. Peters, McGurrin, Shank, and Cheslow [50] estimate that the ITS
infrastructure must improve vehicle handling capacity by 30% in order to keep con-
gestion from growing beyond the current level. Other sources of congestion include
routine maintenance, construction, and specia events, which are mostly predictable.

83
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Itis generally and probably correctly believed that availability of accurate highway-
related information may congtitute an effective antidote to such problems.

Consider the following three typical scenarios: (1) A driver entersinto a highway
near exit 24, for example, and runs into a congestion within a mile. The congestion
is severe but extends only up to exit 22, for example. Had the driver been aware of
this problem before entering into the highway, he/she could have easily driven on a
short back-road and entered the highway past the congestion. (2) A driver passes a
gas exit and after driving 20 miles notices that the fuel level islow and that most gas
exits are closed. Had the driver been aware of this problem, he/she could have easily
filled the tank at the last gas exit. (3) A driver needs to reach home in Rhode Island
from New Jersey on a Sunday. It is1 PM in the afternoon and it has just started to
snow. The forecast callsfor heavy snow after 7 PM. The driver assumes that 1-95, an
important thoroughfare, will be kept cleared and that it would require approximately
5 hours to drive the 240 miles, yielding an estimated time of arrival of 6 PM. The
driver entersinterstate 1-95, only to find out that the interstate is not being cleared of
snow and that it is impossible even to pause in the breakdown lane to clear the icy
rain from the windshield. The average speed hovers around 25 mph and the driver
is caught in the heavy snow storm only to reach home after a painful 10 hours. In
each of the above scenarios, clearly, if accurate information was made available, the
drivers could have judiciously planned their trips and thereby avoided contributing
to the congestion, while ensuring safety and economy.

In addition to substantial research reports on traffic management and traffic con-
trol, the recent literature reports a number of research effortsin the ITS. Haver and
Tarnoff [51] report a new, efficient traffic management system that utilizes micro-
processors and local areanetworks to achieve online signal optimization. Fenton and
Mayhan [52] report their studies and findings relative to the devel opment of theoret-
ica control concepts and controllers for longitudinal and lateral control toward an
automated highway system. Powell [53] presents a summary of current tools used
in the optimization of assignments of drivers to motor carriers, dynamic fleet man-
agement, that is, pickup and delivery schedules, and vehicle routing. He observes
that the traditional vehicle routing problem is a fundamentally hard, mathematical
problem, and that there is little difference between the different techniques that are
in use today. Batz [54] reports on the use of TRANSCOM, the real-time traffic infor-
mation that is dispatched by over 14 transportation and traffic enforcement agencies
in the New York/New Jersey metropolitan area and utilized by the trucking industry.
When an incident occurs, TRANSCOM reports the location and time of incidence
and an estimated time to clear through a 80-character message. This is intercepted
by the participating motor carriers, which then analyzes the impact on their individ-
ua trucks and relays appropriate information on atimely basis. While the system is
currently under evaluation, it is expected to facilitate increase in fleet productivity,
driver’s environment, and customer service. Roper and Endo [55] report on the Santa
Monica Smart Corridor Project, whose primary objectiveisto create a better balance
of flows among all roadway facilities. It is proposed to develop a centrally located
urban freeway traffic control center, Central, that will collect traffic datafrom multiple
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sources and disseminate them, in real time, to in-vehicle displays on 25 selected, en
route vehicles. Once every minute, the in-vehicle processor receives messages con-
taining link congestion data that are broadcast from the Central, and usesit to extract
relevant congestion datathat is pertinent to thelocation and heading of the vehicle. At
the Central, a dedicated workstation tracks every one of the test vehicles to monitor
vehicle routes and diversions made by drivers. This scheme is expected to lower the
million vehicle-hours per year by 15%, the average freeway trip duration by 12%,
and increase the average freeway speeds from 15-35 mph to 40-50 mph.

In itsincident management plan [48,49], the RIDOT aimsto inform the public of
predictable and dynamic sources of congestion through traffic reports on radio sta-
tions. For accurate reports, RIDOT plans to consolidate information from visual air
traffic patrols, video cameras, RIDOT ground vehicles, public safety patrols, emer-
gency vehicles, and motorists through a standardized information exchange format
and by utilizing a combination of computers, modems, and fax machines. A 24-hour
toll-free telephone incident reporting mechanism and a free “SP” dedicated cellular
phone line are also planned. In addition, RIDOT plansto improve the use of existing
traffic loops and explore alternate detection schemesin high-accident-prone areas.

Kremer, Hubner, Hoff, Benz, and Schafer [56] present a short-range mobileradio
network, referred to as mobile radio LAN’s, for IVHS and describe a simulator,
MONETS3, that allows evaluations of protocols to operate in networks with hun-
dreds of stations. A key advantage is that most traffic data may be provided locally
without the need for global communi cations. Sakagami, Aoyama, Kuboi, Shirota, and
Akeyama[57] describeamethodol ogy to determinevehicle positioninmultipath envi-
ronments from the angle of arrival of waves received by multibeam antennas. While
theaccuracy ishindered by tall building, theapproach may behighly beneficial totrack
lost vehicles. Hussain, Saadawi, and Ahmed [58] describe a mechanism to detect and
monitor traffic through an experimental overhead infrared optical system. The system
successfully detects and counts vehicles and is weather-resistant and cost-effective.
Kim, Liu, Swarnam, and Urbanik [59] describe a area-wide traffic control system
(ARTC), wherein traffic flow information is frequently exchanged between signal
controllers to successfully address frequent occurrences of congestion. The system
exhibits improved success over an optimized fixed time control and adequate level
of fault tolerance. In arelated discipline of automobile highway, Von Tomkewitsch
presents ALI-SCOUT [60], a dynamic route guidance system with onboard com-
puters. An automobile receives routing information from a centrally located traffic
computer through infrared communications beacons that are strategically located at
traffic lights. The central computer utilizes current traffic conditions to determine a
route tree, that is, the best routes. The onboard computer receives the route tree and
selects the appropriate route based on its destination. The report superbly discusses
key issuesrelative to the use of infrared communications beacons and notes that the
approach had been field tested for 700 vehicles. However, it does not provide any per-
formance measures, and, while it is uncertain whether the approach will scale-up, the
use of acentral computer to generatetheroutetreeislikely toinhibit the scalability of
ALI-SCOUT. Denney and Chase [61] report that the use of distributed processing in
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the San Antonio downtown traffic system has resulted in an open architecture that is
responsive yet cost-effective and reliable. Kline and Fuchs [62] report that while the
visibility of symbolic highway signsis significantly higher than those of same-sized
text it may be greatly enhanced through the use of improved symbolic signs designed
using an optical blur (i.e., low pass) approach in order to avoid higher spatial fre-
guencies. Robertson and Bretherton [63] describe the SCOOT method of optimizing
traffic signalsin real time that adapts the signal timings automatically to new flow
patterns. Bernard [34] proposes the ASTREE railway traffic management system,
which maintains a distributed database of up-to-date, accurate, and comprehensive
representation of route layout and train progress. However, the centralized decision
making in ASTREE uses the information in the database to either automatically
make decisions or assist human operators with decisions, relative to route settings
and train control. The settings are then downloaded to the wayside equipment and
locomotives.

Researchers at Partners for Advanced Transit and Highways (PATH), at the
University of California, Berkeley, have proposed an architecture for IVHS [26],
wherein one or more automobiles are organized into discrete platoons that move
through specia lanes, similar to high occupancy vehicle (HOV) lanes, on existing
freeways at very high speeds. When a vehicle entersinto the network and announces
its ultimate destination, the IVHS system assigns it a nominal route through the net-
work. While the approach has been successfully tested [64], itslimitationsinclude the
risks of entering and exiting the HOV lanesin the presence of other lower speed vehi-
cleson the freeway and the fact that many drivers may resent the idea of being forced
totravel at very high speeds. Shladover and colleagues [65] summarize their accom-
plishments rel ative to automating vehicle lateral (steering) and longitudinal (spacing
and speed) control. von Aulock [66] reports that a feasibility analysis of automatic
guidance system on German freeways conducted by Prof. Hiersche of the Technical
University of Karlsruhe has concluded that while existing freeways and bridges are
not built and cannot be modified economically for automatic vehicle guidance sys-
tem, entering and leaving the system with vehicles zooming along 5 meters apart at
speeds reaching 120 km/h is a highly likely source of accidents.

ITS, America, has recently published [24] the design proposals released by the
four national architecture development teams led by Hughes Aircraft, Loral Federal
Systems, Rockwell International, and Westinghouse Electric. The Hughes approach
consists of a centralized, traffic management center (TMC) that detects and ana-
lyzes incidents and mitigates congestion by issuing real-time traffic information,
routing parameters, and through controlling ramp metering and traffic signal tim-
ing. The TMC is aided by area processors that principally control the communica-
tion between the TMC and the beacons that interact with the vehicles. The Loral
approach utilizes the concept of afully integrated transportation system, allows for
modular and flexible subsystems, and supports open standardized interfaces. Rock-
well proposes a multilayered architecture and recommends interface standards at
the application layer for each interface. It also proposes the development of a TMC
but deliberately avoids specifying the design and configuration of the TMC. The

© 2010 by Taylor & Francis Group, LLC


metrovoice
T&F 2010


DICAF 87

Westinghouse team proposes the use of the TMC and traffic control centers to pro-
vide centralized route guidance and other information to vehicles. A key concern with
the proposed architectures is that they are yet to be supported by scientific experi-
mentation, mathematical validation, or ssmulation. Under contract from the Federal
Highway Administration (FHWA), Nynex Corporation [67] has developed a traffic
management system, wherein acentralized TM C serves selected test vehiclesthat are
equipped with specialized cellular phones. Initia data from the “operational tests”
show that the length of an average cellular phone call necessary for aTMC to provide
route guidance instructions to a single vehicle is approximately 5-10 minutes. The
total number of vehicles in the NYNEX study is extremely small. While NYNEX
estimates that it is too costly to gain widespread consumer acceptance, a more seri-
ous problem is that the length of the call will increase significantly as more and
more vehicles demand interaction with the TMC. Studies by VanGrol and Bakker
[68] in Germany corroborate NYNEX's finding in that centralized TMCs that per-
form dynamic traffic management and short-term traffic forecasting are increasingly
unabl e to keep up with the demand. Igbal, Konheim, and K etcham [69] note that the
accuracy of the projections of recurring and nonrecurring congestions along corri-
dorsislimited by the static nature and highly variable quality of existing data. Jing,
Huang, and Rundensteiner [70] recognize the difficulty of simultaneously computing
a large number of paths for a huge transportation network and in storing the large
number of precomputed paths in the computer memory. They propose a hierarchical
encoding of the partial paths that offers improved performance and space efficiency.
Talib, Love, Gealow, Hall, Masaki, and Sodini [71] propose incorporating a spe-
cial, high-density pixel parallel processor chip onto a desktop computer to achieve
fast low-level image processing in I TS systems. Ziliaskopoul os, K otzinos, and Mah-
massani [72] present techniques to execute shortest path algorithms, fast, on CRAY
supercomputers. Rouphail, Ranjithan, El Dessouki, Smith, and Brill [73] proposethe
development of a decision support system for pre-trip route planning that generates
maximally different routes for a network that is characterized by time-dependent
link travel times. Centralized TMCs are complex and expensive to build and main-
tain. For instance, the Minneapolis TMC [74] contains 48 17-inch monitors, controls
354 ramp meters, receives data from 142 CCTV cameras that are located along the
highways and connected through fiber optics, and managed by 37 personnel.
Upchurch, Powell, and Pretorius [75] describe the deployment of a closed-circuit
television camera network along 256 km of arterial corridorsin Phoenix, Arizona, at
acost of $42 million.

Chang, Junchaya, and Santiago [ 76] describe atraffic simulator implemented on a
connection machine CM-2 and note that its performance is promising. Junchaya and
Chang [77] state that their simulator has the inherent path processing capability to
represent driver’s route-choice behavior. They report being able to simulate 32,000
vehiclesfor 30 minutesat one-second intervalsin 3.5 minuteswith 16,384 processors.
Given that CM-2 is a SIMD (single-instruction multiple-data) architecture, that is,
every processor executes the same instruction in lock step, and the processors are
extremely simple; the simulator is incapable of modeling the complex, concurrent,
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FIGURE 6.1 |VHS architecture utilizing centralized traffic management center.

autonomous, and unique behavior of the individual vehicles. Also, SIMD machines
are in essence synchronous machines and, therefore, they are not naturally suited to
model the real-world, asynchronous, traffic system.

Toillustratethetraditional efforts, consider ahighway system, showninFigure6.1,
that consists of 12 highway segmentslabeled 1 through 12, and the centralized TMC.
The TMC is connected to each of the 12 segments through permanent links, shown
through solid lines, that carry statusinformation to the TMC aswell asramp metering
commands back to the highway segments. The frequency of information exchangeis
governed by the flow of traffic, and it defines the accuracy of the TMC's knowledge
of the system state at any given time. When avehicle, labeled vehicle-1in Figure 6.1,
enters the system, it establishes a temporary communication link with the TMC,
shown through dotted line, and informs the latter of its final destination. The TMC
then determines the route, taking into account the number of vehiclesin the system,
their destinations, and its goal of balancing the use of resources against the shortest
travel times of the vehicles, and imposesit on vehicle-1.

A significant limitation with all of the above efforts is explained as follows: it
must be recognized that it is neither logical nor feasible for a single, centralized
TMC to continually broadcast every piece of highway datathat any of the thousands
of vehicles on the road may desire to know. Moreover, a single centralized TMC
possibly cannot serve a wide geographical area effectively, given the limited power
of radio transmitters, uneventerrain, and other factors. Furthermore, itisawell-known
fact that asingle, centralized unit cannot maintain the most preciseinformation on the
status of every highway segment at all times. Accuracy and precision isbest achieved
through anumber of relatively autonomousand communicatinglocal units. If theU.S.
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DOT basesthe IVHS architecture on centralized TMC, this chapter hypothesi zes that
the increase in the number of vehicles, the associated increase in congestion, and
the increased demand for sophisticated traveler services and other highway-related
information by drivers in the future will possibly require the total redesign of the
IVHS system. The reason lies in the fundamental limitation of a single-processor
computer. A TMC isaserial computing entity, that is, it executes its subtasks one at
atime, and no matter how sophisticated and powerful it may be, its performanceis
bound to deteriorate as the number of vehiclesinteracting with it increases.

An additiona limitation is that current efforts call for the TMC to exclusively
divert and control the flow of traffic, based on its knowledge of congestion of all
relevant highways. Whilethismay bebeneficial under certain scenarios, at other times,
this may evoke resentment from independent-minded drivers. There are additional
problems. First, as explained earlier, it is certain that a TMC will not have accurate
and up-to-date information on all highway segments at all times, particularly when
the numbers of segments and vehicles are large. Second, the TMC dictated alternate
route to a vehicle may not be ideal since the TMC cannot consider reasons that are
unique to each and every driver. For example, assume that a TMC dictates a driver,
traveling through Rhode Island on 1-95 and currently near exit 5, to take 1-495 so as
to divert traffic from an accident around exit 14. On the contrary, the driver who is
tired from driving all night would have opted to travel forward up to exit 12, enjoyed
breakfast at arestaurant for an hour, and then driven forward, had he/she been advised
of the problem rather than dictated arerouting. By that time, the accident would have
been cleared. In thisnation of independent-minded individual s, technol ogy that offers
choices is preferred to those that dictate one-size-fits-all type solutions. Kawashima
[46] observesthat aunified AMTICS and RACS in Japan may realize route guidance
through onboard computers and not by central computers but notesthat thisis merely
aconceptua model. Dailey, Haselkorn, and Meyers [69] correctly observethat akey
element in ITSisthedistribution of dynamic datainreal timeto alarge but authorized
group of users. They propose the use of an asynchronous, distributed, client/server
architecture that relies on the creation of autonomous, reusable pieces of hardware.
Hall [78] argues that advanced traveler information systems must aim at utilizing
alternate routes, where possible, to steer traffic away from disequilibrium behavior
and to provide to the user confidence and comfort in the system.

Recently, in a number of U.S. cities, notably Seattle, Houston, and Los Angeles,
the congestion information on different interstate and highway segmentsare collected
periodically and displayed on the Internet [79]. A total of five categories (George H.
Way Jr., pers. comm., February 1992) are utilized to overlay the congestion informa-
tion onamap namely, wide-open, heavy, moderate, stop-and-go, and no dataavailable.
While the practical difficulty of automatically acquiring this information onto every
vehicle needs to be addressed, the approach supports a rudimentary requirement of
DICAF, the centra theme in this chapter. A serious issue, however, is the latency
of this information, that is, the difference between the times that the information is
generated and utilized, and its impact on the timeliness and accuracy of this highly
dynamic information.
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This chapter recognizes these problems and proposes the use of adistributed strat-
egy, DICAF. DICAF utilizes the same basic principles, namely that of asynchronous,
distributed algorithms, as presented in Chapters 4 and 5. The principles consist of
utilizing data locally to compute decisions, wherever possible, and in propagating
changes, that is, new information, to other entities in the system on a need-to-know
basis. Clark and Daigle [80] review the vital importance of computer simulation in
traffic engineering and stress its critical role in the development and evaluation of
new ideas, algorithms, and traffic control systems. The remainder of this chapter is
organized as follows. Section 6.2 details the DICAF agorithm while Section 6.3
describes the modeling of DICAF on an accurate, realistic, parallel processing test
bed. Section 6.4 presents the details of implementing DICAF on the test bed. Section
6.5 reports on the simulation of representative traffic networks under stochastic and
realistic input traffic and also presents a detailed performance analysis.

6.2 DICAF: A NOVEL, DISTRIBUTED, AND
SCALABLE APPROACH TO IVHS

The vehicle routing problem is perhaps one of the richest problems in transportation
[53] both because of its wide applicability and its fundamental complexity from a
mathematical point of view. TheBodin et a. [81] review containsover 700 references
over the past four decades, a testimony to the richness of the problem. Asindicated
earlier, it must be recognized that it is neither logical nor feasible for a single, cen-
tralized TMC to continually broadcast every piece of highway data that any of the
thousands of vehicles on the road may desireto know. Moreover, asingle centralized
TMC possibly cannot serve a wide geographical area effectively given the limited
power of radio transmitters, uneventerrain, and other factors. Furthermore, itisawell-
known fact that asingle, centralized unit cannot maintain the most preciseinformation
on the status of every highway segment at all times. Accuracy and precision is best
achieved through a number of relatively autonomous and communicating local units.

DICAF recognizes these problems and proposes the use of a distributed archi-
tecture wherein the overall task of data collection, processing, dissemination of
information, and decision making is distributed among all of the components of
the IVHS system. The fundamental philosophy isto intelligently distribute decision-
making tasks among the entities to maximize local computations, minimize com-
munications, and achieve robustness and high throughput. A direct consequence of
this philosophy is scalahility, that is, where the underlying system will continue to
function and deliver relatively undiminished performance as the system grows in
size with an increasing number of vehicles and highway segments. The intent of the
architecture isto influence every driver’s routing decision by providing accurate and
adequate highway data, timely, to help him/her plan aternatives, rather than dictate
routes that inevitably lead to driver resentment and rejection of the system. Allen,
Ziedman, Rosenthal, Stein, Torres, and Halati [82] report that, in simulation studies,
the navigational system characteristics have significant effect on driver route diver-
sion behavior, with better systems allowing more anticipation of traffic congestion.
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Laboratory simulation studies with human drivers also indicate that the number of
miles driven decreases when travel ers are provided with better and moreinformation.

Toachievethegoals, thisresearch effort requires (1) theunderstanding and analysis
of the basic requirements of the entities—vehicles and road segments—constituting
the traffic system, (2) identification of the essential information to be communicated
between the entities, and (3) the determination of a generic model for al entities.
The generic model must be capable of making independent decisions based on input
information from alimited number of appropriate entities, yet each decision must be
“consistent” with the others and cooperatively conform to the global goals of effi-
ciency and safety. The proposed approach will carefully determine the basic rules
of decision making and communication between the entities to address all possible
scenarios. By definition, asynchronous, distributed algorithms offer, theoretically, the
highest benefit from concurrent processing since thereis no unnecessary interference
nor synchronization. It allows the use of maximal distributed intelligence from the
different entities. During the operation of an actual traffic system, the outcomes at
different instances of time are functions of many parameters, such as the change of
intent of a driver of a vehicle, vehicle malfunction, deterioration of road condition,
accidents, and so on and cannot be predicted a priori. Since no single entity may
possess accurate and compl ete knowledge of the entire traffic system at al instants of
time, the asynchronous approach permits each entity to proceed asfast asit possibly
can, without jeopardizing any aspect of the overall goal, namely efficiency of uti-
lization of the resources and safety. The asynchronous approach also recognizes the
intrinsic unique capabilities of every entity, if any, and permits their best utilization.

The current highway system is constituted by two components—highway seg-
ments and vehicles. A highway segment is simply a part of an existing highway,
perhaps between two consecutive exits. The pavements/roadways analyzed in this
chapter are freeways, without any loss in generality. While it is within a highway
segment, a vehicle may not leave it to travel on an alternate route. Thus, when a
highway segment, say between exits 2 and 3, is severely congested, a vehicle on the
preceding segment may take exit 2 and travel on an aternate path. If it fails to take
exit 2, the vehicle may not leave the segment until exit 3. The DICAF architecture
introduces a third component—highway infrastructure, which is key to achieving its
objectives. The infrastructure is organized into a number of constituent, Distributed
Traffic Management Centers (DTMCs), each of which is responsible for the collec-
tion and dissemination of information within a well-defined locality. Every vehicle
is assumed to be autonomous in that it is capable of requesting necessary informa-
tion from the DTMCs, which it then utilizes to synthesize decisions. Theinformation
may assume many forms. Consider a vehicle, in transit, that requires very specific
information. It communicates its request to the DTM C1, whose jurisdiction includes
the current position of the vehicle. Such requests may either include local informa-
tion such as the congestion information of a particular highway segment or nonlocal
information such as the weather and driving condition of a highway segment signif-
icantly far away from its current position, or locations and business hours of banks,
post offices, hospitals, and restaurants al ong the highway, further up from its current
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position. Corresponding toarequest for local information, DTMClimmediately prop-
agates the data to the requesting vehicle. When the information requested is outside
its jurisdiction, DTMC1 may retrieve the data from the appropriate DTMC through
the network and propagate it to the requesting vehicle. This chapter focuses only on
the most fundamental parameter that is essential for route guidance, namely conges-
tion information. The issue of retrieving information on the locations and business
hours of banks, post offices, hospitals, and restaurants along the highway is beyond
the scope of this chapter.

The exact location and number of the DTMCs in the DICAF system will be a
function of (1) the number of vehicles requesting service, (2) the average electronic
contact time between avehicleand aDTMC, that is, the time needed to propagate the
information, (3) the desired level of service, and (4) the range of the communication
mechanism, that is, wireless or infrared beacon, between avehicleandaDTMC. The
principal choicesinwirelesscommunications mechanismsincludethenormal cellular
telephones, cellular digital packet data system (CDPD), 220 MHz radio transmission
[83] that has been set aside by the Federal Communications Commission (FCC) for
FHWA'sIVHS, and others. Kamali [84] presentsacomprehensivereview of anumber
of wireless communication technologies for the ITS. Sodeikat [85] reports that the
short-range roadside infrared beacon, successfully demonstrated in the LISB field
trials in Germany, supports up to 500 bits/s. The design of the inter-DTMC network
will also be a function of the traffic volume and desired level of service. While a
high bandwidth islikely to be necessary in an urban situation, a medium-bandwidth
network will probably suffice for arural community.

A driver’s choice of the routing may be based on the weather, urgency, road condi-
tion, fatigue, the condition of the vehicle, and other objective and subjective issues.
Although DICAF grants full freedom to every driver, for an objective evaluation of
the DICAF algorithm, this approach assumesthat every driver’sbasic objectiveisto
reach the ultimate destination in the shortest possible time. There may be exceptions,
especialy for sight-seeing trips and other reasons. The driver’s objective is not nec-
essarily to utilize the shortest distance path since one or more segments of the path
may experience greater congestion level. To assist the driver, this chapter records the
following observations regarding the issue of congestion. As a first approximation,
the average speed of vehicles on a given highway segment is a good measure since
it reflects the throughput through the highway. However, the average speed does not
capture thetotal number of vehicles on the highway segment, which, intuitively, must
bear an impact on the congestion. Although the average inter-vehicle distance for a
highway segment appears to reflect the total number of vehicles on the segment, by
itself, it is neither a good measure of throughput nor congestion. It fails to differen-
tiate between two scenarios where all vehicles are traveling at 50 mph and 100 mph
respectively, while still maintaining the same average distance between the vehicles.
For similar reasons, the total number of vehicles on a highway segment at any time
instant is also not a good indicator of congestion. This chapter proposes a new def-
inition of congestion measure (C.M.) of a highway segment, one that reflects the
combined influence of the total number of vehicles on a highway segment and their
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average speeds:

> Speed of vehicles X
CM.= >~ Number of vehicles % Q (61)

In Equation 6.1, X representsthetotal number of vehicleson the highway segment
at any instant. The maximum number of vehicles allowed on the highway segment,
Q,is0.5x N x %, where N, D, and L refer to the number of lanes, the length of the
highway segment, and the averagelength of avehicle. D and L aregeneralized val ues.
In the traffic engineering literature, two terms, “headway” and “gap,” measured and
expressed in terms of time or distance, have been in use. While headway refers to
the difference between the nose of the leading vehicle and the nose of the trailing
vehicle, the gap is the difference between the rear of the leading vehicle and the
nose of thetrailing vehicle. For some analysis, especially under severe congestion as
found on surface streets during rush hours and where the lead vehicleisatruck, these
measures have been found useful. For this purpose of analyses in this book, D and
L subsume headway and gap. Presumably, the highway segment can physically hold
at most N x % vehicles at any instant, al of which are traveling at the same speed.
As an engineering approximation, @, the maximum number of vehicles allowed on a
highway segment, anytime, is assumed to be 0.5 x N x % The number of lanes for
all segments, in this chapter, is assumed to be unity without any loss in generality.
Thereis ageneral rule of thumb, usually found in the state driver manuals, of 1 car
length separation between adjacent vehiclesfor every 10 mph speed. The reason this
assumptionisnot reflectedinthedefinition of C.M. aboveisthat the maximum number
of cars must reflect the physical maximum that a highway can hold at any time. This
physical maximum is clearly defined by the length of the highway segment and the
car lengths, and is not dependent on the vehicle speeds. The proposed definition in
Equation 6.1 is more genera in that the “maximum number of cars’ encompasses
even severe congestion scenarios. It also permits amuch higher vehicle density than
the rule of thumb would alow and this, in turn, enables the DICAF simulations to
be driven hard to analyze its behavior under extreme conditions. The rule of thumb,
as the term suggests, is only arule of thumb. It neither has any formal basis nor isit
strictly obeyed. It is also violated under severe congestion scenarios.

Additional rationale for the choice of the definition in Equation 6.1 is as follows:
under normal circumstances, the speeds of the individual vehicles are different, as
evident by the well-known fact that the lanes toward the left are designated as higher
speed laneswhiletheright laneismeant for slower vehicles. Inaddition, the* passing”
of lower speed vehicles by higher speed vehicles is a common occurrence in any
highway. Now, when the number of vehicles in a segment is sparse, higher speed
vehicles will be able to maintain their speeds even if a few vehicles are traveling
at lower speeds for any number of reasons. Thus, the average speed is likely to be
high. The situation changes dramatically when the number of vehicles increases and
the inter-vehicle distance decreases. The higher speed vehicles find it increasingly
difficult and unsafe to maneuver the slower speed vehicles to maintain their higher
speeds. Consequently, they slow down, thereby bringing down the average speed
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for that highway segment. Thus, the impact of increasing number of vehicles on a
highway segment isthat the congestion becomes severe and the C.M. value decreases.
Where the average speed goes down to zero asislikely to be the case in the event of
asevere accident, the C.M. value dropsto 0. Also, when X equals @, the C.M. value
is 0. Since vehicles are assumed to travel at differing speeds, this condition implies
that all vehicles have cometo astand still. This chapter assumesthat the speeds of the
vehicles follow a hormal distribution curve with the “ " and “o” values defined by
the specific highway segment, the time-of-day, and so on. It is also pointed out that
when the absolute value of C.M. is high, the level of congestion islow while a high
level of congestionisimplied by low values of C.M. While the highest C.M. valueis
defined by the maximum permitted speed on a highway segment, the lowest valueis
0. Clearly, the definition of C.M. in Equation 6.1 will not apply in scenarioswhere al
vehicles are traveling at the exact same speed. One could have used the well-known
Poisson distribution. However, it is noted that while the Poisson distribution lends
itself to easy mathematical manipulation, the DICAF simulation is greatly facilitated
by the readily generated tables from normal distribution. It isal so pointed out that the
simulationsassumetypical scenarios, that is, vehiclestraveling year round as opposed
tothetime-of-day and day-of-year variation. Thus, the continuousnormal distribution
isutilized inthisstudy without any lossin generality. Furthermore Kreyszig [86] notes
that, for large IV, that is, the number of independent performances of an experiment,
a binomial distribution may be approximated by a normal distribution, while it is
well known that the Poisson distribution may be derived as a limiting case of the
binomial distribution.

As stated earlier in the chapter, most of the traditional route guidance approaches
adopt a binary admittance policy, that is, they allow entry or refuse admittance,
depending on the level congestion. It is well known that binary policies [87] gen-
erally lead to abrupt decisions. In contrast, in this chapter, the C.M. value evolves
gradually as afunction of the average speed and the number of vehicles on the seg-
ment. C.M. is a continuous function [86] in that, for any given segment, it is defined
for and may assume any value in the range—(0 mph, maximum permitted speed on
that segment). No vehicle is refused admittance into a highway segment, regardless
of thelevel of congestion unless of course X isequal to Q. It isexpected that vehicles
that are not aready within the segment in question will, in general, avoid segments
with lower values of C.M. in favor of those whose C.M. values are higher. Thus, the
overall routing decisions of the vehicles is expected to be less abrupt and the distri-
bution of the vehicles overall segments of the highway system is likely to be more
gradua and uniform.

Figure 6.2 presents the DICAF architecture of a highway system that consists of
12 highway segments and 9 intersection points through which traffic is introduced
into the system. DICAF organizes the highway system into nine regions, each of
which is controlled exclusively by its respective DTMC. Although the DTMCs are
located precisely at intersection points in Figure 6.2, in truth, they may be located
anywhere in the vicinity of the segments that they control. Thus, DTMC1 controls
segments 1 and 3, while DTMC2 controls segments 2 and 4, and DTMCS8 controls
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FIGURE 6.2 The DICAF architecture.

segment 12. DTMC9 does not control any highway segment. The DTMCs are con-
nected through a wide-area network where the links parallel the highway segments.
As soon as a vehicle enters the system, it communicates with the local DTMC to
obtain the C.M. of other relevant segments. It then determinesits own route based on
the goal of reaching its destination quickly. The vehicle recomputes its route when
it reaches the subsequent DTMC, and this process is repeated at every DTMC that
it encounters, until it arrives at its destination. The C.M. value for a highway seg-
ment is most accurate within the DTMC that controls it and the accuracy decreases
progressively, due to data latency, as one encounters other DTMCs that are further
away. Thus, the vehicle progressively accesses accurate C.M. of the segments during
itstravel toward its destination. As aresult, the vehicle continually refinesits routing
and achieves high efficiency.

Every vehicle contains a complete static topology of the highway system, that
is, the number, length, and connectivity of the segments. However, vehicles lack
knowledge of the C.M. values of the segments since they are dynamic. This chapter
assumes that there is no permanent change in the static topology. The issue of road
segment failure due to construction and incidents is beyond the scope of this chapter.
When avehicle is within the jurisdiction of aDTMC, it downloads from it the C.M.
measuresfor therelevant ssgments. Then, it executesamodified Dijkstrashortest path
algorithm [88] where the objective is to select a route that minimizes the estimated
travel time (ETT) from the current position to the eventual destination. The ETT for
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a segment relative to the vehicle in question, is obtained by,
ETT = length of segment -+ minimum (C.M., desired speed of the vehicle) (6.2)

In Equation 6.2, ETT is an estimate for the following reason: the C.M. measure
for a subsequent segment is dynamic, and it may assume a value different from that
used at the instance of computing ETT when the vehicle actually travels on that
segment, if the vehicle does end up traveling on that segment. In addition, since C.M.
is only an indicator of the congestion level, this chapter assumes the following: if
the C.M. value is lower than a vehicle's desired speed when the vehicle is about to
commence traveling on a segment, the vehicle is alowed to travel at a maximum
speed of either 125% of the C.M. value or its desired speed. If the C.M. value is
higher that the vehicle's desired speed, then, clearly, the vehicleis permitted to travel
on the segment at its desired speed.

Inturn, each DTMC computesthe C.M. measures for the segmentsthat it controls
and propagates the values to other DTMCs using the flooding algorithm [88]. For
efficiency, when a C.M. value for a highway segment differs from the previously
propagated value by more than a predetermined fraction, only then is that value
propagated. In addition, when a DTMC receives the C.M. values of other segments
from other DTMC:s, it updatesits local record of the DICAF system and propagates
themin accordance with the principlesin the flooding algorithm [88]. The appropriate
information from its local record is propagated to a requesting vehicle within its
jurisdiction. The DTMC utilizes its knowledge of the number of vehicles and their
respective speeds on a segment at any given time instance to compute the C.M.
Again, for efficiency, the computation is triggered when either one or more vehicles
enter the segment or leave the segment. When a vehicle enters the jurisdiction of a
DTMC and requestsinformation, the DTMC registers the entry of the vehiclefor the
purpose of triggering the computation of C.M. When avehicle leavesthejurisdiction
of aDTMC1 and enters that of DTMC2, the latter will notify DTMCL as soon as it
registers the entry of the vehicle. Then, DTMC1 again retriggers the computation of
the C.M.

The functions of each DTMC and vehicle is expressed, in pseudocode, in
Figures 6.3 and 6.4 respectively.

DICAF isscalable, that is, as the system evolves and the number of vehicles and
DTMCs increases, DICAF continues to function, and its performance is expected to
remain relatively undiminished. With an increase in the system size, the predominant
task, namely that of computing the routing for the vehicles increases, which, in turn,
is equitably shared by the proportionately higher number of computing entities. In
contrast, under similar conditions, the sequentially executing central computer of the
traditional TMC will be quickly overwhelmed by a significant increase in the com-
putational burden. DICAF is economical, that is, unlike the need for an expensive,
central supercomputer at the TMC, each DTMC may be designed with arelatively
inexpensive state-of -the-art microprocessor. The computational burden on acomput-
ing element of a DTMC is significantly lower. The maintenance cost of a DTMC
computer, in addition, is also significantly lower. The DTMCs in DICAF may be
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While (simulation is not complete) {
Check for flooding messages from neighbors
If (a message with higher sequence number) {
Update C.M. of segments for other DTMCs stored locally
Propagate the message to other neighbors
}
Check for vehicles entering any highway segment it owns
If (a vehicle has entered) {
Communicate with the vehicle, download C.M. measures
Upload vehicle’s actual speed
Determine when vehicle will exit segment based on its actual speed
Add vehicle to the wait-to-leave list
Update C.M. of the affected segment
If (change in C.M. exceeds a specified threshold) {
Send flooding message to other neighbors
}
}
Check the wait-to-leave list
If (a vehicle exits the segment) {
Update the C.M. of the affected segment
If (the change in C.M. exceeds a specified threshold) {
Send flooding message

}

FIGURE 6.3 Functionality of aDTMC in DICAF.

While (destination not reached yet) {
If (entered the jurisdiction of a DTMC) {
Communicate with the DTMC, download appropriate C.M. values
Compute maximum permitted speed
Set actual speed equal to maximum permitted speed
Upload actual speed to DTMC
Compute best route and execute travel

}
else {

continue travel
}

FIGURE 6.4 Functionality of avehicle.

fully automated, unmanned, and stand alone, much like the traffic signal boxes at
street corners. The computing elements in the vehicles may consist of very low-cost
microprocessors such as the Intel 8086, Motorola 6809, and so on. Similar to the
traditional TMC, the DTM C computers of DICAF may be easily upgraded with more
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powerful processors as they become available. DICAF is robust and reliable. Where
one or more DTMCsfail, the remainder of the DICAF system will continue to func-
tion unlike acompl ete breakdown of thetraditional system following thefailure of the
TMC. The vehicles within the jurisdiction of the failed DTMCs will be temporarily
locked out of the C.M. values but will resume their normal activities as soon as they
enter into the jurisdictions of other functional DTMCs.

6.3 MODELING DICAF ON AN ACCURATE, REALISTIC, AND
PARALLEL PROCESSING TEST BED

The key contribution of DICAF consistsin distributing the overall task of routing all
vehiclesthrough the network among all theentitiesin DICAF—vehiclesand DTMCs.
Thus, in reality, for agiven DICAF system with V vehiclesand D DTMCs, the total
number of coordinating computing enginesis (V + D). To understand its performance
and its dependence on different factors, DICAF is first modeled and then simulated
on a parallel processing test bed that is constituted by a network of workstations
configured as aloosely coupled parallel processor. The simulation coupled with the
test bed virtually resembles a real implementation with one exception. To facilitate
the simulation of arealistic system, that is, with a reasonable number of vehicles,
while every DTMC is represented by a workstation, the vehicles are modeled as
tasks and executed by the workstations underlying the DTMCs. When a vehicle is
traveling a ong ahighway segment, itscomputationsare performed by theworkstation
underlying the DTMC that controlsthe segment. Every vehicleisrepresented through
a process that migrates from one DTMC to the subsequent DTMC in the form of a
message; the vehicle must be represented through a data structure where the fields
represent the vehicle's key parameters. The fields include preferred speed, actual
speed, origin, and destination. When a vehicle travels from the current DTMC (say
A) to another DTMC (say B), the key parameters of the corresponding process in
the underlying workstation for A is encapsulated through a message, propagated to
B, and remanifested as a process in the underlying workstation at B. Thus, vehicles
move in the ssimulation at electronic speeds instead of their physical speeds and,
during itstravel along a segment, avehicle’'s computation subtask is executed on the
workstation underlying the DTMC that controls the highway segment. Thus, DICAF
is capable of simulating a highway system many many times faster than the actual
operation.

This chapter assumes that a representative highway system is organized in the
form of arectangular grid, with any loss in generality. A DTMC is located at every
intersection, and while it may be connected to a maximum of four segmentsin four
directions it may only control a maximum of two segments—east and south. For
DTMCs located at the bottom of the highway system, there are no south segments.
Also, for DTMCs located to the extreme right of the highway system, there are no
east segments. Thus, the maximum number of segments they control is unity.

Every DTMC maintains key information on the highway segmentsthat it controls
utilizing the following data structure: the first field, “index,” stores the DTMC's
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unique identifier, based on its location on the rectangular grid. While the second
through fifth fields relate to the highway segment to its east, the sixth through ninth
fields correspond to the highway segment to the south of the DTMC. For the east
segment, the C.M. is stored in the field “eastCM” in mph units. Where the segment
is nonexistent, thisfield is assigned avalue of —1. The “eLastSent” stores the most
recent value of C.M. for the segment that had been propagated to other DTMCs
and “eSeq” refers to the sequence number of this value. The field “eCar” stores
the number of vehicles currently traveling along the segment. The last four fields,
southCM, sl astSent, sSeq, and sCar, correspond to eastCM, el astSent, eSeq, and
eCar respectively.

typedef struct DTMC {
int index;
float eastCM;
float eLastSent;
int eSeq;
int eCar;
float southCM;
float sLastSent;
int sSeq;
int sCar;

Inaddition, every DTMC maintainsthe C.M. valuesfor all other highway segments
in DICAF. These values are updated with new information received periodically
from other DTM Csintheform of flooding messages. When avehicle connectswith a
DTMC, it downloadsapart of this database for determining itsrouting. For efficiency
of memory usage, each DTMC declares an array of pointers of size MAX_DTMC,
as shown below. Additional memory is dynamically allocated during initialization to
storethe C.M. values of al highway segments corresponding to the specific highway
system modeled in DICAF.

typedef struct DTMC *DTMC_PTR;
DTMC_PTR DTMC[MAX_DTMC] ;

DICAF utilizestwo types of messages—oneto encapsul ate avehiclesand emul ate
themigration of thevehiclesfrom one DTM C to the subsequent DTM C and another to
propagate updated C.M. values for the highway segments. The data structure, shown
next, is used to encapsulate vehicles. The “origin” field storesthe DTMC identifiers
where the vehicle originates while “dest” stores the final destination. The vehicle's
unique identifier is stored in “id.” The identifier is assigned at the DTMC where
the vehicle is generated, and it is synthesized utilizing the DTMC identifier and the
sequence number of the vehicle generated at that DTMC. The “update” and “from”
fields store information to instruct the receiving DTMC to update local information
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on the C.M. and other measuresrelative to the highway segment. The “update” flagis
set if the current highway segment on which the vehicleis traveling is owned by the
receiving DTMC. The“from” flag distinguishes whether the east or south segment of
the DTMC requires updating. Whilethe“inserted” field containsthetime of assertion
of the vehicle into a segment, the fields “appSec (in seconds)” and “appMSec (in
milliseconds)” collectively store the time at which the vehicleis scheduled to appear,
thatis, arrive, at the destination DTMC. Evidently, thisis computed from thelength of
the segment and the speed of the vehiclealong it. Thefields“trvSec (in seconds)” and
“trvMsec (in milliseconds)” contain collectively the cumulative actua travel time of
thevehiclefromtheorigintoitscurrent position while“ideal TrvSec (in seconds)” and
“ideal TrvM Sec (in milliseconds)” store the ideal time that the vehicle requires from
originto final destination, that is, the theoretical minimum travel time. While* speed”
stores the speed of the vehicle along the current highway segment, the “pref Speed”
refersto its desired speed.

typedef struct Vehicle {

int origin;
int dest;

int id;

int update;
int from;
long inserted;

long appSec;
long appMSec;

long trvSec;
long trvMSec;
long idealTrvSec;

long idealTrvMSec;
float speed;
float  prefSpeed;

Thebehavior of theworkstation underlyingevery DTMCispresentedin Figure6.5,
in pseudocode.

In Figure 6.5, the first two statements correspond to initialization. During initial-
ization, the workstations underlying the DTMCs are interconnected through soft-
ware links such that the resulting network corresponds to the highway system. In
addition, vehicles are generated at the DTMC with unique identifiers and stochastic
destinations. While their desired speeds are also stochastic, they conform to a nor-
mal distribution. The generated vehicles are included in the wait-to-leave list for the
DTMC and are organized according to the times when they either enter the segment
or depart the DTMC aong an appropriate highway segment. The DICAF simulation
continues until the end of simulation time is reached. The simulation steps through
the following phases. First, the incoming messages are read and processed by the
function Process_Message, shown in Figure 6.6. Where the message corresponds to
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FIGURE 6.5 The“main’ routinein DICAF.

Process_Message {
if (Message relates to flooding)
Receive_Flooding;
else {
if (Vehicle commences travel of segment owned by current DTMC) {
Update segment;
X

Insert vehicle into wait-to-leave list;
}

Receive_Flooding {
if (Message sequence number > previous sequence number of the segment) {
Update segment -- update C.M. & advance sequence number;
Forward flooding messages to all its neighbors;
b
X

FIGURE 6.6 The"process message” routinein DICAF.

a flooding message, that is, a C.M. update, it is used to update the local database
and is then forwarded to other DTMCs. If the incoming message is an encapsu-
lated vehicle, it is remanifested as a vehicle-process within the current DTMC and
is inserted into the wait-to-leave list. Second, the wait-to-leave list is examined to
check whether any vehicle must depart the DTMC at the current time. The vehicle's
routing is computed, encapsulated in the form of a message, and propagated along
to the subsequent DTMC. Simultaneously, the C.M. values of the affected highway
segments are recomputed and propagated to other DTMCs. The process continues
until the simulation terminates.

Figure 6.7 details the organization of the function “check wait-to-leave list,” in
pseudocode. During simulation, when the current time equals the time of departure
from the DTMC of a vehicle, contained in the wait-to-leave list, the vehicle is first
extracted from the list. Then, utilizing the most recent C.M. values of the highway
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Process_vehicle {
if (entry refers to a ‘‘shadow’’ vehicle) {
Update segment since vehicle reaches the end;
¥
else {
if (current segment used by vehicle is owned by DTMC) {
Update segment since vehicle exits the segment;
¥
Determine best route and the subsequent DTMC;
if (this DTMC is the final destination of vehicle) {
Record relevant statistics in vehicle’s data structure;
¥
else if (subsequent segment is owned by current DTMC) {
Determine the vehicle’s speed on the segment;
Update segment since vehicle enters the segment;
Create a ‘‘shadow’’ entry for time when vehicle will complete travel
Include entry in the list with shadow flag set
¥
else if (current DIMC does not own highway segment) {
set the ‘‘update’’ field in vehicle’s structure
¥
Propagate the data structure to the next DTMC;

FIGURE 6.7 “Check wait-to-leave list” function.

Update_segment {

if (vehicle exits highway segment)
Decrement number of vehicles on highway segment;

else
Increment the number of vehicles on highway segment;

Compute new C.M. value;

Update local copy of the C.M. value;

if (C.M. differs from previous value by a margin exceeding threshold) {
Propagate C.M. value through Send_flooding;

}

Send_flooding {
Increment sequence number associated with the segment;
Initialize message with sequence number, segment ID, and C.M. value;
Propagate message to all the neighbors;

FIGURE 6.8 “Update_segment” function in DICAF.

segments, the vehicle'srouting is determined, and it is propagated to the subsequent
DTMC aong the appropriate segment. For a given segment, the value of C.M. may
changewhen either avehicle entersor exits. Thiscausesthelist to contain two kind of
entries—(1) vehicles entering the segment that are labeled normal and (2) “ shadow”
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vehicles exiting the segment. Since only the owner DTMC maintains the C.M. for
a segment, the “shadow” entry helps to ensure that the C.M. is updated when the
vehicle completesits travel along the segment.

When the updated C.M. value for ahighway segment differs substantialy fromits
previous value, the owner DTMC must propagate the information to other DTMCs
through the flooding scheme. The responsible function is “Update_segment.” In this
scheme, asequence number isassoci ated with every messageto cut down on duplicate
transmissions. When amessage is broadcast from an originating DTMC to its neigh-
bors, the DTM C increments the sequence number. When this message is received by
adifferent DTMC, it will forward the message to its neighbors only if the sequence
number is more recent than that associated with the previous copy of the C.M. The
algorithm is presented in pseudocode in Figure 6.8.

6.4 IMPLEMENTATION AND DEBUGGING ISSUES

The DICAF model and simulator iswritten in C and designed to execute on anetwork
of Unix-based workstations, connected through a 10 Mbit/s Ethernet and configured
as a loosely coupled parallel processor. The network includes over 65 SUN Sparc
10 workstations under SUN Solaris 2.4 operating system. The code segment for
every DTMC including the vehicles introduced into the system at that location is
approximately 4432 lines of C code while the networking code is approximately
1500 lines of C++ code. The simulator is compiled by the public domain GNU C
compiler, gcc and is executed at alow priority in the background utilizing the “nice”
utility. The execution of DICAF generates approximately 4 to 9.5 MB of data, which
is then parsed by a parser to yield the performance graphs. The parser consists of
910 lines of C. Each simulation run corresponds to an experiment, which, in turn,
represents 24 hours of actual highway traffic and requires approximately 16 minutes
of wall clock time for both a 10 processor and 51 processor DICAF system. The
maximum number of vehiclesintroduced into DICAF is45,000. The underlying test
bed consists of 65 concurrently executing SUN Sparc 10 workstations, each with 32
MB of RAM and a424-MB hard drive. A total of 400 simulation runs are executed
throughout this research. It may be noted that the workstations may be executing
primary jobs for the users at the respective consoles.

A unique characteristic of asynchronous, distributed algorithms, DICAF being a
specific instance, is that they are extremely complex to debug. It is estimated that
debugging a 50-node DICAF simulation is equivalent to debugging approximately
4,000 x 50 = 200,000 lines of C code, given that DICAF is approximately 4,000
lineslong. In truth, however, the problem is more severe. At any time instant during
execution, every processor may be executing a unique line of the DICAF program
and there may be little to no correlation between them. Since we human beings
think sequentially, in general, comprehending the simultaneous execution of multiple
autonomous entities is very difficult, at the least. Conceivably, one can add printf
statements in the code to display the values of key variables and structures as the
execution progresses. However, the numbers of times that the values of the variables

© 2010 by Taylor & Francis Group, LLC


metrovoice
T&F 2010


104 Intelligent Transportation Systems

are printed out quickly runsinto the thousands and becomes overwhelming. Timing-
related problems are more acute and even harder to debug since they can become
intermittent if printf statements are added to the code. In the experience of the authors,
efficient debugging requires an extremely thorough knowledge of the program, very
high degrees of concentration, commitment, and patience.

Asynchronous, distributed a gorithms also impose great demand on the accuracy
and correctness of the underlying operating system. First, such al gorithmsrequirefast
propagation of small to modest size messages. Second, the distribution of messages
is highly bursty. Third, given that each processor must execute the route guidance
computations for 45,000 vehicles in addition to computing and disseminating the
congestion measures, the burstiness of the message distribution reaches an extreme.
This, in turn, imposes frequent writes into the buffers that are constantly full. It
was observed that at afew times the simulation fails unexpectedly, accompanied by
the errors: can’t write, broken pipe, and sigpipe error. Other, hard-to-explain errors
include a scenario where one of the processors fails to write data into a file, despite
successfully opening it.

During simulation, a vehicle collects and stores its travel-related information
including routing, C.M. values, and time of travel. The data is written out into a
file when the vehicle reaches the destination DTMC. The parser utilizes it to gener-
ate performance statistics including the average speeds of vehicles throughout their
travel, the actual elapse times, the theoretical minimum travel times, the actual speed
distributions of the vehicles, the percentage differential travel times as a function
of the vehicle identifiers and as a function of the time of assertion of the vehicle
into DICAF. The percentage differential travel time is defined later in this chapter.
In addition, the parser assists in plotting the C.M. on the highway segments, both as
functions of the highway segments and the simulation time. The distribution of the
number of vehicles on the highway segments and the number of vehicleeDTMC and
inter-DTM C messages are al so obtained by the parser. Corresponding to a number of
measures, the parser also computes the average and standard deviation values.

6.5 SIMULATION RESULTS AND PERFORMANCE
ANALYSIS OF DICAF

The ultimate objectives of DICAF include (1) fast arrival of all vehicles at their
destinations and (2) superior utilization of al resources, that is, highway segments.
In addition, DICAF aims to deliver a scalable, pragmatic, yet economical system
wherein the communication and computational demands on the individual DTMCs
are minimal. Furthermore, for a given highway system and a given realistic, input
traffic distribution over a time interval of interest, the travel time required for any
vehicle between any given origin and destination, in DICAF, must be uniform and
independent of the time at which the vehicle commencesitstravel during theinterval.

For a systematic presentation of the performance of DICAF, in this chapter, first
the independent parameters and key performance measures are identified and a num-
ber of simulation experiments are executed, corresponding to representative traffic
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conditions, ontwo highway systems, shownin Figures6.1 and 6.9. Whilethe highway
systemin Figure 6.1 consists of 9 DTMCs and 12 highway segments, Figure 6.9 con-
sistsof 50 DTM Cs and 85 highway segments. Every DTMC controlsthe segmentsto
itseast and south. All segments are assumed to be 10 milesin length, without any loss
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FIGURE 6.9 A second representative highway system modeled in DICAF.

© 2010 by Taylor & Francis Group, LLC

50



metrovoice
T&F 2010


106 Intelligent Transportation Systems

in generality, since the speeds of the vehicles, as described later, are stochastically
determined.

The independent parameters include (1) the number of vehicles asserted into the
system, (2) the density of vehicles, that is, the frequency with which the vehicles are
input into DICAF, and (3) the distribution of vehicle speeds.

The key performance measures include (1) the distribution of the travel times of
vehicles arriving at their destinations, (2) the fraction of vehicles reaching their des-
tinations, (3) the average and standard deviation of the travel times as a function of
traffic density, (4) the distribution of the C.M. for selected highway segments as a
function of thesimulationtime, (5) the average C.M. valuesfor the highway segments
for different traffic densities, (6) the travel times of the individual vehicles asafunc-
tion of thetimes of their assertioninto DICAF, and (7) the average number of vehicles
on each of the highway segments, under different traffic densities. In addition, two
measuresare presented to permit closer examination of DICAF sperformancerelative
to shorter travel times of vehicles. Thefirst (8) isthe distribution of the actual average
speeds of every vehicleduringitstravel, relativeto itsdesired speed. The second mea-
sure aims to provide an insight into the impact of the distribution of desired speeds
of vehicles, on DICAF. Thisisachieved by measuring the average of thetravel times
of vehicles for higher 1, value and identical o value and for higher 1 value coupled
with smaller o value. These are labeled measures (9) and (10) respectively.

To estimate DICAF' s achievement in distributing the overall communication task,
two additional performance measures are defined. They include (11) the maximum
data transfer rate from each of the DTMCs to the vehicles, measured every second
of the simulation execution and (12) the distribution of the total nhumber of flood-
ing messages, both received and sent by the DTMCs, as a function of simulation
time. The flooding messages carry the C.M. values for other highway segmentsfrom
other DTMCs.

In DICAF, avehicleisrepresented through adata structure and is propagated from
one DTMC to ancther at electronic speeds, unlike the slow actual highway speeds.
Thus, the DICAF simulation can execute many times faster than an actual highway
operation, and this permits a detailed study of DICAF under many representative
scenarios. The DICAF design is organized to execute 90 times faster than an actual
highway operation. That is, 1 second of the simulation corresponds to 90 seconds of
actual highway operation and a 24-hour highway operationissimulated in (24 x 60 x
60--90) = 960 seconds or 16 minutes of wall clock time. Thisisachieved in DICAF
asfollows: in DICAF, avehiclearrivesat aDTMC from the preceding DTMC in only
afew milliseconds. However, the arrival of the vehicle is deliberately delayed at the
destination DTMC by avaluethat correspondsto thetravel timein theactual highway
divided by 90. This aso guarantees the accuracy of modeling and representing the
travel of every vehicle in DICAF relative to the resolution of the simulation.

The average vehicle length is assumed to be 0.0025 mile, which yields the max-
imum number of vehicles allowed on any segment at 0.5 X 5305= = 2000, as per
Equation 6.1. The input traffic distribution uses a stochastic function to generate
vehicles that are uniformly asserted at the DTMCs of DICAF. Every simulation
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run executes corresponding to 24 hours of actual highway operation. Accordingly,
the traffic generator asserts vehicles during the simulation corresponding to a
24-hour day. At every DTMC, thevehiclesgenerated are assigned destination DTMCs
stochastically. The number of vehicles asserted at any DTMC is a uniform function
of time throughout the simulation. However, the vehicles speeds are stochastically
generated, utilizing the “drand48” pseudorandom generator function, and they fol-
low a normal distribution with specified o and p values. Every vehicle is assigned
a unique identifier. For the 9-DTMC highway system, the identifier is computed
as: ([DTMC identifier x 10,000] + [1...maximum number of vehicles generated at
that DTMC]). For the 50-DTMC highway system, the identifier is computed as:
([IDTMC identifier x 1,000,000] + [1...maximum number of vehicles generated at
that DTMC]). The maximum C.M. value allowed for the highway segments is
100 mph, and the highest and lowest permitted vehicle speeds are 90 mph and
30 mph respectively. Thus, in this chapter, most of the performance results for both
highways systems in Figures 6.1 and 6.9 are obtained for ;4 = 50 mph and o = 10
mph. In addition, the highway system of Figure 6.1 is simulated in DICAF for the
scenarios—(1) 4 = 65 mphand o = 10 mph and (2) » = 65 mphand o = 5 mph. While
the highway system in Figure 6.1 requires 10 processors that execute concurrently
and asynchronously, Figure 6.9 requires 51 simultaneously executing SUN Sparc 10s.
The number of vehicles asserted into DICAF is controlled by the traffic density func-
tion that assumesthevalues 3, 6, and 8, for the highway systemin Figure6.1. A traffic
density value, D, impliesthat, at every DTMC, a stochastically generated number of
vehicles, rangingfrom0to D, isassertedinto DI CAF at every second of thesimulation.
The corresponding numbers of vehicles are 8,528, 21,572, and 30,284, respectively.

The RIDOT maintains traffic density for the key highways including 1-95, [-195,
and 1-295, in terms of the maximum number of vehicles carried by each of the seg-
ments over a 24-hour period. Since the same vehicle may travel on different highway
segments, it is nontrivial to estimate the total number of vehicles asserted into the
entire Rhode Island highway system from the traffic density map [89]. It is noted
that the 3-lane, 1-95 highway carries the most traffic, namely a maximum of 89,302
vehicles throughout a 24-hour period. Therefore, the maximum, normalized traffic
density, relative to a single-lane highway, will correspond to 30,000 vehicles on a
24-hour period. Given that Rhode Island is a tiny state, approximately 40 miles by
16 milesin size, with the 1-95 assuming the role of the most important roadway, this
chapter assumes that the [-95 constitutes a part of the itinerary of nearly every vehi-
cle that travels on any highway segment of Rhode Island. Therefore, the maximum
number of vehicles asserted into the Rhode Island highway system is approximately
30,000 over a 24-hour period. Thus, the highest traffic density utilized in DICAF,
namely eight, is representative of actual traffic conditions.

For the 50-DTMC highway system shown in Figure 6.9, the total number of vehi-
cles asserted into DICAF is 45,296, corresponding to a density of 3. The simulation
is also designed to execute 90 times faster than the actual highway operation.

It is noted that each vehicle is generated stochasticaly, that is, its source, des-
tination, and desired speed of travel are al stochastic quantities. Given that more
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than 45,000 vehicles are generated and simulated, the results obtained are assumed,
reasonably and justifiably, to yield a genera insight into the performance of DICAF.
Although more than 400 simul ation runs were executed, each time with different seed
values, the general behavior of the data was observed to be similar, and the results
reported here correspond to aspecific run. It may be further noted that neither 1 nor o
valueswere measured. They were assumed, for the sake of generality. The confidence
interval for ap isgivenby {& — k < p < &+ k}, where & is the computed mean and
k= \7—‘% where c relates to the confidence level v, o isthe measured variance, and n
isthe number of samples. In thischapter, n isover 45,000 which impliesavery small
valuefor k, that is, avery narrow confidenceinterval, even for alarge value of ¢, that
is, very high confidence level.

The performance data, presented in this section, is obtained from sampling key
measures every simulation second.

Figure 6.10 presents the normal distribution of the desired speeds of the vehicles
for traffic density values of 3, 6, and 8, for the 9-DTMC highway system. The x-
axis represents the speeds of the vehicles, ranging from 30 mph to 90 mph while
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.....

Traffic density = 3
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Desired speeds of vehicles inserted into DICAF (mph)

FIGURE 6.10 Normal distribution of the desired speeds of vehiclesfor traffic density values
of 3, 6, and 8.
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the y-axis presents the number of vehicles corresponding to the respective desired
speeds. Clearly, the bulk of the vehicles desire travel speeds around 55 mph while
fewer vehicles desire to travel at the lower and higher speeds.

To contrast theperformance of DICAF against thetraditional TM C schemerequires
the development of a simulator that utilizes centralized scheduling and executes
sequentially on a single processor. In this research, a uniprocessor simulator is not
developed for two reasons. First, the memory requirement to represent the data struc-
tures corresponding to an excess of 30,000 vehiclesisprohibitively large. Second, the
speed of execution of the simulator is likely to be excruciatingly slow. This chapter
proposesto eval uate the absol ute performance of DICAF. In thischapter, correspond-
ing to every vehicle, the time to complete the travel is computed as the length of the
shortest path from the origin DTMC to the destination DTMC, in miles, divided by
the desired speed of the vehicle. This corresponds to the ideal travel time since it
may be achieved by the vehicle only in the complete absence of any other vehicle
in DICAF competing with it for resources. The ideal travel time for avehicle isthe
best that it can achieve, in the absol ute sense. When asimulation run is complete, the
actual travel time required by each of the vehicles is obtained from the information
that the vehicles collect as they progress from their originsto the respective destina-
tions. For avehicle, the actual travel time is the cumulative sum of the travel times
between every DTMC pair initsroute during the simulation. The percentage differen-
tial travel timefor avehicle is then computed as: ([actua travel time for avehicle—
ideal travel time]/[ideal travel time] x 100). By definition, the percentage differential
travel time for every vehicle must be a positive percentage, that is, greater than or
equal to 0%, and it reflects the travel time that the corresponding vehicle requires
in excess of the absolute minimum. Figures 6.11a through 6.11c plot the percent-
age differential travel time along the y-axis for every vehicle in DICAF, for density
values 3, 6, and 8, respectively. The x-axis represents the unique vehicle identifiers
that range from 10,000 to 90,000. The average and standard deviation value pairs
for density values 3, 6, and 8 are {1.89%, 6.09%}, {1.85%, 5.71%}, and {2.12%,
6.14%} respectively. Theincreasein the average of the percentage differential travel
times overall vehicles, from 1.89% to 2.12%, corresponding to traffic densities three
and eight respectively, reflects the increased competition for highway segments by
more vehicles, which, as expected, resultsin greater travel timesfor all vehicles. Fur-
thermore, with more than 30,000 vehicles asserted into DICAF, the average vehicle's
travel timeis only 2.12% higher than the absolute best. In addition, the worst-case
travel time, shown in Figure 6.11c, is only 85% more than the absolute best or less
than twice the ideal travel time.

Clearly, thesefindingsattest to DICAF s strong performance. Thus, despite 30,284
vehicles competing for highway segments, the autonomous, distributed, and dynamic
routing of each vehicle in DICAF yields results that are very close to ideal. The
graphs are especialy revealing for the following reason: in the paralel processing
community, while it is generally accepted that the use of distributed algorithms may
yield faster results, the issue of the quality of the solution relative to that from the
centralized algorithm is an open one. In distributed algorithms, local entities execute
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FIGURE 6.11 Percentage differential travel times for all vehicles [calculated as (actual
travel time for each vehicle— idea travel time) / (ideal travel time) x 100%] for (&) density 3,

(b) density 6, and (c) density 8.
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FIGURE 6.11 (continued)

the decision making, while allowed accessto only afraction of the system-wide state.
While the lack of access to the system-wide state may raise concern, the results of
DICAF reved that the quality of the results is very high. That is, as evident from
DICAF, under certain circumstances, distributed algorithms may yield very high-
quality solutions while also generating them fast. The authors have developed [90]
a new mathematical framework to extract distributed algorithms from centralized
descriptions of problems.

IntheDICAF simulation, vehiclesareuniformly asserted at the DTM Csthroughout
the entire simulation run, that is, up to 960 simulation seconds. The simulation is
permitted to continue execution up to 1100 seconds when it is observed that all
vehicles arrive at their respective destinations.

Figures 6.12athrough 6.12c present the variation of the C.M. value for a selected
highway segment, 7, under thetraffic density values 3, 6, and 8, respectively. Thevari-
ation of the C.M. va ueiscontinuousand consi stent with thedefinitionin Equation 6.1.
The reason for the choice of segment 7 isthat it is located at the center of the high-
way system and many vehicles traveling diagonally are likely to include it in their
itinerary. Theinitial, default C.M. value is 100 mph while, following the completion
of travel of all vehicles, that is, at 1100 simulation seconds, the C.M. value increases
to 100 mph. As expected, the average C.M. valueis higher for low traffic density and
lower when the total number of vehiclesis high.
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FIGURE 6.12 Distribution of C.M. for highway segment 7 as a function of the simulation
timefor (a) density 3, (b) density 6, (c) density 8.

Figures 6.13a through 6.13c present the average C.M. values for al highway
segments, computed over theentire simulation run, for each of thethreetraffic density
values. It isnoted that the average C.M. values for the highway segments are closeto
one another, ranging from 54 mph to 57 mph, implying that all resourcesare equitably
utilized in DICAF.
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FIGURE 6.12 (continued)

Figures 6.14a through 6.14c present the highway resource utilization through a
plot of the average number of vehicles, over the entire simulation run, for each of
the highway segments, for the three traffic density values. Although all highway
segments are utilized reasonably, which reflects DICAF's success in utilizing all
highway resources, the average number of vehiclesis higher on some segments more
than others, principally due to the stochastic speeds and destinations of the vehicles.
The average number of vehicles for every segment is higher in Figure 6.14c than
in Figure 6.14b, which, in turn, is greater than in Figure 6.14a. This is expected
since higher traffic density value implies a greater number of vehicles that must uti-
lize the highway segments to achieve their travels. For density 3, the maximum of
the average number of vehicles overall segments is 16, while for density 6 and 8
the corresponding figures are 83 and 130 respectively. The average number of vehi-
cles for any segment is obtained by sampling the vehicle queue length, associated
with the segment, every simulation second. To relate these figures to the maximum
capacity of the highway segments, consider the following. A highway segment may
support a maximum of 2000 vehicles on it, al of which must be traveling at the
same speed anywhere from 0 mph to 90 mph. The shortest time for which this state-
ment may be true, may be obtained as 10 miles-- 90 mph = 399.9 actua highway
seconds, assuming an average speed of 90 mph. This, in turn, corresponds to 4.4
simulation seconds. Therefore, corresponding to 1 simulation second, the maximum
number of vehicles on a highway segment is 2000 + 4.4 = 454. Thus, the max-
imum of the average number of vehicles on any segment under DICAF, namely
130, corresponds to approximately 28% of the absolute maximum. Thus, for agiven
number of vehicles, unlike the traditional approach where only a few segments are
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FIGURE 6.13 Average C.M. value for all highway segments of DICAF for (a) density 3,
(b) density 6, (c) density 8.

extremely congested, traffic is equitably distributed among all highway segments
in DICAF

To understand the influence of the assertion time of the vehicles on their travel
times, Figures 6.15athrough 6.15c present the tuples ([difference of actual travel time
of avehiclerdativetoitsideal travel time asafraction of itsideal travel timeg], time
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FIGURE 6.13 (continued)

of assertion of the vehicle into DICAF) for all vehicles. Figures 6.15a through 6.15¢
correspondtotraffic density valuesof 3, 6, and 8 respectively. Theincreased darkening
of thegraphsin Figures6.15athrough 6.15c reflectstheincreased number of vehicles.
Except for a dark band between 600 seconds and 960 seconds in Figure 6.15c, the
outlines of the three graphs are similar. This implies that, except at the beginning
of simulation, vehicle travel times remain unchanged regardless of where, in the
simulation time line, they are introduced into DICAF. The dark band between 600
seconds and 960 seconds in Figure 6.15c is not significant. It merely reflects the
introduction of an appreciable number of vehiclesinto DICAF within the simulation
timeinterval—{600 s, 960 s}—and that for these vehicles, the percentage differential
travel times range from 0% to 10%. However, the negative slopes of the outlines of
the three graphs, or stated differently, the absence of data points in the upper right
hand corner of the graphs, is significant. It implies that, despite a realistic and high
traffic density, DICAF successfully achieves efficient routing for all vehicles. Given
the observation that in every simulation all vehiclesreach their respective destinations
correctly, the graphsin Figures 6.15athrough 6.15c al so imply that the given highway
system is stable through the highest traffic density of 8, that is, it can accommodate
at least 30,284 vehicles.

In the graphs, vehicles asserted into DICAF early in the day appear to take longer
travel timesrelative to those that are asserted at all other times during the simulation.
This is counterintuitive as one would normally expect very little to nil vehicle build
up, dueto congestion, early in the day. The reasoning is obtained from examining the
speed distribution of the vehicles asserted into DICAF as afunction of the simulation
time, which is shown in Figure 6.16.
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FIGURE 6.14 Averagenumber of vehicleson the highway segmentscomputed over theentire
simulation run for () density 3, (b) density 6, (c) density 8.

Figure 6.16 reveals that the speeds of the vehicles, asserted into DICAF, range
from 30 mph to 90 mph from simulation time 0 to 100 seconds. From 100 to 550
seconds, the speed range narrows to a band—{40 mph, 80 mph}—which isfollowed
by an even narrow band—{50 mph, 70 mph}—up to 960 seconds. Given the goal that
the vehicle speeds must follow a normal distribution, as shown in Figure 6.10, the
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FIGURE 6.14 (continued)

traffic generator program first creates “ speed buckets,” with speed ranges extending
from {30 mph, 35 mph} to {85 mph, 90 mph}, and then allocates the appropriate
number of vehicles for each bucket and for each of the three traffic density values.
Next, vehicles with stochastic destinations and speeds are generated, and they are
assigned to the appropriate buckets to meet the appropriate alocation, starting at
simulation time O seconds. As expected, the buckets with the extreme ranges—{30
mph, 35 mph} and {85 mph, 90 mph}—aqet filled first, that is, at lower values of
simulation time. Thereafter, the buckets with the subsequent extreme speed bands—
{40 mph, 45 mph}, {45 mph, 50 mph}, {70 mph, 75 mph}, and {75 mph, 80 mph}—
are filled at simulation times ranging from 100 to 550 seconds. By this time, all
buckets except those in the range {50 mph, 70 mph} have been filled. So, from 550
to 960 simulation seconds, the vehicles asserted into DICAF bear speeds within a
narrow band.

Logicaly, the slower speed vehicles are very likely to lower the C.M. values
of the segments. Therefore, in addition to the expected longer travel times of the
slow vehicles, those with higher desired speeds will also require longer travel times.
As simulation progresses, the average desired speeds of the vehicles is observed to
increase, resulting in faster travel and shorter travel times.

In addition, a comparison of the graphs in Figures 6.17 and 6.10 reveals that
while the actual speed distribution of vehicles resemble the initial desired normal
distribution, the distribution in Figure 6.17 is somewhat flattened due to congestion.

Figure 6.17 plots the actual average speeds of every vehicle, obtained through
dividing the total distance traveled by each vehicle by its respective travel time. It
may be observed that, throughout the simulation, vehicles travel at average speeds
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FIGURE 6.15 Percentagedifferential travel timesfor al vehicles[calculated as (actual travel
time for each vehicle — ideal travel time)/(ideal travel time) x 100%] as a function of the
assertion time of the vehicle for (a) density 3, (b) density 6, (c) density 8.

ranging from 30 mph to 80 mph athough the number of vehicles beyond 75 mph
is minimal. The average speeds are crowded around 60 mph, implying that, despite
competition for resources from over 30,000 vehicles, most of the vehicles are ableto
determine their routes efficiently in DICAF, thereby realizing shorter travel times.
The contrast between the percentage differential travel times for vehicles intro-
duced into DICAF at the beginning of simulation versus those that are asserted later
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FIGURE 6.16 Desired speeds of vehicles asserted into DICAF for traffic density 8 as a

function of the simulation time.

in the simulation, as observed in Figure 6.15, appears to indicate that narrow speed
bands may bear significant impact on routing efficiency and faster travel times for
all vehicles. To examine this hypothesis, simulations are designed to execute for two
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FIGURE 6.17 Actual average speeds of vehiclesin DICAF for traffic density 8.

input traffic patterns—{ . = 65 mph, o = 10 mph} and {x = 65 mph, o = 5 mph}.
The traffic density selected is eight. Figures 6.18a and 6.18b present the difference
of actual travel time of each vehicle relative to its ideal travel time as a fraction of
theideal travel timefor all vehicles. Figures 6.18aand 6.18b correspond to the traffic
generator parameters—{ . = 65 mph, o = 10 mph}. Corresponding to Figure 6.183,
the number of vehiclesis 30,284 and the average and standard deviation values are
1.11% and 4.13%. For Figure 6.18b, the number of vehiclesis 30,302 and the average
and standard deviation values are 0.03% and 0.45%.

A comparison with the corresponding figures for Figure 6.11c reveals that travel
efficiency, that is, shorter travel timesfor al vehicles, may be achieved with relative
ease through mandating and enforcing a narrow speed band, defined by minimum
and maximum permitted speed values, unlike the current policy of a single 55 mph
maximum speed limit. Conceivably, in the current highway system, a key cause
of speed fluctuation of vehicles arises from the lack of information on the highway
conditions, such asexit location and speeds, al of which may be successfully resolved
by DICAF.

A principal objective of DICAF is to equitably distribute the overall communi-
cations task to all entities. Figure 6.19a presents the distribution of the number of
vehicles connecting to DTMCS5 as a function of the simulation time. As explained
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FIGURE 6.18 Percentagedifferential travel timesfor all vehicles[calculated as (actual travel
time for each vehicle— ideal travel time)/(ideal travel time) x 100%] for (&) {© = 65 mph,
o =10 mph}, (b) {x = 65 mph, o = 5 mph}.
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FIGURE 6.19 (@) Number of vehicles connecting to DTMCS5 as a function of simulation
time, (b) maximum number of vehicles connecting to the DTMCs.

earlier, the reason for the choice of DTMCS is that it is located at the center of
the highway system, it is likely to be in the itinerary of many vehicles, and, as a
result, the communications related data reflects the worst-case scenario. The graph
in Figure 6.19a also reflects the fact that the number of vehicles on any highway
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segment and the conseguent C.M. of the segment are highly dynamic function of
time. Figure 6.19b plots the maximum number of vehicles connecting to all of the
DTMCs. The data presented in both Figures 6.19a and 6.19b are obtained from sam-
pling the appropriate queues every simulation second. When a vehicle connects to
aDTMC, it downloads the C.M. values of the appropriate segments and the aver-
age information is 96 bytes. Thus, corresponding to the maximum number of vehi-
cles of 68 for DTMC5, the maximum DTMC-vehicle communications rate is given
by 68 x 96 bytes/simulation-second = 6,528 /1.5 bytesmin = 4,352 bytesmin. This
communications rate is easily realizable through affordable, commercial wireless
modems rated at 9,600 or 19,200 baud.

Figure 6.20a presents the distribution of the number of flooding messages, both
sent and received, at DTMCS5, as a function of the simulation time. The reasoning
underlying the choiceof DTMC5isprovided earlier in thischapter. For every DTMC,
the maximum number of inter-DTMC flooding messages, both sent and received, is
recorded and the datais graphed in Figure 6.20b. It is observed that for every DTMC,
the maximum number of inter-DTMC flooding messages coincides with the begin-
ning of simulation. The reason is as follows. As soon as vehicles are introduced on
the highway segments, al of the DTMCs compute new C.M. values for the seg-
ments they control. The new C.M. values are likely to differ substantialy from the
default value of 100 mph, thereby requiring them to be propagated immediately to
all other DTMCs. As simulation progresses, changes in the C.M. values of the seg-
ments are incremental and the frequency of flooding messages decreases. The graph
in Figure 6.20b is obtained for traffic density 8, that is, 30,284 vehicles and is the
result of sampling the message queue of each DTMC every simulation second. Every
flooding message consists of four fields and requires 16 bytes. In Figure 6.20b, the
minimum and maximum number of flooding messages are 55 and 122 respectively.
The corresponding data communications rate are 55 x 16 bytes/simulation second =
55 x 16 + 1.5 bytesymin = 586 bytes/min and 122 x 16 bytes/simulation second =
122 x 16 + 1.5 bytessmine = 1,301 bytes/min which is also easily realizable through
commercial wireless modems rated at 9,600 or 19,200 baud. Given that the resolu-
tion of the simulation is 1 simulation second or 1.5 minutes of real operation, the
resolution of the data presented hereis also limited to 1.5 minutes.

Thus, as evident from Figures 6.19 and 6.20, one of the principal objectives of
DICAF namely, an affordable and cost-effective highway infrastructure, is achieved.
In contrast, a centralized algorithm would theoretically require a much higher com-
munications rate, implying expensive interfaces.

Figures 6.21a and 6.21b present results from modeling and simulating a large-
scale, complex, highway system shown in Figure 6.9. The purpose of this study is
to examine the applicability of the asynchronous, distributed algorithm, DICAF, to
a large-scale system with 50 DTMCs and 45,296 autonomous vehicles, executing
on 51 concurrently executing workstations. The graphs in Figures 6.21a and 6.21b
correspond to traffic density three, represent 24 hours of actual highway operation,
and traffic generator parameters of 1 = 65 mph and o = 5 mph. Figure 6.21ayields
the average and standard deviation values of 0.038% and 0.577% respectively, which
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FIGURE 6.20 (a) Number of inter-DTMC flooding messages at DTMC5 as a function of
simulation time, (b) maximum inter-DTMC communication messages (send + receive) for
every DTMC.

reveal that despite competition for resources among 45,296 vehicles the average
vehicle's travel time exceeds the absolute minimum by only 0.038%. Figure 6.21b
revealsthat, except for those that are asserted at the beginning of the simulation, all
vehicles asserted into DICAF reach their destinations and that their travel times are
uniform regardless of the time at which the vehicles are asserted. Other performance
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FIGURE 6.21 Modding and simulation of the 50-DTMC highway system in DICAF.
Percentage differential travel times [calculated as (actual travel time for each vehicle — ideal
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graphs reveal the same general behavior as those observed for the 9-DTMC system
and are not presented here.

Limitations of DICAF

The issues of accidents, incidents, and the consequent congestion are not modeled
in this chapter. Thus, the only source of congestion in this study arises from the
stochastic speeds and destinations of the traffic that is generated and asserted into
DICAF. Ingeneral, itislikely that the C.M. values for the up and down lanes for any
highway segment will differ. However, DICAF assumes that the up and down lanes
share asingle C.M. This assumption is justified because the stochastic destinations
of vehicles in DICAF will probably imply similar number of vehicles and C.M.
values for both up and down lanes. This chapter is interested in uncovering general
insights about the performance of DICAF under representative highway conditions,
and not in accurately modeling realistic traffic in specific federal and state highways.
Therefore, the traffic distribution is assumed to be independent of the time-of-day,
day-of-year, and so on. As described earlier in this chapter, while every DTMCs is
modeled through a workstation, each of the thousands of vehiclesis modeled as a
process. Processes migrate from one DTMC to asubsequent DTMC and are executed
by the workstation underlying the DTMC in whose jurisdiction the corresponding
vehicle is currently located. The principal reason for choosing this approach is the
lack of availability of atest bed with 45,000 interconnected workstations. While this
model differs from reality, it has its advantages and disadvantages. On the negative
side, it does not explicitly model the procedures related to connection establishment
between the DTMCs and the vehicles. Also, the exchange of data between DTMCs
and vehicles in an operational system will involve actual messages that are slow
relative to the exchange of local data structures in the simulation. On the positive
side, the performance data presented in the chapter is conservative in that the 50
workstations bear the computational burden of every one of over 45,000 vehicles.
The performance data of an actual operational system, developed based on DICAF,
where each vehicle's computing engine executes its own routing functions, is very
likely to be vastly superior to that predicted by the simulation reported in this chapter.
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7 Stability of RYNSORD
under Perturbations

7.1 INTRODUCTION

According to the literature, the most comprehensive treatment of stability occursin
the disciplines of physicsand control systems. The motivation for defining stability is
well stated by Stewart intheforeword of the 1992 trand ation of A.M. Lyapunov’s The
General Problem of the Sability of Motion [91]. Stewart notes that Lyapunov recog-
nized that there are many distinct concepts of stability—different ways to formalize
the idea that “small disturbances lead to small changes in the motion.” This genera
concept has applied to a wide range of disciplines from engineering to political sci-
ence. In each case, however, the definition has been adapted to the areato whichiitis
being applied. This chapter will take the same liberties but will remain motivated by
the concept of “small disturbances lead to small changesin the motion.”

Chen [92] describes three types of stability in control theory: (i) bounded-input
bounded-output stability, (ii) marginal stability, and (iii) asymptotic stability, which
are presented subsequently. For each of these types, control theory allows their defi-
nitions to be expressed through differential equations, state-space, and transfer func-
tion models.

Bounded-Input Bounded-Output Stability

Bounded-input bounded-output (BIBO) stability is defined as one where for every
bounded input the output i sal so bounded. A bounded functionisonewhose magnitude
islessthan some constant for all time. The application of thisdefinitionto RY NSORD
[93,94] isstraightforward in that theinput may be represented by the number of trains
asserted into the system, at either asingle station or any set of stations, at every time
instance. The output consists of the time at which each train corresponding to each
input leaves the system, that is, reaches its destination, which may aso be viewed as
afunction of time. Thus, for RYNSORD to be BIBO stable, for any given bounded
input function, the output function must also be bounded. This will only be true
if every train asserted into the system reaches its destination in bounded amount
of time—an important property of RYNSORD, which will be used subsequently in
determining a steady-state input rate for the system. However, it will also be shown
later that, for RYNSORD, one may aways chose an input rate, which will result
in an unbounded output. In general, however, the choice of BIBO-based stability is
inappropriate since not all ADDM systemswill necessarily lend themselvesto aclear
input-output rel ationship. Nevertheless, BIBO isanimportant property of RY NSORD
and will be explored in greater details during steady-state analysis.

127
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Marginal Stability

Marginal stability is generally referred to as Lyapunov’s definition of stability and
Fuller [91] notes that this stemmed from his interest in astronomical problems. For
many problems, a perturbation may not be fully dissipated but rather persists, within
somebounds, for all time. For example, aparticleinacircul ar trajectory around apoint
continually oscillates around it and is, therefore, marginally stable. This definition of
stability is analogous to the definition of marginal stability adopted for RYNSORD.

Asymptotic Stability
In contrast to marginal stability, asymptotic stability is one where the perturbation is
eventually dissipated. Letov [95], in explaining Lyapunov’s second theorem, notes
that, under asymptotic stability, the disturbed motion converges to an undisturbed
state astime progressesto infinity. Control systems engineersfind thisdefinition most
appealing, andit constitutesthebasi s of the definition of strong stabilityinthischapter.

Casavant [96] regretsthat itisdifficult to apply control theory directly to distributed
systems in that the mathematical methods generally used are difficult to apply to
distributed systems. This stems from the complex interactions within a distributed
system that defies attempts to describe their generally nonlinear behavior through a
set of differential equations or transfer function unless significant simplifications are
assumed. In contrast, this chapter adoptsthe approach that control theory isavaluable
step in analyzing the properties of ADDM systems such as RYNSORD, even if the
accuracy of the evaluation depends on the impact of the simplifications. Many of
the basic concepts of control theory apply even where the rigorous mathematical
foundations fail to apply.

Inthediscipline of distributed systems, theissue of stability isdiscussed relativeto
the properties of self-stabilization, correctness, that is, absence of deadlock, robust-
ness, fault tolerance, and quality of service.

Self-Stabilization

The study of self-stabilization in distributed systems was introduced by Dijkstrain
1973. He writes: “I call a system ‘self-stabilizing’ when, regardless of its initia
state, it is guaranteed to arrive at alegitimate state in a finite number of steps’ [97].
Thus, self-stabilization implies that the system is robust enough to recover from an
illegal state. The definition of legitimate state is defined by Dijkstra [98] in terms of
privileges, which are predi catesbased on aprocess’ own state and that of itsimmediate
neighbors. However, there is a difficulty in finding realistic systems that conform to
this definition of legitimate states and privileges. An additional problem is that this
definition is based on the identification of specific states and the identification of
which global states are legitimate and which are not. Thisis avery difficult problem
as the set of possible states can be enormous for alarge and complex system.

A more general definition, without the specific definition of privileges, is given
by Awerbuch et al. [99]. They write: “Self-stabilization formalizes the following
intuitive goal: despite a history of catastrophic failures, once catastrophic failures
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stop, the system should stabilize to correct behavior without manual intervention.” A
catastrophic fault is defined as where the global state has been arbitrarily corrupted.
This definition is a much more practical one yet goes well beyond Dijkstra’s defini-
tion. They only become the same if we define “correct behavior” to be a legitimate
state. The definition proposed in this chapter espouse this intuitive goa but is not
limited to corruptions in state. Awerbuch’s work focuses on noninteractive systems
and approaches self-stabilization through periodically checking correctness and per-
forming a re-execution whenever afault has been found. In contrast, the RY NSORD
systemisonethat continuously interactswith the environment and may not be stopped
and re-executed due to practical considerations.

Stable Properties

Related to this model of adistributed system is the definition of stable properties by
Chandy and Lamport [100]. They notethat if y isa predicate and is a stable property
of adistributed system D theninacomputation of D, oncey istrue, it remainstruefor
the remainder of the computation. Other researchers including Venkatesan and Garg
[101,102] use stable “predicate” rather than property. However, this definition of
stable propertiesisvery different inthat it deals with properties defined as predicates
of the system while the definition proposed here deals with stability in a system-
wide perspective. For instance, deadlock is considered to be a stable property in the
Reference 100. In contrast, inthischapter, if asystemwereto deadlock, it would result
inthe system being unstable. This apparent contradiction reflectsthe view that system
stability is based on bounding the error in a system and that a deadlocked system is
a case of infinite error. The assumption here is that the system is not designed to
deadlock, as is the case with RYNSORD and most practical systems, so thisis a
characteristic of an unstable system.

Robustness

Robustnessis the ability to maintain correct behavior despite changes in the system.
Schreiber [103] makesthedistinction between robustness and fail -soft behavior by the
type of errors; for robustness they are errors in the inputs and for fail-soft behavior
they are faults in the system. Stankovic [104] offers a different definition, stating
that “in the computer science literature, robustness normally refers to the ability of
a system to handle failures.” The disagreement lies in the scope of the definition.
Schreiber’s definition is limited to only errorsin the input while Stankovic describes
it in terms of “failures.” Meyer [105] identifies four properties for distributed real-
time systems: (1) concurrency, (2) timeliness, (3) fault tolerance, and (4) degradable
performance in the presence of faults. In control theory, a robust system is one that
performscorrectly despite perturbationsinitsstate. Thischapter isconcerned with the
performanceimpact of both failuresaswell aschangesininput patterns. Perturbations
do not necessarily imply afailure but represent any changesin the normal operating
environment, and therefore, the definition proposed here encompasses robustness,
fail-soft behavior, and degradable performance.
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Fault-Tolerance

Fault tolerance is concerned with making the system resilient against failures in
the system, which is fundamentally different from the concerns of this chapter. The
concern of stability istheperformance after thefault, not how torecover fromthefault.

Quality of Service

In Reference 106, Garg et a. have defined stability for distributed applications. They
have also adopted a performance perspective for stability and have chosen to use the
quality of service (QoS) provided to theuser astheir performanceindex. They definea
stable distributed application as one where the QoS is bounded for all time, including
during the perturbation. The definition is limited in that, first, QoS attributes do not
relate to RYNSORD and other systems and, second, the error during a perturbation
may be unbounded.

7.2 FORMAL DEFINITION OF STABILITY OF RYNSORD

This section formally introduces the concept of stability for RY NSORD and presents
afew definitions. The goa of this chapter isto define stability of RYNSORD in terms
of a performance criteria so as to provide performance guarantees for the system
in a dynamically changing environment. Ferrari [107] defines performance as an
indication of how well a system, already assumed to be correct, works.

A critical concept for RYNSORD is a need for a quantitative error measurement,
whichisreferred to asauser defined, measurable quantity. Thethree requirementsfor
the error criteriaare asfollows: First, it isaquantifiable value. Second, conceptually,
it represents the deviation of the system from some ideal, so the ideal must also be
quantifiable. Third, the user desires to minimize the error quantity.

Definition 1

Error guantity: A quantitative measurement of the system performance which is
expressed as error = |ideal — actual|. Both ideal and actual must be measurable
or computable.

The equilibrium or steady state for a distributed system is defined simply as the
operationa environment, that is, set of inputs and system resources, under which the
system operates when the error is bounded by some finite constant for all time. The
exact magnitude of this bound is unspecified except that it must be less than some
constant that isless than infinity.

Detfinition 2
Steady-state: If a system exists in a steady state then the error of the system, ¢, is
defined by e < K < oo for all timewhere K isan arbitrary constant.

Theprimary focusof defining stability isinwhat happenstothesystem, in asteady-
state, following achangein the environment, termed perturbations, that areinevitable
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in areal-world environment. The changes are classified into two categories: system-
level perturbations and input perturbations. System-level perturbations are generally
those which are considered as faults or failures. These include all forms of hard-
warefailuresaswell asthe arbitrary corruption of local states. Input perturbations are
changesinthemanner, or rate, of theinput into the RY NSORD system. A perturbation
is described in terms of the assumption it has violated. An assumption is described
as a characteristic of the steady-state operating environment. Although multiple per-
turbations may conceivably infect the system simultaneously, this chapter limits a
perturbation to a single change in the environment.

Definition 3

Perturbation: A perturbation is a violation of an assumption which is specified by
the nature of the violation, the magnitude when applicable, and two time values: ¢+
is the time at which the perturbation occurs and ¢pc,+ cnq Signifying the end of the
changesto thesystem. AlSO eyt dur = tpert_end — tpert, 1SAEfined asthe perturbation
duration.

Detfinition 4

Stability: If a systemisin a steady-state and a perturbation occurs, it will returntoa
steady state ast — oo. Let K; bethe bounds on the original steady state and K be
the bound on thefinal steady state. If K, < K7, the systemis strong stable, otherwise
itismarginally stable.

The distinction between strong and marginal stability isanimportant one. Givena
strongly stable system, its steady state, and a perturbation, following repeated appli-
cations of the perturbation, the system will eventually return to a steady state that is
either better or equal, in terms of the error bound, to its original steady state. In con-
trast, following a perturbation, amarginally stable system may result in asteady state
with aworse error bound. Furthermore, repeated applications of the perturbation may
exhibit a growing error bound. In the worst case, a periodic perturbation may either
capitulate the system into instability or the error may oscillate between consecutive
perturbations.

This chapter defines two related classes of stability distinguished by the perturba-
tions to which they correspond: input stability and system-level stability.

Detfinition 5
Input stability: Sability related to input perturbations, that is, input rate, distribu-
tion, or magnitude.

Definition 6

System-level stability: Sability related to system-level perturbations. The defini-
tion isinclusive of anything other than input perturbations, examples being compo-
nent failures, that is, links and nodes, and component degradation, that is, dropped
messages.
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7.3 MODELING RYNSORD FOR STABILITY ANALYSIS

To perform the stability analysis, RY NSORD isfirst modeled as a distributed discrete
event simulation. Thisresemblesareal implementation with one exception. To facil-
itate the simulation of arealistic system, that is, with a reasonable number of trains,
while every station node is represented by a workstation, the trains are modeled as
tasksand executed by theworkstationsunderlying the stations. When atrainislocated
at ahost station, its computations are performed by the underlying workstation and its
communications with other stations are carried out also through this station. When a
train travelsfromthe current station (say A) to another station (say B), the correspond-
ing train-task in the underlying workstation for A is encapsulated through a message,
propagated to B, and remanifested as a train-task in the underlying workstation at
B. Thus, trains move in the simulation at electronic speeds instead of their physical
speeds and a train’s computation and communication subtasks are executed on the
host station’s underlying workstation.

Whiletrains can propagate at speeds up to approximately 120 mph (192 km/h), the
underlying, fast, computing engines of the test bed enable the simulation to execute
many times faster than reality. The basic unit of timein the simulation isthe timestep
and it defines the finest resolution of train movements. For the reasons underlying the
choice of the timestep, the reader is referred to References 93 and 94. RYNSORD
permits trains to be introduced into the system asynchronously, that is, at irregular
intervals of time. In addition, the trains themselves are autonomous and, therefore,
their decisions are executed asynchronous with respect to each other.

7.3.1 IMPLEMENTATION ISSUES

For this study, a subset of the eastern United States railroad network is selected, as
described in Chapter 5. A few additional tracks are added to represent afew secondary
railroad segments. Figure 7.1 presentsthe representativerailway network that consists
of 50 mgjor stations, 84 track segments, and a total length of 14,469 miles of track.
A model of the network in Figure 7.1 is developed in RYNSORD with each station
as aprocess. In addition, the lookahead for all of the experimentsis set to three.

7.4 STABILITY ANALYSIS OF RYNSORD
7.4.1 ERROR CRITERIA FOR STABILITY ANALYSIS

The key performance measures in RYNSORD are the travel times required by the
trains to reach their destinations and the average number of trains waiting at each
station. Since stability is measured through performance behavior, this chapter pro-
poses two error criteria, | and 1, that are designed to capture the deviation of the
performance measures from standard, benchmark values. This chapter proposes a
novel benchmark—ideal performance measures. The ideal travel time for each train
isthetime required for the train to travel the shortest path from origin to destination,
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inthetotal absence of any competing trains. Theideal number of trainswaiting at any
time instance at any station is zero. While these ideal values may be achieved in the
total absence of any competing trainsand areimpractical, they are absolute minimum
values and ideally suited as benchmarks. The error criterial is expressed as

error = |actud travel time— ideal travel time),

where the actual travel time of atrain is computed as the time elapsed between the
time the train is asserted into the system, in the presence of other competing trains,
and the time the train reaches its destination. The error criteriall is expressed as

error = |actual number of trainswaiting at a station— 0.

Although both error criteriaaim to achieve the best overall performance, they may
beat odds under certain scenarios. To minimizethetravel timesof trains, thefirst error
criterion may encourageatrain to wait at aspecific station along an optimal route until
atrack fromit becomesavailablefor travel. In contrast, the second error criterion may
encourage the train to keep moving, while the optimal routes are occupied, through
selecting longer and slower routes. Although RYNSORD selects routes based on
minimizing travel time and does not directly consider the time spent waiting at the
stations, both error criteria exhibit similar stability properties, reflecting the fact that
the average waiting queue size and travel time for each train are related.

A rea implementation of RYNSORD is a continuously running system. How-
ever, in this chapter, the simulation maintains both start and finish. Simulation is
initiated with no trains in the system and the timestep set to one. The system is
then executed until the end time, which for most of the experiments in this analy-
sis correspond to 17,280 timesteps or 12 operational days. Following the initiation
of simulation, the trains asserted into the system experience very little contending
traffic, which appears to extend superior performance for these trains. These trains
are not considered in the performance analysis of RYNSORD. Following the termi-
nation of simulation corresponding to a predetermined timestep, there may be trains
il in progress in the system. These trains are marked as been asserted but never
having reached their destinations, and are not considered in the performance data. In
computing the results, RY NSORD only considers those trains that have successfully
completed their journeys.

7.4.2  STEADY-STATE ANALYSIS

Since any error analysis of asystem, caused by perturbations, isrelative to its normal
behavior, itisimperativeto first identify the steady-state behavior of the system. This
section presents a steady-state analysis of RYNSORD and identifies akey criteriaas
the input traffic distribution. Given that freight trains dominate passenger trains in
RYNSORD, this chapter assumesthat the assertion of trainsinto RY NSORD follow a
uniform distribution over time. Unlike abursty traffic model, auniform distributionis
likely toimply aconstant level of network usage, leading to efficient use of resources.
At every station, the probability of atrain originating at that station at each timestep,
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is defined as the input rate. For every train originating at a station, train speeds are
generated stochastically, ranging from 60 mph (96 km/h) to 100 mph (160 km/h). The
final destination is also generated stochastically by assigning equal weight to every
station, except the originating station, and selecting a station at random. Geographic
proximity plays no part in the selection process. Since major stations, corresponding
to magjor urban centers, are more likely to encounter high traffic densities, a set of
nine “high traffic” stations are identified in Figure 7.1—Chicago, Detroit, St. Louis,
Philadel phia, New York, Washington, Pittsburgh, Columbus, and Cincinnati. For the
stations corresponding to these cities, the input train traffic density is set at 0.3,
which, as shown later, is well above the maximum steady-state rate for the system.
However, as the steady-state analysis will show, the presence of these high-traffic
stations does not prevent the system from achieving aglobal steady state. Also, during
the process of selecting final destinations of trains, these cities are assigned twice
the weight of other stations to reflect that they are more likely to be selected than
other cities.

Atrial and error approach isutilized to determinethe steady-state conditions. RY N-
SORD issimulated corresponding to different input rate values. Table 7.1 summarizes
the average number of input trainsthat are generated corresponding to different input
rate choices. Figures 7.2athrough 7.2c present the error criterion | asafunction of the
assertion time, that is, the time at which a specific train is asserted into the system. In
Figure 7.2a, the error does not continue to increase as time increases and, as aresullt,
RYNSORD is considered to exhibit steady-state behavior corresponding to the input
rate of 0.125. In contrast, in Figure 7.2c that correspondsto arate of 0.175, the error
clearly grows asafunction of time, reflecting nonsteady-state behavior. For the input
rate of 0.140, as shown in Figure 7.2b, RYNSORD exhibits both bounded behavior
and growth depending on the specific stochastic input, reflecting that this input rate
marks the boundary between bounded and unbounded error. As expected, different
steady-state conditions exhibit different error bound values, asrevealed in Figure 7.3
for the error criterion 11 corresponding to steady-state input rates ranging from 0.05
t0 0.125.

TABLE 7.1
Input Traffic Parameters for Steady-State Analysis of RYNSORD

Input Traffic Total Trains Total Trains Average Error for Maximum
Density Introduced Finishing Completed Trains Error
(in timesteps) (in timesteps)
0.050 453 439 (97%) 67.95 439
0.100 858 822 (96%) 183.18 822
0.125 1093 1048 (96%) 309.65 1387
0.140 1250 1156 (92%) 710.25 3207
0.175 1506 1292 (86%) 1115.62 5324
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FIGURE 7.2 Error criterion | for each train as a function of the assertion time for (&) input
rate = 0.125, (b) for input rate = 0.14, and (c) for input rate = 0.175.
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7.4.3  PERTURBATIONS TO THE INPUT RATE AND
STABILITY ANALYSIS

As with any rea-world system, RYNSORD is designed to execute in steady state
but is likely to encounter periods of rapid fluctuation of input rates arising from any
number of unforeseen circumstances. Thus, the most logical perturbation to the input
rate in RYNSORD consists of an abrupt increase in the input traffic rate, sustained
for ashort duration. Along with the magnitude of theincreasein theinput rate and the
length of duration of the perturbation, the choice of the steady-state operating point
of RYNSORD is likely to influence the stability. It is desired that the RYNSORD
design reflect astrongly stable system, that isit returnsto the origina steady state, at
least, within finite time, following the termination of the perturbation. A nhumber of
experimentsare designed and executed whereinfirst asteady-state RY NSORD system
is exposed, one at a time, to different perturbation, under different original steady-
state operating points. Second, the error criterial and Il are measured as simulation
progresses and analyzed.

Table7.2 summarizesthesystem characteristicsunder threedifferent input rate per-
turbations. Themagnitudes of thethree perturbationsare designed to push RY NSORD
successively further beyond the steady-state point. Figures 7.4athrough 7.4c present
the error criterion | for each train as afunction of its assertion time into the system,
for each of thethree scenarios. Figure 7.5 presentsthe error criterion |1 for each of the
three scenarios as afunction of the ssimulation time. In al of the Figures 7.4athrough
7.5, the error criteriaincrease immediately following the perturbations. However, as
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FIGURE 7.3 Error criterion Il asafunction of simulation time for steady-state input rates.

TABLE 7.2
Perturbations to Input Rate and System Characteristics

Input Perturbation Perturbation Perturbation Total Trains Total Trains

Rate Magnitude Start Time Duration Introduced Finishing
(timestep) (timestep)

0.05 +0.5 5760 720 1230 1219 (99%)

0.125 +0.5 5760 720 2955 2911 (99%)

0.125 +3.0 5760 720 3755 3443 (92%)

time progresses, the error magnitudes decrease, with RYNSORD ultimately return-
ing to the original steady-state point for all three cases. Thus, RYNSORD is strongly
stable with respect to input perturbations.

7.4.4 PERTURBATIONSTO SYSTEM CHARACTERISTICS AND
STABILITY ANALYSIS

The basic infrastructure of RYNSORD assumes that every train is able to com-
municate with an appropriate station and that stations can communicate between
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FIGURE 7.4 (continued)

themselves. Although the RY NSORD algorithm does not explicitly take into consid-
eration the possibility of track failures, trains are capable of determining aternate
routes when one or more tracks are in use or unavailable. This section presents an
investigation into the stability of the RYNSORD algorithm under such failures.

7.4.4.1 Perturbations to Interstation and Train-to-Station Communications

Interactions between stations and between a train and a station constitute the key
communications in RYNSORD without which trains can neither succeed in reserv-
ing tracks nor travel toward their destinations. The correctness requirement prevents
atrain from traveling on a track segment unless it has been granted explicit reser-
vation. Should a reservation request, initiated by atrain, remain answered, the train
will never attempt to use the track in question. Thus, perturbations that are deliber-
ately introduced here to affect the reservation process will bear no impact on RY N-
SORD’s correctness.

The characteristics of the perturbations are as follows. A message propagated
from one station to another never arrives at the destination. Also, a communication
between a station and a train does not reach the receiver. Under such scenarios, the
behavior of atrainin RYNSORD is asfollows. When atrain does not receive areply
to its reservation request, it decides to travel on the alternate path, where available,
rather than wait indefinitely for the response. When responses to both of its requests
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FIGURE 7.5 Error criterion Il as a function of simulation time for different input
perturbations.

for reservation fail to arrive, the train temporarily aters its lookahead to unity and
renews its reservation effort. Unless both communications links along which the
train propagates its reservation requests are down, which is unlikely, the most recent
action by thetrain ensures at |east one reservation response. When the unlikely event
occurs, thetrain waits at the station and renewsits reservation effort at the subsequent
timestep with the restored lookahead value. Conceivably, computer communication
failuresarerelatively short lived, and this chapter reasonsthat it islogical towait for a
single timestep within which the communication link is likely restored as opposed to
engaging in avery roundabout detour. It is pointed out that a communication failure
between two stations does not eliminate all uses of the corresponding track segment.
Thefailure only affectsthosetrainsthat attempt at reservation through the non owner
station since the messages never arrive at the owner, which alone has sole capability
in committing the reservation. Trains traveling from the station that owns the track
are able to request and use the track.

A number of experiments are designed to measure stability: A number of different
communications links are failed, different failure durations are selected ranging up
to permanent failure, and different values for the input traffic rate are utilized. The
objectiveisto analyze theimpact of communications perturbation on RY NSORD and
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to determineatraffic input rate for which RYNSORD is stable under perturbations. In
thefirst experiment, two setsof threeand eight linksarefailed separately. Thelinksare
identified subsequently through the stations at either ends. Careis exercised to avoid
failing alink that is the only communication path from any station to the remainder
of the network. While the set of three links are suspected high-traffic links, the choice
of the set of eight linksreflect the desire to distribute failures throughout the network.
Thesimulationisexecuted for 17,280 timestepsfor steady-stateinput rates of 0.05 and
0.125 respectively. The failures are asserted at timestep 5760 and last for a duration
of 1440 timesteps. Thus, tyer: = 5760, While tpert ena = 5760+ 1440 = 7200. The
choice of the failure duration of 1440 timesteps, which corresponds to one full day
of actual operation, reflects adequate time for repairs. In another set of experiments,
the links are failed permanently, that is, ¢pe,+ = 5760 and tpert_ena = 00.

Set of three links: Baltimore(34): Washington(33); Detroit(9): Toledo(10); and
Roanoke(48): Lynchburg(47).

Set of eight links: Cleveland(11): Columbus(12); Rochester(27): Syracuse(28);
S. Louis(5): Detroit(9); Wilson(40): Raeigh(4l); Charlottesville(35): Rich-
mond(36); New York(31): Philadelphia(25); Knoxville(18): Bristol(20); and Park-
ersburg(44): Huntington(45).

Table 7.3 summarizes the performance results and reveals that RYNSORD is
strongly stable with respect to failures of finite duration. Given the higher probability
of communication failuresrepaired quickly, the results are encouraging. However, for
permanent perturbationsin both setsof links, RY NSORD isobserved to bemarginally
stable and unstable under input traffic rates of 0.05 and 0.125 respectively. Clearly,
the boundary between marginal stability and instability is a function of the input
traffic rate, the number of tracks failed, and the specific tracks failed. Figures 7.6a
through 7.9b correspond to the set of eight failed tracks and present the error criteria
| and Il for different input traffic rates and perturbation durations. It is pointed out
that the error criterion |1 mirrors the behavior of error criterion I. The results for the

TABLE 7.3
Performance Results for Communication Perturbations

No. of Links Base Input Perturbation Perturbation Stability
Failed Rate of System Time Duration Class
(in timesteps) (in timesteps)
3 0.05 5760 1440 Strongly stable
3 0.125 5760 1440 Strongly stable
3 0.05 5760 (9] Marginaly stable
3 0.125 5760 o) Unstable
8 0.05 5760 1440 Strongly stable
8 0.125 5760 1440 Strongly stable
8 0.05 5760 00 Marginally stable
8 0.125 5760 oo Unstable
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FIGURE 7.6 (a) Error criterion | for each train as a function of the assertion time for the set
of eight link failuresfor 1440 timesteps and input rate = 0.05, (b) error criterion Il asafunction
of simulation time for the set of eight link failures for 1440 timesteps and input rate = 0.05.

© 2010 by Taylor & Francis Group, LLC


metrovoice
T&F 2010


144 Intelligent Transportation Systems

1.60 [~ -
140 — -
1.20 — -
1.00 — -

0.80 [~ -
0.60 [~

0.00 5.00 10.00 15.00
Assertion time (in timesteps x 10%)

Actual - Ideal travel time (in timesteps x 103)

(b) I I |

200.00 — -

180.00

160.00

140.00 — -

120.00

100.00

80.00

60.00

Number of trains (x 107°)

40.00

20.00

0.00 - -
| | |

0.00 5.00 10.00 15.00
Simulation time (in timesteps x 10%)

FIGURE 7.7 (@) Error criterion | for each train as afunction of the assertion time for the set
of eight links failed permanently for input rate = 0.05, (b) error criterion Il as a function of
simulation time for the set of eight links failed permanently for input rate = 0.05.
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FIGURE 7.8 (a) Error criterion | for each train asafunction of the assertion timefor the set of
eight link failuresfor 1440 timesteps and input rate = 0.125, (b) error criterion Il asafunction
of simulation time for the set of eight link failures for 1440 timesteps and input rate = 0.125.
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FIGURE 7.9 () Error criterion | for each train as afunction of the assertion time for the set
of eight link failed permanently for input rate = 0.125, (b) error criterion Il as a function of
simulation time for the set of eight link failed permanently for input rate = 0.125.
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FIGURE 7.10 Error criterion |l as afunction of simulation time for the set of three and set
of eight links permanently failed and input traffic rate = 0.05.

set of three tracks failed are similar to those for the set of eight tracks and are not
presented here.

However, a comparative analysis of error criterion Il for the two sets of tracks
failed reveals the following, as evident through Figure 7.10. The datain Figure 7.10
corresponds to low input traffic rate and permanent failures. While RYNSORD is
marginally stable for both cases, the final steady-state point for the set of three links
isworse, that is, higher error bound value, relative to that for the set of eight links.
The result clearly underscores the importance of the specific links failed over the
number of linksfailed and alikely cause isthe degree of congestion. Further, off-line
analysis, that is, following the termination of simulation, reveals that a total of 201
trains utilized one or more of the set of three links are used in their shortest paths. In
contrast, only 167 trains utilized one or more of the set of eight links. Thus, stability
analysis may contribute toward identifying communications links whose failure are
more likely to adversely impact the performance.

7.4.4.2 Perturbations Relative to the Track Segments

A track may become unavailable following an accident, breakdown, sabotage, or
dueto routine maintenance. Although RY NSORD lacks el aborate mechanism to han-
dle such failures by design, this chapter assumes the following: upon occurrence of a
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failure, the stations at the two endpoints of the track segment become aware within a
single timestep, that is, 60 seconds of actual operation. Also, atrain already traveling
on atrack segment at the time of thefailure will continueto travel and reach the other
end safely. The stations at the endpointswill prevent futuretrainsfrom using the track
by canceling al reservations and by forcibly initiating reroute computations for all
affected trains.

Although track failures may appear to impact the propagation of the trains similar
to communication link failures, there are important differences as described subse-
quently. Consider Figures 7.11aand 7.11b that represent a subset of the overall net-

communication

track

—-
train will travel

reservation request

X failure

Roanoke

communication

track

—-
train will travel

reservation request

X failure

Petersburg
Roanoke

FIGURE 7.11 (@) lllustrating communication link failure, (b) illustrating track segment
failure.
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work. Figure 7.11aillustrates a communication link failure between Charlottesville
(35) and Richmond (36) while Figure 7.11b implies the failed track between Char-
lottesville (35) and Richmond (36). Consider that atrain is asserted at Roanoke (48)
with the destination Richmond at some time prior to the communication link failure.
Reservation requests are answered while the link is good and the train choosesto fol -
low the path A that it had requested. The propagation of the train on the track segment
between Charlottesville and Richmond is guaranteed regardless of the condition of
the corresponding communication link. In contrast, in Figure 7.11b, the train initiates
its journey and then the track fails. The train arrives at Charlottesville and the track
segment is still not repaired. The train is forced to recompute a new route and may
need to backtrack to Lynchburg before continuing to Richmond via Petersburg. While
this example appears to imply that track failures are likely to adversely impact the
performance, subsequent analysis reveals that the impact of communication failures
ismore adverse.

An experiment is designed wherein the tracks corresponding to the two sets of
three and eight links, described earlier in this chapter, are failed. The performance
results, presented in Table 7.4, are identical to those for the communications pertur-
bations (Table 7.3). The error-criteria graphs are also similar in behavior to those for
the communications perturbations except that there are key differences. Figure 7.12a
presents the error criterion 11 for communications link failures and corresponding
track failures for the set of eight links, under high input traffic rate, and subject to a
perturbation of finite duration—21440 timesteps. While RY NSORD is strongly stable
relative to both kinds of perturbations and the behaviors of the graphsin Figure 7.12a
are similar asymptotically, the magnitude of the error for communications perturba-
tion is significantly worse than for track perturbation. Figure 7.12b presentsthe error
criterion Il for communications link failures and corresponding track failures for the
set of eight links, under low input traffic rate, and subject to permanent perturbations.
While RYNSORD is observed to be marginally stable for both scenarios and their

TABLE 7.4

Performance Results for Track Perturbations

No. of Links Base Input Perturbation Perturbation Stability

Failed Rate of System Time Duration Class
(timestep) (in timesteps)

3 0.05 5760 1440 Strongly stable

3 0.125 5760 1440 Strongly stable

3 0.05 5760 0 Marginaly stable

3 0.125 5760 () Unstable

8 0.05 5760 1440 Strongly stable

8 0.125 5760 1440 Strongly stable

8 0.05 5760 o9 Marginaly stable

8 0.125 5760 9] Unstable
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FIGURE 7.12 Error criterion Il asafunction of simulation time for communicationslink and
track perturbations for () high input traffic rate and finite duration perturbation, (b) low input

traffic rate and permanent perturbation.
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asymptotic behaviors are similar, the error magnitude corresponding to communi-
cations perturbation is considerably higher than for track perturbation. A possible
explanation liesin the fact that while only the failed track becomes unavailable to a
train a communication link failure may impair atrain’s ability to compete for reser-
vation and therefore, travel access, for multiple tracks.

Limitations of the Research

Thestability analysisof RY NSORD hasrevealed that it isstrongly stablewith respect
to perturbations of finite durationsto the input traffic rate and track segment failures.
For permanent perturbations, the stability measure is dependent on the input traffic
rate prior to the onset of the perturbation. However, it is weak with respect to com-
munication link failures and the underlying algorithm needs redesign for superior
immunity to perturbations.
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8 Modeling and Simulation
Techniques for
ITS Designs

8.1 INTRODUCTION

A key characteristic of intelligent transportation system (ITS) designs, as explained
in Chapter 3 and reflected in Chapters 4 through 7, is that each entity, for exam-
ple locomotives, cars, and so on, carries its own computing engine while subject to
transportation through the system, under asynchronous, distributed agorithm con-
trol. Every entity is viewed as an asynchronous and autonomous process with well-
defined computational and communications needs. While some processes may be
“stationary,” others are “mobile” within the transportation system. The exact pattern
of migration of the mobile processes is dictated by the nature of the transportation
system and the actual input data. The migration pattern is further complicated by the
fact that every mobile process is autonomous, that is, every mobile entity determines
its own migration pattern based on its unique behavior, input stimulus, and dynamic
interactions with the stationary entities. Every mobile and stationary entity is char-
acterized by unique computation and communication needs. Furthermore, the nature
of the migration is asynchronous, that is, it isinitiated at irregular intervals of time
and may not be known a priori. Finaly, in many transportation systems, the number
of mobile and stationary entities is likely to be large, which, in turn, necessitates a
distributed, scalable approach to modeling and simulation.

The remainder of this chapter is organized as follows: Section 8.2 introduces two
competing process migration strategies that may be used to model and simulate ITS
designs. Section 8.3 details their underlying software techniques while Section 8.4
presents the details of implementation of the simulation on a parallel processor test
bed. Section 8.5 first presents the results obtained from executing the two simulation
approachesfor arepresentative network under realistic input conditions, followed by
acomparative analysis.

8.2 VIRTUAL AND PHYSICAL PROCESS MIGRATION
STRATEGIES FOR ITS DESIGNS

This chapter assumes the following characterization of an ITS design: (1) the num-
ber of stationary entitiesis relatively modest but the number of migrating entitiesis
large, ranging from 10s to 100s; (2) the system is likely to grow in size with time
requiring that the underlying approach be scalable; (3) while the stationary entities
are geographically dispersed, the mobile entities are autonomous, implying that their

153
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migration patterns are unigque to every mobile process are unknown a priori; and (4)
while the stationary processes are permitted to communicate directly between them-
selvesthrough astatic interconnection network, the mobile processes are assumed not
to require direct communication between themselves for the following reasons. First,
given that the number of mobile processes is large, facilities to provide direct com-
muni cation between any two entitiesarelikely to incur large overhead. Thismay aso
adversely impact scalability. Second, the underlying distributed algorithms are intel-
ligently designed so that the stationary nodes perform the function of coordinating
information between the mobile processes, when necessary. For some transporta-
tion systems, it may be necessary to provide communications between the mobile
processes.

Thus, the computer model of an I TS designwill consist of stationary and migrating
processes executing on computing engines and mechanisms to facilitate stationary-
stationary entity and mobile-stationary entity communications. Every process owns
its own thread of control and is thus autonomous and asynchronous rel ative to other
processes in the system. The capabilities of the processes are defined by the nature
of the system. The stationary processes acquire necessary information from other
stationary processes and mobile processes, which is subsequently downloaded and
utilized by appropriate mobile processes. While the static network interconnecting
the stationary processes is permanent, the mobile processes connect and disconnect
dynamically and asynchronoudly, that is, at irregular intervals of time, with appro-
priate stationary processes. A migration occurs when a mobile process, M;, chooses
to disassociate itself from the stationary process, S, and associate itself with the
stationary process, Sy, for al legitimate values of j and k.

In an operational transportation system, every stationary and mobile process is
provided with its own computing engine and facilitiesto initiate communication with
other processes. It istherefore logical to assume that in asimulation of an ITS design
every stationary and mobile process will have access to its own computing engine.
However, many parallel processing test beds, including theoneutilizedin thischapter,
are likely to have far fewer available processors than the total number of stationary
and mobile processes. Thisresultsin two principal strategiesfor representing mobile
entities through processes in the test bed. They are termed virtual and physical pro-
cess migration strategies and are detailed subsequently. Thereisathird mechanism, a
variation of the physical process migration strategy, wherein, at initialization, connec-
tions are established between each maobile entity and every stationary entity. When a
mobile entity needsto interact with a specific stationary unit, the corresponding con-
nection is utilized. At other times, the connection isidle. Thus, while the overhead of
dynamically establishing and destroying connectionsis eliminated, a maximum limit
on the number of open connections per Unix process may constitute aweakness. This
mechanism is not discussed in this chapter.

8.2.1 VIRTUAL PROCESS MIGRATION STRATEGY

The obviouslogical choiceisto represent the relatively modest number of stationary
entities as actual processes, assign them to the processors of the parallel processing
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test bed on an one-on-one basis, and represent the mobile entities through virtua
processes. A stationary node represents an entity located at a specific geographic
position. A virtual process migrates between processors, when necessary, and its
computational needs are executed by the host processor underlying the stationary
node, where it may happen to be located at that instant of time. By definition, a
virtual processis not permanently associated with any processor. From time to time,
it is associated with a processor, corresponding to a stationary node, that executes
its computing needs and temporarily assigns it the status of an actual process. This
strategy istermed virtual processmigration (VPM) and hasbeen discussed in Chapters
4and 6. InChapters5and 7, theVPM strategy isslightly modifiedinthat the stationary
and mobile entities are expressed through Unix processes that may be executed on
atest bed with an arbitrary number of processors. Thus, unlike in Chapters 4 and 6,
where the number of processors utilized equal the number of stationary entities, in
Chapters 5 and 7, the number of processors required for execution need not equal
the number of stationary entities. Although described earlier in the context of specific
systems, thissection explainsVPM in detail and asageneral mechanism for modeling
and simulation of I TSdesigns. The processorsareinterconnected in the sametopol ogy
asthe stationary entities, through software protocolsthat areinitiated at initialization
time and remain unchanged throughout the simulation.

A virtual processin VPM issimilar toa“thread” of an operating system. However,
unlikea“thread” that containsthe code, stack, stack pointer, and the program counter,
a virtual process only contains the essential parameters required for its execution.
The exact parameters are defined by the application program. As an example, in
the modeling and simulation of the intelligent vehicle highway system (IVHS), the
parameters for the mobile automobiles may include the vehicle license plate, model,
manufacturer, current speed, desired speed, location, heading, origin, and destination.
When amobile entity islocated at a stationary node, it “appears’ at the node, that is,
it ismanifested as an actual process and its computing needs are executed by the host
processor. Utilizing relevant information contained at the stationary node and within
itself, the mobile entity determinesits subsequent course of action, which may include
thedecisionto migrateto adifferent stationary node. Then, thesimulation migratesthe
corresponding virtual process with all of its parameters to the appropriate stationary
node where the mobile entity again “reappears.” Thus, the behavior of a mobile
entity is self-contained and is neither visible to the stationary node nor to other virtual
processesthat may be temporarily coresident at the same stationary node. Also, at any
given time, one or more virtual processes may be resident at a stationary node and
compete for the computation and communication resources. Thus, a scheduler may
be utilized to assign sl ots of computing and communication facilitiesto the processes.
Communication of information between the stationary process and a virtual process
is achieved simply through buffer copying.

Figure 8.1 describes a simple ITS design with three stationary entities, repre-
sented thorough stationary processes, SP-1, SP-2, and SP-3. The simulation con-
sists of three underlying processors—Processor-1, Processor-2, and Processor-3. At
a given time instant, virtual processes VP-1 through VP-5 are resident on the three
processors as shown in Figure 8.1 while VP-6 is being migrated from Processor-2
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FIGURE 8.1 Virtua process migration.

to Processor-1. During migration, the actual process corresponding to VP-6 that is
resident on Processor-2 is first terminated, its essential parameters are encapsul ated
in a message, the message is propagated to the Processor-1, the message is decoded
in Processor-2, and finally an actual process is synthesized corresponding to VP-6.
Every processor is responsible for executing the stationary process and one or more
virtual processes, the scheduler, and the communication primitives. A close exami-
nation yielded two important characteristics of VPM. First, in general, for a mobile
entity to migrate from stationary node A to stationary node B, A and B must be con-
nected directly. Whilethisimpliesreduced complexity, it does not precludethe design
of facilitiesto allow more complex migration. Second, the number of mobile entities
at a stationary node at any given time instant is limited by the maximum number of
processes permitted by the underlying operating system.

8.2.2 PHysicAL PROCESs MIGRATION STRATEGY

Despiteits successful usein Chapters4 through 5, VPM incursimportant limitations,
which may pose difficultiesin modeling future I TS systems. Asthe number of mobile
entities increases, the competition for the host processors computing and commu-
nication resources is likely to become acute thereby slowing down the simulation
significantly. To addressthis limitation, this chapter proposes a competing approach,
physical process migration (PPM). In PPM, every process—stationary or mobile—
is allocated a unique processor. The allocation is engaged at the instant the process
isinitiated into the system and is disengaged when the process terminates. When a
mobile process desires to communicate with a stationary process at runtime, first a
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communication protocol is dynamically established between the underlying proces-
sors and then information exchangeis initiated. Thereafter, when the maobile process
desires to interact with a different stationary process, the old protocol isfirst discon-
nected and a new connection is established. A mobile processis alowed to maintain
a connection with a single stationary process at any time. Thus, the PPM strategy
isamore accurate model of reality. The static interconnection network between the
stationary processesremainsidentical to that for the VPM. Clearly, the computational
need of every mobile processis executed by its underlying processor, and where the
computationa needs of the mobile entities are high, there is the potential for higher
efficiency and throughput relativeto VPM. Unlike VPM, amobile process may easily
migrate from stationary nodeA to stationary node Z in PPM whereadirect connection
from A to Z may belacking. PPM’s principal advantageisin the use of one processor
per process. Unfortunately, this also results in a weakness in the context of the lim-
itations of today’s test bed technology. Since test beds with 1000s of processors are
not yet ubiquitous, simulation of ITS systems under PPM is limited to modest-sized
mobile computing networks. PPM also inherits the limitation of high overhead for
mobile-stationary process communication which includes explicit message commu-
nication following the dynamic establishment of a communications protocol.

Figure 8.2 describes the use of PPM for the simple ITS design shown earlier in
Figure 8.1. In addition to the three processors that model the stationary processes,
six processors, Processor-4 through Processor-9, constitute the underlying processors
for the six physical processes, PP-1 through PP-6, corresponding to the six mobile

Processor-3 Processor-2 Processor-1

a =
e 9
wvy wv

SP-3

SP: Stationary Process ,4
PP: Physical (mobile) Process |
|
|
|
|
|
Y
PP-1 PP-2 PP-3 PP-4 PP-5 PP-6
Processor-4 Processor-5 Processor-6 Processor-7 Processor-8 Processor-9

FIGURE 8.2 Physical process migration.
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entities. In Figure 8.2, solid lines between stationary and mobile processes represent
protocols that are established at a given time instant while a broken line represents
a protocol that is in the state of either being established or disconnected. Thus, the
broken lines between VP-6 and each of Processor-2 and Processor-1 reflect the fact
that the physical process PP-6 is migrating from the stationary node, SP-2, to the
stationary node, SP-1.

8.3 SOFTWARE TECHNIQUES UNDERLYING THE PROCESS
MIGRATION STRATEGIES

The static network interconnecting the stationary processes in both VPM and PPM
is established during initialization of the simulation. As indicated earlier, every sta-
tionary process is assigned a distinct processor or workstation, termed node. During
execution, first, a process opens a unique external input file, utilizing the identifier
of the underlying workstation. This file contains the node's operating characteristics
that includesits connectivity to other stationary processes. Second, the process starts
to build the point-to-point connections, one at atime, utilizing the Berkeley socket
protocols. When establishing a point-to-point connection between two processors,
theinitiator process executes a“connect” while the corresponding receiving process
executes an “accept.” Every connection is half duplex, implying directed edges in
the network, and there may be multiple, overlapping cyclesin the network. Further-
more, “connect” requires the receiving process identifier as an argument and it is
non-blocking while “accept” is blocking and is designed to receive any “connect,”
that is, from any processor. Thisthreatensthe network initialization with the possibil-
ity of deadlock and, to counter it, the following algorithmis utilized. The underlying
nodes possess unique identifiers. When a stationary process at a node (identifier X)
reguires connection with astationary process at adifferent node (identifier Y, Y > X),
X always executes a “ connect” while'Y will execute an “accept.” Upon completion
of the network configuration in its memory, every node initiates execution of the
stationary and mobile processes, which differsfor the VPM and PPM strategies. The
psuedocode in Figure 8.3 underscores the function at each node. In Figure 8.3, the
code at label L1 first determinesthe set of stationary nodesin the system with identi-
fiers higher than that of the current node. Then, the code starting at 1abel L2 attempts
to establish a connection between the current node and each of the nodes in the set
through executing “connect,” one at atime, until all the connections are successfully
established. The code starting at |abel L 3 correspondsto the connection establishment
between the current node and all other nodes in the system with identifierslower than
that of the current node.

8.3.1  SoFTWARE TECHNIQUES UNDERLYING VPM

In VPM, every mobile entity is represented through a set of parameters, which are
organized into a structure. The size of the structure is a function of the application
and may be dynamic. For a comparative study of the performance of VPM and
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void make_connections()

{
L1: let t be the set of nodes with greater identifier values;
L2: while (number of elements in t != 0) {

create socket;
choose a node from t;
execute a connect system call to the selected node;
if (fails) {
close socket;
} else {
send my identifier value to the selected node;
save the socket descriptor;
remove the node from t;

}
L3: create socket;
set up address (sockaddr_in) structure;
bind the socket using the address structure;
call listen relative to the socket;
let f be the set of nodes with lower identifier values;
while (number of elements in f != 0) {
execute an accept system call;
if(fails) {
continue;
} else {
accept returns new socket;
read the remote node’s identifier value from the new socket;
save new socket descriptor;
remove the node from f;

}
close original socket;

}

FIGURE 8.3 Establishing thestaticinterconnection network during initialization at each node
in pseudocode.

PPM, the following fields are assumed for every mobile entity structure and shown
in Figure 8.4. The first field is the identifier of the entity, the second reflects its
computational need, the third encapsulates the remaining number of messages that
this entity must exchange with the host stationary process, and the fourth field stores
the remaining number of hopsin this entity’s migration pattern.

The computational |oad of amobile unit isrepresented by an integer, ranging from
100 to 10,000,000, and it constitutes the index of a simple “for loop.” That is, the
number of iterationsin the “for loop” equalsthe load value and the execution time of
the iterative loop emulates the actual computational time. InVPM, at any given time
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struct VPM_entity {
int id;
int load;
int messages_per_hop_remain;
int hops_remain;

}

FIGURE 8.4 Structure for every mobile entity in VPM.

void wake_mobile_entity(struct VPM_entity)

{

Li: if (load > 0) {
do minimum(100, load) for-loop iteratioms; // time slice is 100 //
decrement load;

L2: if (messages_per_hop_remain > 0) {
write to a variable location to emulate a message;
decrement messages_per_hop_remain;

L3: if (load equals O AND messages_per_hop_remain equals 0) {
determine stochastically where this entity must migrate;
migrate the process and remove it from the scheduler’s list;

}

FIGURE 8.5 A mobile entity remanifested as a process at a node.

instant, one or more mobile entities may be coresident at a stationary node, competing
for the single thread of control. To ensure that every mobile entity receives its fair
share of the thread of control, the simulation proposes to use “time slicing,” wherein
every virtual process voluntarily gives up control after executing the loop for every
100 iterations.

Upon arrival at a node, a mobile entity is remanifested as an actual process and
is enqueued in the scheduler’s list. The scheduler allocates a time slot and executes
the body of the mobile entity in the time slot. The pseudocode in Figure 8.5 repre-
sents the body of the mobile entity where its activity is emulated through executing
iterations. The iterations are executed in sets of 100. In Figure 8.5, the statement at
label L1 checks whether any iterations are left to be executed. If affirmative, a num-
ber of iterations equal to the minimum of 100 and the value of load is executed. If
negative, all of the scheduled iterations have been completed. Next, the statement at
label L2 checks whether any of the scheduled number of messages that need to be
communicated are outstanding. If affirmative, amessage communication isemulated
by writing into avariablelocation. Otherwise, all scheduled messageshave been com-
municated. The statement at |abel L 3 detectsthe scenario that all scheduled iterations
and messages have been completed. Then, the subsequent migration of the mobile
entity isdetermined and it is propagated to the subsequent destination node.
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During migration, the parameters of the mobile entity are encapsulated in a mes-
sage. The address and size of the message are passed to the operating system through
the “write” system call, which then writes it to the appropriate outgoing socket and
executes the transfer.

At the receiving end, the node polls for the arrival of the mobile entity using
the“select” system call with O timeout. Select maintains the ability to monitor multi-
ple socket connections from within asingle function call. When the message arrives,
the node remanifestsit asan actual processand enqueuesit in the scheduler’slist. The
pseudocode in Figure 8.6 underscores this function of the node. The code statement
at label L1 in Figure 8.6 checks for a new message that encapsulates the arrival of
a mobile unit. If affirmative, the message is read and the corresponding process is
synthesized.

The scheduler implements round-robin scheduling of the stationary process and
one or more mobile processes that may be coresident in the host processor. When
it is scheduled for execution, a mobile entity is first dequeued, then executed, and
then either requeued into the scheduler’s list or marked for migration to a different
node. The functionality of the scheduler is shown in Figure 8.7, in pseudocode. In
Figure 8.7, the statement at |abel L 1 refl ectsthe schedul er dequeueing thefirst element
from the queue of mobile entities and then executes it. If the entity has exhausted
its iterations and is marked for migration, as detected by the code at label L2, the
scheduler encapsulates it in the form of a message and propagates it to the output.
Otherwise, following execution, the entity is requeued back into the list of mobile
units at the node.

The main body of the program, executed by the node, integrates all of the above
functions to describe the overal operation and is shown in Figure 8.8. First, the

VPM_entity check_migrate()
{
struct timeval timeout;
timeout.tv_sec = 0
timeout.tv_usec = 0
fd_set fdvar;
FD_ZERO(&fdvar) ;
FD_SET (socket, &fdvar);

L1: if (select(socket + 1, &fdvar, 0, 0, &timeout))
VPM_entity new_entity;
read(socket, &new_entity, sizeof (VPM_entity));
return new_entity;
} else {
return O;
}
}

FIGURE 8.6 A node intercepts a message encapsulating a mobile entity.
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void schedule()
{
L1: dequeue the first element from the queue of waiting mobile entities;
call wake_mobile_entities() for this mobile entity;

L2: if (mobile entity migrated) {

write(socket, &mobile_entity, sizeof (VPM_entity));

free the structure corresponding to the migrated mobile entity;
L3: } else

enqueue the mobile entity back into the queue of waiting mobile entities;

}

FIGURE 8.7 The function of the scheduler at each node.

void main()
{
Li:initialize data structures for the scheduler, etc.;
L2:synthesize mobile entities at this locationm;
loop until end of simulation {

L3: call check_migrate;

if (new mobile entity has arrived from an adjacent stationary entity) A

assign the mobile entity to the scheduler;

}

L4: execute schedule() to schedule the execution of the mobile entities;

}

FIGURE 8.8 The main program corresponding to each node.

data structures are initialized as reflected by the statement at label L1. Then the
mobile entities are synthesized utilizing information contained in the external data
file, as represented by the code at label L2. The remainder of the program executes
the following two operations, repeatedly and in the proper sequence: (1) Check if
a new mobile node have migrated from an adjacent stationary nodes. If affirmative,
remanifest the mobile entity as an actual process using the network message, and
then insert the process into the scheduler’s queue for execution at a later instant
of time. (2) Execute the scheduler, which allocates time dlices to the enqueued
mobile nodes. The statements at labels L3 and L4 reflect the tasks (1) and (2)
respectively.

8.3.2 SortwARE TECHNIQUES UNDERLYING PPM

Mobile Entities

At initialization, every mobile entity is associated with a processing node, which is
responsiblefor executing theiterative loop, message transfer, and migration routines.
A messagetransfer with respect to astationary node requiresthe presence of anetwork
protocol.

In the event of migration, first the old connection between the mobile process
and a stationary process, if any, must be terminated. Normally, at either end of the
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void migrate(stationary node)

{
call disconnect() to terminate connection;
determine stochastically where this process will migrate;
try_connect(stationary node); // attempt connection to the new stationary entity /
}
void disconnect ()
{

send disconnect command to the current stationary node;
wait for an acknowledge signal;
call close to terminate the connection;

int try_connect(stationary node)

call connect() to attempt comnection;

if (success) {
send id of this mobile entity;
return OK;

} else {
return ERROR;

}

}

FIGURE 8.9 The migration, disconnection, and reconnection functions of each mobile entity
in PPM.

connection, a“close” system call isexecuted. However, if the execution of the system
calls by the two processors are not synchronized, the connection may be closed
only partially and a SIGPIPE signal is generated when a process attempts to write
to it. To avoid this undesirable side effect, cooperation is required at both ends.
In this chapter, when a connection is slated to be terminated, first a termination
command is sent from the mobile node to the stationary node. Second, the mobile
node awaitsan acknowledgefrom the stationary node, following which both processes
executethe“close” system call. Next, anew connection is established with the target
stationary node. The pseudocodein Figure 8.9 describesthe migration, disconnection,
and reconnection functions. The migrate function executes callsto the disconnect and
try_connect functions.

ThemainLoop(), showninFigure8.10, integratesall of the subfunctions, described
earlier, to present the overall function of mobile node in PPM. First, the network
topology of the stationary nodes is read from an external data file, as reflected by
the statement at label L1. Thisinformation is utilized to determine migration related
decisions during the simulation. Second, the internal data structures are created, rep-
resented by label L2. Third, the following three operations are executed repeatedly:
(1) the iterative loop is executed to simulate actual computational operations, (2) it
exchanges dummy data elements with the stationary node to which it is connected at
the current time instant, and (3) it examines whether the required number of dataele-
ments have been exchanged and the | oop executed for the desired number of iterations.
If affirmative, the mobile entity determines anew stationary node, stochastically, and
initiates migration. The statements starting at labelsL 3, L4, and L5 represent thetasks
(D), (2), and (3), respectively.

© 2010 by Taylor & Francis Group, LLC


metrovoice
T&F 2010


164 Intelligent Transportation Systems

void mainLoop()
{
L1: read static network topology from external data file;
L2: initialize internal data structures;
establish connection with the default stationary node;
loop until end of simulation {
L3: if (load > 0) {
do minimum(100, load) for-loop iterations;
decrement load;

1
L4: if (messages_per_hop_remain > 0) {
write(socket, default_message, length(default_message));
decrement messages_per_hop_remain;
1
L5: if (load equals O AND messages_per_hop_remain equals 0) {
reset the values of load and messages_per_hop_remain;
determine a new target stationary node, stochastically.
call migrate();
1

}

FIGURE 8.10 The main program corresponding to each mobile entity in PPM.

It is pointed out that for the VPM paradigm the software pieces in Figures 8.9
and 8.10 that are executed by every mobile entity process in the PPM paradigm
are contained within and executed by the stationary node. Also, the disconnect and
try_connect functions in Figure 8.9 that underlie the mobile units in PPM have no
counterpart in VPM.

Stationary Entities

The behavior of a stationary node includes three functions—(1) accept connection
from the mobile entities, (2) exchange data with mobile entities, and (3) accept ter-
mination request from a mobile entity.

Given that a connection from amobile node to a stationary node isinitiated asyn-
chronously and dynamically by the mobile entity, every stationary node must nec-
essarily provide an entry point where the mobile node can initiate a connection. To
realize the entry point, every stationary node binds a specia socket and periodically
listens to it through a select system call to determine whether a mobile node desires
connection with it. The statement at label L1 in Figure 8.11 realizes this task. If
affirmative, the stationary node executes an accept system call, reads and stores the
identifier, and initiates the establishment of a connection with the mobile node. Upon
connection, two kinds of messages are communi cated—data el ements and disconnec-
tion request. Data elements are exchanged between the mobile and stationary nodes
and, in this chapter, the datais dummy and simply discarded. When the mobile node
intends to disconnect, it propagates a disconnection message to the stationary node.
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void mainLoop() {
read the static network topology from the external data file;
establish connections to other stationary nodes using make_connections();
create and bind special socket to permit mobile nodes to connect;

struct timeval timeout;
timeout.tv_sec = 0
timeout.tv_usec = 0
loop until end of simulation {
fd_set fdvar;
FD_ZERO(&fdvar) ;
FD_SET(mobile node connection socket, &fdvar);
Li: if (select (mobile node connection socket + 1, 0, 0, &timeout)) {
issue accept system call;
read mobile node id and save new socket descriptor and id;
}
for(all mobile node sockets)
FD_SET(socket, &fdvar);
select (highest descriptor value + 1, &fdvar, 0, 0, 0))
read message from socket;
switch (message type) {
L2: case disconnection:
send acknowledge signal;
close the socket;
remove the socket handle from storage;
break;
L3: case data transfer:
read message;
discard message;
break;

FIGURE 8.11 The main program corresponding to each stationary node in PPM.

In turn, the stationary node will propagate an acknowledgment of the disconnection
and executethe“close” system call to disconnect. The statementsat labelsL2 and L3
in Figure 8.11 correspond to the receipt of disconnection and data element transfer.

It is pointed out that the program executed by each stationary node in PPM, as
showninFigure8.11, differsfromthat in Figure 8.8 inthat it neither emulates nor exe-
cutesthe activities corresponding to the mobil e entities. Instead, it accepts connection
and disconnection requests from the mobile entities.

8.4 IMPLEMENTATION ISSUES

TheVPM and PPM strategies areimplemented on atest bed of 65+ SUN Sparc 10/40
workstations that are configured as aloosely coupled parallel processor. While each
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workstation is outfitted with 32 MB of memory and executes Solaris 2.3 operating
system, they are interconnected by a 10 Mbit/s Ethernet. In addition, the code design
permits execution under both SUN OS 4.1.3 and the freely available Linux operating
systems [108]. The code is written in C++-, is approximately 2000 lines in length,
and is compiled by public domain GNU g-++ compiler. While the code executesin
the background while user execute programs on the consol es, the data presented here
is obtained from simulations that are run late at night when network load is minimal.

8.5 SIMULATION RESULTS AND PERFORMANCE ANALYSIS

For a comparative analysis of their performance, both VPM and PPM strategies are
modeled and simulated on a parallel processing test bed. The test bed closely resem-
blesreality and anumber of experimentsare designed and executed. Corresponding to
an actual mobile computing network where the key parametersinclude the size of the
static network, that is, the number of stationary nodes, the interconnection topology
of the static network, the number of mobile entities, the computational load of the
mobile entities, the number of messages exchanged between the mobile and stationary
entities at each hop, and the migration pattern of the mobile entities, the simulation
represents these parameters through independent variables. The key measure of per-
formance is the maximum over the wall clock times required by all processorsin the
test bed. In the experiments, the number of entities chosen reflect the fact that the
test bed is limited to 65 workstations. The number of stationary nodes range from 5
to 10, the static interconnection topology is assumed to be fully connected, and the
number of mobile entities ranges from 5 to 50. The computational load of a mobile
unit is represented by an integer, ranging from 100 to 10,000,000, and it constitutes
the index of asimple “for loop,” as explained in Figures 8.5 and 8.10. That is, the
number of iterations in the “for loop” equals the load value and the execution time
of the iterative loop emulates the actual computational time. The number of data ele-
ments exchanged between a maobile and stationary entity is assumed to range from
1 to 100, where each data element is 128 bytes long dummy. The choice of the 128
byte-size reflects the message size used in Chapter 4. The message communications
are also referred to in Figures 8.5 and 8.10. Every mobile entity’s migration pattern,
reflected in Figures 8.5 and 8.10, is (1) stochastic, that is, randomly determined, (2)
unique, that is, independent of the migration patterns of all other mobile nodes, and
(8) asynchronous, that is, the mobile entity may migrate at irregular intervals of time.
The only constraint imposed on the mobile units is that an entity will not immedi-
ately reconnect to the stationary node to which it was connected most recently. Inthe
simulation, unless otherwise specified, every mobile entity connects and disconnects
with the stationary nodes atotal of 1000 times.

Given that the processors of aparallel processing test bed are asynchronous, their
execution rates differ, and that their clocks are out of phase, the order in which events
are executed in the simulation may, in general, differ from that in actual operation. To
preserve the order of event execution, often, different synchronization techniques are
utilized. The use of such techniques, however, constitute an artifact of the simulation
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and has no correspondencein reality. These synchronization techniques slowdown the
simulation significantly and, as they affect both VPM and PPM similarly, the VPM
and PPM implementations in this chapter are deliberately designed without them,
without any lossin generality. The implementations of VPM in Chapters 5 through 7,
however, utilize synchronization techniques.

Theresultspresented herereflect atotal of over 200 simulation runs, each requiring
an average 1000 seconds of wall clock time, 65 concurrently executing workstations,
and several MB of data collected from the simulation. When a mobile entity con-
nects with a stationary entity, it performs computations, defined by the load value,
and then exchanges data with the stationary process. The simulation terminates when
every mobile entity has completed the specified number of connections and discon-
nections. The measured simulation time includes the time required for establishing
the software protocol connection, the computation time, time for exchange of data,
and disconnection time.

Thegraphsin Figure8.12apresent thevariation of thesimulationtimeasafunction
of the computational load of the mobile entities, for both VPM and PPM. The number
of stationary nodesis set to 10 and the number of mobile nodes ranges from 5 to 10
to 50. The number of dataelements exchanged at each hop is set to 1 and each mobile
entity engagesitself in 1000 connectionsand disconnections. Thegraphsarerevealing
in that while the VPM simulation times rise sharply with increasing load, the PPM
simulation times remain relatively constant. For 5, 10, and 50 mobile entities, the
PPM simulation times remain unchanged at 110, 300, and 710 seconds, respectively.
For low computational |oad values, VPM exhibits superior performance due to the
high overhead of connections and disconnections in PPM. For 5 mobile entities,
beyond a computational l1oad value of 20,000, PPM exhibits superior performance
relative to VPM. Similarly, for 10 mobile entities, PPM’s performance exceeds that
of VPM for acomputational |oad value beyond 50,000. Furthermore, while the PPM
simulation executes successfully for 50 mobile entities, with load values ranging up
to 100,000 and requiring 710 seconds, the VPM simulation requires extraordinarily
largeruntimesbeyond |oad val ue of 10,000. The comparative behavior of PPM versus
VPM is similar when the number of data elements exchanged at each hop is set at
10 for 5 stationary nodes and 5 mobile entities, as shown in Figure 8.12b. Thus, for
smaller number of data elements exchanged, modest number of mobile entities, and
computational load under 100,000, the PPM strategy is scalable and exhibits superior
performance.

Figure 8.13 reorgani zes the data presented in Figure 8.12aand plotsthe simulation
timeasafunction of thenumber of mobilenodes, for different values of computational
load ranging from 1,000 to 100,000. The aim isto reveal the impact of computational
load on PPM and VPM performance while the number of mobile entities is varied.
It may be observed that while the VPM performance for smaller computation load
valuesof 1,000 and 10,000 exceedsthe corresponding PPM graphs, thetrend reverses
for ahigh-load value of 100,000. The PPM graphsarevirtually overlapping implying
that the high-computational load is equitably and efficiently shared by the greater
number of processorsin PPM.
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FIGURE 8.12 VPM and PPM simulation time as afunction of computational oad of mobile
entities, (a) 10 stationary nodes and 1 data element exchanged at each hop, (b) 5 stationary
nodes and 10 data elements exchanged at each hop. The number of stationary nodes is 10,
the number of data elements exchanged at each hop is 1, and the mobile unit engages in 1000
connections and disconnections.

© 2010 by Taylor & Francis Group, LLC


metrovoice
T&F 2010


Modeling and Simulation Techniques for ITS Designs 169

900.00

800.00

700.00

600.00

500.00

400.00

300.00

200.00 VPM, computational load = 10,000

Simulation time (s)
(connection, computation, data exchange, and disconnection)

~ 1000
10000 VPM computational Joad = 100

1 10 20 30 40 50
Number of mobile entities

FIGURE 8.13 VPM and PPM simulation time as afunction of the number of mobile entities
for varying computational load values. The number of stationary nodes is 10, the number of
data elements exchanged at each hop is 1, and the mobile unit engages in 1000 connections
and disconnections.

Figures 8.14a and 8.14b plot the VPM and PPM simulation times as functions of
the number of data elements exchanged at each hop. The number of mobile entitiesis
set to 10. The computational load values are set 10,000 and 100,000 in Figures 8.14a
and 8.14b respectively. The number of stationary nodes ranges from 5 to 10. The
VPM graphs remain relatively uniform with increasing number of data elements
exchanged since buffer copying is extremely fast. However, the observation that the
VPM graph corresponding to 10 stationary nodes requires more simulation time than
that for 5 stationary nodes, appears to be counterintuitive. One would have normally
expected the 10 processors, corresponding to the 10 stationary nodes scenario, to
finish executing the computational burden imposed by the mobile entities faster than
the 5 processors corresponding to the 5 stationary nodes scenario. The reason for the
observed behavior is that the function, within every stationary node, that translates
the processor identifier to the socket descriptor is implemented through a linked-
list. Although a general approach, the linked-list must be searched sequentialy for
every execution of the function. Given that the stationary nodes are fully connected,
the number of sockets increase rapidly thereby slowing down the simulation for
10 stationary nodes relative to 5 stationary nodes. The Unix profiler, gprof, reveas
that 40% of the simulation time is spend in the function for 10 stationary nodes as

© 2010 by Taylor & Francis Group, LLC


metrovoice
T&F 2010


170

—
0
=

(b)

Simulation time (s)
(connection, computation, data exchange, and disconnection)

Simulation time (s)
(connection, computation, data exchange, and disconnection)

280.00

260.00

240.00

220.00

200.00

180.00

160.00

140.00

120.00

100.00

80.00

1600

1400

1200

1000

800

600

400

200

Intelligent Transportation Systems

=5
S
o
é&
&
_er
&
so\%
)
efv
£
S
1 50 100

Number of data elements
exchanged at each hop

ationary nodes = 5

VPM: Number of st

20 40

60 75

Number of data elements
exchanged at each hop

FIGURE 8.14 VPM and PPM simulation time as a function of number of data elements
exchanged at each hop (a) load = 10,000, (b) load = 100,000. The number of mobile unitsis
10, and the mobile unit engages in 1000 connections and disconnections.

© 2010 by Taylor & Francis Group, LLC


metrovoice
T&F 2010


Modeling and Simulation Techniques for ITS Designs 171

opposed to 23% of the simulation time for 5 stationary nodes. Since the binding
between processor identifiers and socket descriptorsis static, it is planned that array
data structure will be utilized to provide direct and fast access.

In PPM, however, exchange of data elements involves explicit messages, and an
increase in their number will require increasing simulation time, as is evident from
thelinear dope of the PPM graphs. For 10 stationary nodes, the PPM simulation time
continuesto trail theVPM simulation time up to 90 data elements exchanged per hop.
Clearly, the overall computational load is executed faster by 10+ 10 = 20 processors
in PPM relative to only 10 processorsin VPM. However, when the number of data
elementsexchanged increases beyond 90, the overhead from explicit message passing
in PPM surpasses the advantage of the greater number of computing elements and
VPM supersedes PPM in performance. Where the number of stationary nodesis 5,
the total number of processors at the disposal of PPM is5+ 10 = 15 in contrast to 5
for VPM. Given the modest load of 10,000, the increased stress of connections and
disconnections on 5 stationary processors in PPM, coupled with the high overhead
of explicit message passing causes PPM to exhibit inferior performance relative to
VPM. Thus, PPM loses it performance edge beyond 10 data elements exchanged at
each hop.

When the computational load value is high, namely 100,000, the greater number
of processors associated with PPM relative to VPM s likely to yield a superior
performance for PPM. The graphs in Figure 8.14b confirm this expectation even
when the number of data elements exchanged at each hop is increased from 1 to
75. Unlike Figure 8.14a where the slopes of the PPM graphs are greater than those
for the VPM graphs, in Figure 8.14b, the slopes of VPM and PPM are comparable.
Thisis due to the large computational load that lessens the influence of the message
communication overhead in PPM. The PPM simulation with 10 stationary nodes
employs 10+ 10 = 20 processors while the PPM simulation with 5 stationary nodes
employs 5+ 10 = 15 processors, and, as expected, the performance of the former
exceeds that of the latter.

In summary, both VPM and PPM play useful and effective roles in the modeling
and simulation of real-world, mobile computing networks. While PPM is a more
accurate model of reality, by its very nature, VPM helps realize the modeling of
networks with large numbers of mobile entities on test beds with modest humber
of processors, although at greatly reduced performance. Chapter 6 had described an
IVHS simulation with 45,000 entitiesrepresenting autonomousvehicles, on anetwork
of 60+ SUN Sparc 10 workstations. In contrast, a PPM implementation would be
difficult to realize due to the large number of processors required and it would be
unacceptably slow due to the large numbers of connections and disconnections. PPM
is unquestionably superior when the computational |oads associated with the maobile
entities are high. However, its performance suffersrelative to VPM where the system
demands intense data exchange between the mobile and stationary units. It is hoped
that with significant advances in the test bed technology in the future, with large
number of processors and reduced connection and disconnection overhead, the PPM
strategy may be utilized profitably.
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Future Issues in
Intelligent
Transportation Systems

Inour vision, the future will witnhess remarkable progressin intelligent transportation
system (ITS) in two key fronts. First, in the near future, the key ideas underlying the
intelligent transportation of matter will extend beyond vehicular traffic and trains to
other modes of transportation including cargo air transport, passenger air transport,
marine ferries, and personalized rapid transit (PRT) system. The distant future may
even witness its extension into interplanetary travel. The need for intelligent trans-
portation will be felt most acutely under three scenarios—increased travel speeds,
significant increase in the number of travelers, and increased demand for precise and
timely information by travelers, all of which are highly likely in the future. From the
scientific and engineering perspective, the advances in intelligent transportation will
occur in the theoretical and technological innovations. From the ordinary traveler’'s
point of view, however, the real advance and the direct benefit will occur in the seam-
less and natural integration of the different modes of transportation. As aresult of the
integration, the traveler will (1) gain access to fairly accurate status information of
any transportation mode, anywherein theworld, from any point in the system, and (2)
be permitted to effect reservations, dynamically, even while en route, on any trans-
portation mode in the world. Precision and timeliness of information are crucia to
developing faith and trust in the system among the travel ers, which may be delivered,
in genera, by distributed systems. Utilizing intelligent personalized decision aids,
thetraveler may processthe availableinformation to compute the most efficient route
or reroute across al different transportation modes, including air, railways, automo-
biles, ferries, and so on. The most frequent causes for replanning include changes
in the traveler’s intention and needs and unscheduled delays in a currently reserved
transportation system.

Second, I TS systems are complex, very expensive, and, once deployed, itislogical
to expect them to remain in service for areasonably long period of time. It is, there-
fore, absolutely essential to devel op a sound and comprehensive understanding since
such systems must be amenable to enhancements as the needs evolve with time. For
thisaswell asfor efficiency and economy, the exact details of the system architecture
and design tradeoffs must be studied thoroughly, utilizing the most practical scientific
tool available to us today—behavior modeling and asynchronous distributed simula-
tion. Under asynchronous distributed simulation, a single simulation run for ahighly
complex system may be executed in a matter of days while the current uniprocessor
simulators may require up to months. Given that a study may require up to hundreds
of simulation runs, behavior modeling and asynchronous distributed simulation may
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yield insights into the behaviors of such complex systems, thereby constituting an
indispensabletool toward devel oping future I TS systems. Asan exampl e, consider the
need to interconnect a number of traffic management centersin a given geographical
region of the United States. A behavior modeling and simulation effort may provide
meaningful and valuable insights into the topology of the interconnection and the
nature of the information exchange between the centers, for agiven set of long-term,
high-level objectives. It would not be logical to invest millions of dollars and deploy
a system, which, after completion, reveals an inability to meet the objectives and
sustain growth.

The scope of research in intelligent transportation systems in the future is vast.
Additional focus areasin the future range from new architecture designs for PRT and
exploiting the use of embedded optical fibersin highwaysto assessthe average speeds
of vehicles to incorporating the fundamental principles of communication network
designinto ITS systems.
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1 O Description of the
RYNSORD Simulator on
CD-ROM and Scope of
Experiments

Inthischapter, wewill describethe configuration and use of the RY NSORD simul ator
which isincluded in the accompanying CD-ROM. Unlike the versions described in
Chapters5and 7, the provided software has been built for the Linux operating system.
We believe that the low cost and high availability of Linux PCs make them an ideal
choice of platform for distributed simulation. The system requirements include the
following:

e Pentium class CPU

e 32 MB of memory

e Approximately 100 KB of disk space for the executables, while additional
disk space will be required for the input and output files

e Linux glibc ELF system—kernel 2.0.36 has been tested but others should
work

e TCP/IP networking enabled

In addition, the helper scripts provided assume that the rsh destination will be a
trusted host so that no password will berequired. Because of the security implications
of this, it is not arecommended configuration for Internet-connected hosts.

If multiple hostsare used in aparallel processor configuration, the executables and
input files must also be distributed either manually or via NFS.

10.1 INSTALLATION

1. Mount the CD as root mount/dev/cdrom/mnt/cdrom

2. Copy the rynsord tar file into your directory (e.g., /rynsord) cp/mnt/cdrom/
rynsord.tar/rynsord

3. Extract it:
e cd/rynsord
e tar xvf rynsord.tar
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. Manifest:
—IWXr—-XIr-X 1 tsl tsl 10316 Jul 26 21:18 in_gen
drwxr-xr-x 2 tsl tsl 1024 Jul 26 21:41 input
—ITWXI—XIr-X 1 tsl tsl 4296 Jul 26 21:39 input_merge
—rW-———--- 1 tsl tsl 989 Jul 26 21:55 network.10
1rwxrwxrwx 1 tsl tsl 10 Jul 26 21:44 network.out->network.10
~IWXI—XIr-X 1 tsl tsl 19396 Jul 26 21:18 out_an
druxr-xr-x 2 tsl tsl 1024 Jul 26 21:56 output
“IWx--—----— 1 tsl tsl 2252 Jul 26 21:53 script.10
“rWwx-—---- 1 tsl tsl 11466 Jul 26 21:40 script_night_4.sh
—ITWXI—XIr-X 1 tsl tsl 36296 Jul 26 21:17 tswé
-rwxr-xr-x 1 tsl tsl 28360 Jul 26 21:17 tsy4

The output and input directories will be automatically created.

10.2 OVERVIEW

Each train station is modeled as a single Unix process (“tsw4”). The set of stations
representing the simulated railway topology can be run on any collection of available
host computers, from the extremes of one process per host to running all the processes
on asingle host. This simulation is not CPU intensive for contemporary machines
and there should be no problem running on a single host. Note that the provided
simulation is currently limited to 10 stations.

The typical method of operation, regardless of how many hosts areinvolved, isas
follows (example below is for a 10-station topology, with the users home directory
givenas*“ " and the rynsord root as“/rynsord”):

The appropriate network.out file is created. All processes will look for the
file “/rynsord/network.out.”

User opens 10 xterms (rsh if necessary to the different hosts)

In each xterm, performs the following operations

cd ~/rynsord
setenv NETUID <uid>
setenv NETPORTNUM <portnum>

where uid and portnum are the unique identifier and portnumber for
that node. A complete description of this is in the next section.

The station software is started in each node:

tswéd -t 10080 -1 4

the ‘‘-t’’ argument is the length of the simulation in simulated minutes,
the ‘‘-1°’ argument is the lookahead in hops.

without these arguments, the default length is 10080, and the default
lookahead is 1.
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e Findly, an 11th xterm is opened

cd “/rynsord
setenv NETUID 99

setenv NETUID <sync node portnum>
tsy4 -t 10080

Thiswill start the synchronization node which will begin the simulation.

10.3 GETTING READY TO RUN
10.3.1 NETWORK.OUT

Mandatory file that describes the network topology. The provided example is for a
10-node network and is named “network.10.” As described earlier, this file must be
copied or renamed to “ network.out.” Format for thisfileis:

comments begin with #, everything following the # on that line is ignored.
two types of entries, node lines and link lines
node lines begin with ‘‘n’’ and have the following syntax

n <uid> <name> <unused> <unused> <hostname> <portnum>
<uid> is the unique identifier for this node, this is an integer
and as it implies, must be unique throughout the network
<name> is a string with the name of the node---this is a read
by scanf so the standard rules of no spaces, etc, holds true.
<unused> are unused, safest to set to ‘‘0’’
<hostname> Is the name of the host upon which this node will run.
The same value returned by ‘uname -n’’
<portnum> is the portnumber upon which this node will listen for
incoming connections. There must be a unique number for
each individual node running on a given host. It also
cannot conflict with any other running services. Use
netstat -a | grep <portnum> to check for conflicts---
the IANA reports that the following software use the
range of 5300--5320 which is used in the provided examples.

link lines begin with “I” and have the following syntax

1 <uid_A>|<uid_B> <owner> <unused> <distance>

<uid_A> and <uid_B> are the unique identifiers of the endpoints

<owner> is the name of the endpoint that ‘‘owns’’ this link for
reservation purposes

<unused> unused, safest to set to ‘‘0’’

<distance> is the distance of this link in miles

Note that each network has the sync node as uid 99 and it is connected by linksto
every other node. These links are given a pseudoinfinite distance in order to prevent
any routes from actually using them. Note al so that the owner isnot relevant for these
links.
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10.3.2 HELPER SCRIPTS

e script.10: isavery simple csh script that is designed to open up 10 xterms
with the environment variables set to facilitate running the simulation.
script.10 is configured to correspond with network.10 in terms of node uids,
names, and portnumbers. The geometry of the xterms is set up to work
nicely on aX-windows setup of 1024 x 768 with avirtual desktop (note that
the x offsets start at 1040). They have been used especialy for fvwm2 @
1024 x 768. Simply modify the geometry parameters as necessary.

e script_night.10: Isavariant of script.10 that can be used to runthe simulation
in batch mode. Thisis very useful for doing parameter studies overnight.

10.3.3 INPUT GENERATION

Theinput fileslivein /rynsord/input and have the following format:

<id> <orig> <dest> <speed> <time>
where id is the unique train identifier,
orig is the origin stations uid,
dest is the destination stations uid,
speed is the train speed in mph,
time is the time at which the train is first scheduled at the origin.

The program “in_gen” is one method of automatically generating these input files.
Torunit, simply type“in_gen” inthe /rynsord directory. It will read the* network.out”
file to get topology information and then prompt the user for some parameters.
These include:

Orig vol: The traffic volume (see Chapter 4 for more information)
Max time: The time at which trains will cease to be asserted.
Enter spike time...: This allows the user to force a perturbation period

in the form of higher than normal traffic. The three

numbers required are time to begin, the duration, and
the additional volume. If no spike is desired, answer
€0 0 0.

Given thisinformation, in_gen will go ahead and generate the input files.

10.3.4 Outpur FiLes

Each station produces its own output file called t_output_<uid> in /rynsord/output.
Theformat of thesefilesfollowsthe convention that the first | etter definesthe type
on output line:

t: train information line
t [<timestamp>] id <train id> from <origin> time (<orig time>, <time left origin>)

Note that the final destination of each train isthe node that logs the train informa-
tion. For thistrain, the following lines will be present:
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a <number of route computation made> <number of messages sent>
p [<A>-><B>(<time arrive B>, <time leave B>)

this is the hop by hop path that the train took
w <time spent waiting>

graphs! xgraph

At the end of each output file are the following entries:

1 [<A>-><B>] usage <timesteps> of <max time> per <percentage> trains <num trains>
this is a summary of the link usage for those links owned by this node

For this link, the following information also applies:

r <reservations attempted> <reservations made> <reservations removed> <diff> <traveled>
where <diff> is the total difference between the reserved time and the departure
time and <traveled> is the number of times a train traversed this track segment.

R <a> <b> <c> <d> <e> <f>
This is a summary of simulated network usage.

<a> total number of integers sent
<b> maximum number of integers sent in any one timestep
<c> time at which <b> occurred
<d> minimum number of messages sent
<e> time at which <d> occurred
<f> number of integers sent for waiting messages

Finally, at the end of thefile are 10 statistics:

si: reservations originated from this node

s2: reservations accepted at this node

s3: reservations denied at this node

s4: reservations processed at this node

sb: number of reservations which are ’ideally’ met

s6: number of times the primary path was used

s7: number of times the secondary path was used

s8: number of times a train was allowed to leave early
s9: total number of minutes saved by this

s10: number of trains processed by this node

The utility “out_an” is provided to do analysis of these output files. Among other
things it will do is create some text fileswith a“.dat” extension. These are meant to
be opened with the “xgraph” tool which can provide limited graphing functionality.

10.3.5 TROUBLESHOOTING

10.3.5.1 How You Know It Is Working

There are two phases to simulation startup. The first is to complete the network
initialization. A node has finished this when its output appears something like this:

fd 4 [0<->1] status O
fd 5 [0<->4] status O
fd 6 [0<->99] status O
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It will pause here until al the other nodes have also completed network
initialization.

The second phase then begins, which is the actual simulation. The only obvious
output will be the sync node, which will be giving constant “TIME UPDATE” mes-
sages as simulation time progresses. The other nodes will give period train messages
asthey process trains and messages.

10.3.5.2 Problems

If not al of the nodes complete network initialization properly, then it is mostly an
error in either the network.out file or the environment variables used. Double check
each xterm with the contents of the network.out file and also verify that the same
portnumber is not used twice on the same machine.

If everything looks good, then it is possible that there is contention for aport. The
command “netstat -a” can be used (in conjunction with grep) to check for conflicts
with the portnumbers that you have selected.

If youkill (control-C or via“kill") asimulation (and you must kill al nodesbefore
restarting), there may be a time delay before you can reuse the same portnumbers.
The “netstat -a” command will show these as being in TIME_WAIT state. They will
become available again after a short time.

If the simulation appearsto freeze after running for sometime, then one possibility
isthat the network graph is not fully connected.

10.3.6 TrAack AND COMMUNICATION FAILURES

The provided simulator has the capability of simulating asingle track or communica-
tion link failure. To initiate this, simply add the following command line arguments
to al nodes (except the sync node):

-k <A> <B> <time to initiate> <duration>
to fail a track segment between uid A and B.

-f <A> <B> <time to initiate> <duration>
to fail a communication link between uid A and B.

Note that you cannot use both flags concurrently.

10.4 CONCLUSIONS

The information provided in this chapter, aong with the accompanying software,
should be sufficient for the reader to perform a set of simple experiments with the
RYNSORD algorithm. Note that thisis research software and may not be completely
robust. This is definitely not supported software. However, if you do experience
problems or have comments, feel freeto mail us at “sumit.ghosh@ieee.org.” We will
try our best to get back to you in atimely fashion.
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